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ABSTRACT

To examine psychological responses to the COVID-19 pandemic, we conducted two
large experience sampling (ESM) studies (Study 1: Neg, oricipants = 327 AN Negy eporis =
29,512, Study 2: Negyy panicipanis = 2,272 and Negy o0 = 64,810). Each study subsumed
two 14-day ESM waves that took place before and during (Study 1) or during and
after (Study 2) the first nationwide COVID-19 lockdown in Germany. We describe the
assessed variables on the trait (e.g., personality) and state (e.g., momentary emotions)
level. All data sets and codebooks are shared on osf.io/6kzx3/. The EMOTIONS data are

open to collaboration and inclusion in reviews/meta-analyses.
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1. BACKGROUND

On March 11, 2020, Tedros Adhanom Ghebreyesus, the
current director-general of the World Health Organization
(WHO), declared COVID-19 a global pandemic (WHO,
2020). In his speech, he pointed out that the measures
taken to curb the spread of the virus were deeply
perturbing the health, social, and economic sectors of
every affected country. In addition, researchers and
laypeople alike have emphasized the individual and
psychological impacts of the pandemic.! Initial research
showed that COVID-19 has shaped and continues
to shape people’s cognitions, emotions, and (social)
behaviors (e.g., Arora et al.,, 2022; Rudert et al., 2021).

Importantly, the crisis’ impact is not universal,
as individuals’ reactions to it vary. Thus, the roles
of interindividual differences in people’s cognitive,
emotional, and behavioral responses to the pandemic
have been and remain subject to intensive exploration
(e.g,, Bacon et al,, 2022; Zettler et al., 2022). For instance,
agreeableness  and  conscientiousness  predicted
more positive attitudes toward spread-mitigating
policies (e.g., Rammstedt et al., 2022). On the contrary,
antagonistic personality traits (e.g., Dark Tetrad traits)
were associated with greater disapproving views of
government (Scigo{o et al, 2021), impeded compliance
with health recommendations (e.g., Rammstedt et
al., 2022; Scigata et al., 2021; Zettler et al., 2022), and
diminished psychological well-being (Bacon et al., 2022;
Kroencke et al., 2020).

However, existing research predominantly employed
retrospective? assessments to measure psychological
responses to the pandemic (Sterl et al., 2022; for two
illustrative examples, see Lazarevi¢ et al., 2021; Peitz et
al., 2021). Retrospective measures have several benefits
pertaining to their practicality, such as cost and time
efficacy (Paulhus & Vazire, 2007). Yet, they may be
subject to memory biases (Larson & Csikszentmihalyi,
1983; Scollon et al., 2009; Raphael, 1987) and tend
to obscure the intraindividual, everyday dynamics of
people’s cognitive, emotional, and behavioral states (e.qg.,
Sterl et al.,, 2022).

To overcome these limitations and uncover how people
think, feel, and behave in their daily lives, researchers can
employ experience sampling methodology (ESM; for one
of its earliest applications, see Brandstaetter, 1983). In
ESM studies, participants receive multiple short surveys
per day assessing their momentary experiences and
behaviors (e.g., Larson & Csikszentmihalyi, 1983; Scollon
et al,, 2009). Thereby, ESM generates fine-grained and
ecologically valid data on the frequency, intensity, and
variability of psychological (i.e., cognitive, emotional,
and behavioral) states and situational variables (e.q.,
the spatial and temporal context; Csikszentmihalyi &
Larson, 1987; Funder, 2015; Scollon et al.,, 2009). In
addition, studies employing ESM typically include

surveys administering trait measures before and/or after
the ESM phase (Beal, 2015). This allows researchers to
analyze how (relatively) stable interindividual differences
on the trait level are linked to (a) the average level
of psychological states and (b) intraindividual state
dynamics (that is, to how much and how fast states vary
across time and how strongly they are related to each
other within persons; e.g., Conner et al., 2009; Scollon et
al.,, 2009).

