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Results Breakdown on Detection
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Pipeline (Instance detection + saliency segmentation)
Relation between detection performance and segmentation
Refined Detection

Model Ensemble

Results



Instance detection + saliency segmentation
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Relation between detection performance and segmentation

Relation between detection and segmentation

DetC: 68.1
DetB: 67

DetA: 62.1

SegC: 54.7
SegB:53.3

SegA :49.07




Refined Detection

Apple §

For training detection, the groundtruth boxes are
sometimes given with tag ‘group’.

All the group boxes are treated as ground truth
boxes in detection track, which leads to a large
performance gain.

For ‘saliency segmentation’ stage, it requires tight
loU rather than a high recall.
Using boxes with group are not friendly for this.
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Model Ensemble
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Results

Road map

Baseline +“67mAP Det + High Resolution + Test with Flip Model Ensemble