With the EMOTIONS project, we draw on the
aforementioned unique strengths of ESM studies to
substantiate an ever-growing field of psychological
COVID-19research. We aim to gain a better understanding
of psychological responses to the pandemic and (inter-
as well as intra-) individual differences therein. To this
end, we conducted two multi-wave ESM studies before,
during, and after the first nationwide COVID-19 lockdown
in Germany (Federal Ministry of Health, 2022). Therefore,
we collected trait data on socio-demographic variables,
personality traits, well-being, political attitudes, as well
as trait-level COVID-19-related cognitions, emotions, and
behaviors (henceforth: trait measures). Additionally, using
ESM, we assessed momentary (partly COVID-19-related)
cognitive, emotional, and behavioral states pertaining to
social interactions or non-social activities (henceforth:
state measures) alongside their situational context.

Insights from the EMOTIONS data can help respond
to issues of great societal and political relevance.
What made certain individuals (seemingly) resilient to
impediments in their psychological well-being during
the pandemic? Why did some people engage in social
distancing, whilst others refrained from doing so? Who
stockpiled daily goods, and who did not? Answers to
these questions could practically inform politicians,
health officials, and the public, guiding them and us
through the daunting endeavor of coping with this and
future global crises.

2. METHODS

2.1 STUDY DESIGN

The EMOTIONS project encompassed two ESM studies,
one mostly with university students (henceforth: Study
1) and the other with members of the general population
(henceforth: Study 2). Each study included two waves to
cover different stages of the pandemic (for details, see
Section 2.2). All waves shared a common procedure with
three phases of data collection and were programmed
in formr version 0.18.3, an open-source software for
complex online surveys (Arslan et al., 2020). Start and
end dates could vary between participants within each
study wave’s duration. However, every participant who
properly finished a study wave completed 16 assessment
days in total. Their purpose and content are broken down
in the following.
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In the first phase of data collection (i.e., day one),
participants completed an initial, cross-sectional trait
survey. Upon agreeing to the conditions of participation
and generating a participant code, they provided
information on multiple interindividual-difference
variables, including socio-demographic  variables
(e.g., gender, occupational status, household size),
personality traits (e.g., Big Five, narcissism), well-
being (e.g., loneliness), political attitudes (e.qg., political
orientation, conspiracy mentality), and/or global
experiences during the COVID-19 pandemic (e.g., risk
perceptions, policy evaluations, behavioral changes;
for a detailed overview of which measures were
administered when, see Section 2.5 of this paper and/or
the codebooks on the Open Science Framework [OSF]:
osf.io/6kzx3/).

On the following day (i.e., day two), participants
entered the second phase of data collection—a
longitudinal, 14-day ESM phase, in which up to six short
state surveys were completed per day. An email including
a personalized access link prompted participants to
complete each ESM survey.’ These emails were sent at
random times throughout the day, but within the bounds
of every participant’s individually preferred time window.
Preferences for the earliest daily start time and the latest
daily end time were specified at the end of the initial
trait survey separately for weekdays and weekends. A
possible start time could be between 4 am and 12 pm,
and a possible end time was ought to be at least 10
hours after the specified start time.

Time lags between two consecutive surveys were
programmed to be at least 40 min long. Participants
had 45 min to complete each survey after receiving the
email prompt. If they did not respond within 20 min, a
reminder email was issued. Each ESM survey assessed
the situational context of the participants’ most recent,
at least 5-min-long social interaction (e.g., number and
type of interaction partners) or non-social activity (e.g.,
type of activity) as well as their momentary cognitive,
emotional, and behavioral states.

The third and concluding phase of data collection
followed a day after the final ESM day (i.e., day 16).
There, participants responded to a final trait survey that
was similar to the initial survey regarding its design and
administered measures. A project timeline (incl. focal
COVID-19 events alongside abbreviations to establish an
unequivocal terminology) is presented in Figure 1. Table 1
presents a high-level overview of all measures that were
administered per phase of data collection.

2.2 TIME OF DATA COLLECTION

In this section, we report on each study wave’s data
collection period besides relevant, COVID-19-related
events in which it was embedded. The first wave of Study
1 (henceforth: Study 1 Wave 1 or simply STW1*) was
released on January 13, 2020, and ended on April 18,
2020. Thus, data collection started before the onset of
the coronavirus crisis in Germany, which was marked by
the first confirmed case in Bavaria on January 27, 2020
(Federal Ministry of Health, 2022). SIW1 focused on the

During the German lockdown Afterthe German lockdown

C>

S1W1: 13/01/2020 (Start of T1) — 18/04/2020 (End of T2)

S1W2: 16/03/2020 (Start of
T3) — 19/04/2020 (End of T4)

27/01: First confirmed COVID-19 case in Germany

08/03: German government cancelled public events with >
1,000 people

11/03: WHO characterized COVID-19 as pandemic; > 118,000
registered cases worldwide

visits in elderly care centers until 19/04

in Germany

S2W1: 18/03/2020 (Start of T1) -
26/04/2020 (End of T2)

* 16/03: German government closed all
borders to neighboring countries and
declared first nationwide lockdown

* 22/03: Lockdown conditions intensified
through imposition of restrained contact

+ 13 -14/03: German government closed schools and prohibited « 01/04: Nationwide lockdown extended

+ 15/04: Announcement of first relaxations

20/04: First relaxations became
effective through the gradual reopening
of retail stores

29/04: All federal states had imposed
mandatory mask-wearing in retail stores
and public transportation

S2W2: 13/05/2020 (Start of
T3) - 17/06/2020 (End of T4)

04/05: End of first nationwide lockdown in
Germany through the gradual reopening of
schools and hair salons

06/05: Additional relaxations were declared
(e.g., sports club training, visits in hospitals and
care centers) and each federal state became
responsible for lifting further measures

15/06: NRW permitted events with > 100 people
given recorded attendance

Figure 1 EMOTIONS Project Timeline Including Terminology and Central COVID-19 Events.

Note: This table provides an overview of the entire EMOTIONS project, including both studies (Study 1 and 2) and each study’s waves.
S1W1 = Study 1 Wave 1 (all other waves are abbreviated analogously), T1 = time point 1 (initial trait survey of both studies’ respective
first wave), T2 = time point 2 (final trait survey of both studies’ respective first wave), T3 = time point 3 (initial trait survey of both
studies’ respective second wave), T4 = time point 4 (final trait survey of both studies’ respective second wave), NRW = North Rhine-
Westphalia. Date format: DD/MM/YYYY. For study-wave-specific timelines, see each study wave’s respective codebook on osf.io/6kzx3/.
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PHASE OF DATA
COLLECTION

CONSTRUCT MEASURE

Initial and final
trait surveys

Basic personality traits
« Study 2:

o Big Five Inventory-2-S (BFI-2-S)
o Honesty-Humility (subscale from the HEXACO-60)

« Study 1: Interpersonal Adjective Scales (IAL)

Narcissism « Study 1:

o Narcissistic Admiration and Rivalry Questionnaire (NARQ)

o Hypersensitive Narcissism Scale (HSNS)

« Study 2: Narcissistic Admiration and Rivalry Questionnaire Short Scale

(NARQ-S)

Self-esteem

« Study 1: Rosenberg Self-Esteem Scale (RSES)

« Study 2: Single self-esteem item from the RSES

Loneliness

« Study 1: not assessed

« Study 2: UCLA Loneliness Scale (ULS)

Political orientation

« Study 1: not assessed

« Study 2: Single political orientation item

Conspiracy mentality

« Study 1: not assessed

« Study 2: Conspiracy Mentality Questionnaire (CMQ)

C19-related risk estimations

C19-related worries

C19-related behavioral evaluations

C19-related behavioral changes

C19-related stockpiling

C19-related policy evaluations

Exposure to the coronavirus

C19-related personal restrictions

Self-generated measures

ESM (state)
surveys

Interaction-specific measures

« Type of activity during interaction
+ Mode of communication

» Number of interaction partners
* Relationship to each interaction partner

« Behavioral states during the interaction (e.g., dominance, warmth) °
« Perceptual states during the interaction (e.g., status perceptions) °
+ Emotional states immediately after the interaction (e.g., anger, sadness) °

Non-social-activity-specific
measures

- Type of activity

 Mode of activity

+ C19-specific activities ¢

« Perceptual states during the activity (e.g., pleasure, boredom) °
» Emotional states during the activity (e.g., success, insecurity) ©

Interaction-unspecific measures

Overall affect valence and arousal

Interaction-unspecific, C19-related
worries °

« Self-related worries
- Society-related worries

- Other-related worries (pertaining to family members, partner, close friends,
and wider social environment)

Table 1 High-Level Overview of Measures per Phase of Data Collection.

Note: This table lists all measures administered in the initial and final trait surveys (i.e., T1 and T2 in STW1 and S2W1; T3 and T4 in
STW2 and S2W2) as well as the ESM surveys per study wave (e.g., STW1 [Study 1 Wave 1; all other study waves are abbreviated
analogously]). C19 = COVID-19. Each measure is assigned to the construct it is supposed to assess. The initial and final trait

surveys incorporated trait measures only, whereas the ESM surveys exclusively administered state measures. For a comprehensive
delineation of every measure included in the EMOTIONS project (alongside its respective German and English source), please refer to

Section 2.5 and/or the study-wave-specific codebooks (osf.io/6kzx3/).

@ Some COVID-19-related behavioral, perceptual, and emotional states were added in Study 2.

relationships between three aspects of narcissism (Back,
2018) and momentary status perceptions as well as
behavioral and emotional states (Kroencke, Kuper, et al.,

2022). To examine how these states were affected by the

COVID-19 pandemic and to gain a better understanding

of people’s

trait-level

pandemic-related thoughts,
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emotions, and behaviors, we launched additional study
waves.

S1W2 was released on March 16, 2020, and ended on
April 19, 2020. On March 11, 2020, just before the start
of S1IW2, the WHO had characterized COVID-19 as a
pandemic, with more than 118,000 registered infection
cases worldwide (WHO, 2020). Simultaneously, national
events were evolving fast. To protect risk groups (i.e., the
elderly and chronically ill), the German government had
cancelled public events with more than 1,000 people
(March 8, 2020), closed (nursery) schools, and prohibited
the visit of elderly care centers (March 13 - 14, 2020) in
most federal states (Tagesschau, 2020a). On March 16,
2020, the launch day of S1W2, Germany closed all its
borders to neighboring countries (with some exceptions
pertaining to commute, commaodity transportation, and
returning citizens) and declared the first nationwide
lockdown (WirtschaftsWoche, 2022). The latter implied
that, across federal states, non-essential retail stores as
well as indoor public places (e.g., bars, clubs) were closed
and public gatherings (in leisure facilities, educational
institutions, places of worship, etc.) prohibited. Additional
restrictions could be enforced by the federal states,
including regulated visits to hospitals or the introduction
of hygiene measures in restaurants and hotels (The
chancellor and the heads of government of the states,
2020a). Lockdown conditions were further intensified on
March 22, 2020. Although no rigorous confinement was
imposed (in contrast to other European countries such
as France or Spain), contact was extensively restricted.
Specifically, meeting more than a single person from
another household was forbidden, keeping at least 1.5
meters distance to other people was strongly encouraged,
and restaurants as well as other facilities requiring close
body contact (e.g., hairdressers, cosmetic studios) were
shut down. However, people were still allowed to go to
work, provide (emergency) care, shop for groceries, visit
doctors, attend necessary appointments, sit exams, and
practice individual sports outside (The chancellor and the
heads of government of the states, 2020a). On April 1,
2020, the lockdown was extended until April 19, 2020.
First relaxations pertaining to the gradual reopening of
retail stores (April 20), hair salons (May 4), and schools
(May 4) were announced on April 15, 2020. Nonetheless,
large events were banned until August 31, 2020; and
from April 29, 2020, onwards, all federal states had
imposed mandatory mask-wearing in retail stores and
public transportation (Tagesschau, 2020b).

S2W1 was released on March 18, 2020, and ended
on April 26, 2020. Thus, it shared most of its COVID-19-
related context with STW2. S2W2 was a stand-alone
study wave, launching on May 13, 2020, and ending
on June 17, 2020. Prior to its release, the end of the
first German nationwide lockdown was marked by
the gradual reopening of schools and hair salons on
May 4, 2020 (WirtschaftsWoche, 2022). Two days later,

additional relaxations were declared by the federal and
state governments, including continued school and store
reopening, outdoor sports club training, or the permission
for a single person to visit patients in hospitals and
elderly in care centers. Moreover, federal states were to
decide individually about lifting further measures (e.g.,
reopening of universities, restaurants, hotels, or gyms)
based on the development of infection rates. For instance,
during data collection for S2W2, the state of North Rhine-
Westphalia lifted the 14-day quarantine rule for people
returning from neighboring countries (May 15, 2020) or
permitted events with more than 100 people given their
organizers’ commitment to tract attendance (June 15,
2020; State chancellery of North Rhine-Westphalia, 2020).
Notwithstanding such favorable development, central
restrictions (e.g., meetings limited to multiple members
of two households only, mask-wearing) remained intact,
and local reactions to increasing infection rates had to
be contingent and rapid (The chancellor and the heads
of government of the states, 2020b).

2.3 LOCATION OF DATA COLLECTION

All study waves were conducted online. Based on our
recruitment strategies, we mainly collected data for
Study 1 among students at the University of Minster,
Germany, and data for Study 2 was mostly provided by
participants living in the Munsterland region. For further
details on recruitment, see Section 2.4.1.1.

2.4 SAMPLING, SAMPLE, AND DATA
COLLECTION

2.4.1 Sampling Strategy

2.4.1.1 Recruitment

For SIW1, participants were recruited via advertisement
in lectures as well as posters and flyers distributed at the
University of Munster (e.g., Institute of Psychology, library,
cafeteria) and in other public places (e.g., city center).
Moreover, announcements were made on social media
(e.g., Facebook groups) and internet forums. Having
provided their email address to participate in the ESM
phase of data collection, participants from S1IW1 were
recontacted via email to engage them for the second
wave of Study 1. To recruit a German convenience
sample for S2W1, we dispatched (social) media
announcements (e.qg., press release of the University of
Munster, newsletter of the general student committee).
For S2W2, participants from S2W1 were reinvited via
email. We recruited additional participants via Facebook
ads.

2.4.1.2 Compensation

There were four types of compensation strategies
pursued in the EMOTIONS project. Across all EMOTIONS
waves, participants received (1) comprehensive,
personalized feedback on their emotional well-being in
everyday social life that was sent out after the respective
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data collection period ended. This feedback summarized
every participant’s (a) positive and negative affective
states in different contexts (e.g., social interactions vs
non-social activities), (b) trajectories of positive and
negative affective states across the 14-day ESM phase
(comparing trajectories before and during the COVID-19
pandemic in feedback for Study 1, if participants
completed both waves of Study 1), and (c) worries
regarding the outbreak of the pandemic. Some individual
feedback was compared to sample means. Further
details on feedback timing and content are presented in
the Supplemental Material.

In addition, in Study 1, students from the University
of Munster were eligible to obtain (2) course credits.
Specifically, in STW1, six course credits could be acquired
for completing at least 50% of the state surveys and four
extra course credits for completing more than 80% of
the state surveys (i.e., as a bonus for regular completion),
leaving student participants with up to 10 course credits
in total. In SIW2, completing more than 80% of the
state surveys yielded five course credits.

Finally, participants in SIW1 could (3) enter a lottery
for gift vouchers (25 Amazon vouchers worth EUR 50
each), whereas participants in STW2 were (4) financially
compensated, receiving EUR 10 if they completed state
surveys for one week and EUR 30 for a completion rate
of more than 80%.

2.4.2 Data Exclusion

We excluded data from the trait data set (subsuming
data from trait surveys only) and the state data set
(combining data from trait and state surveys)® of every
EMOTIONS wave based on the following criteria:

(a) Disagreement with the conditions of participation
(i.e., statements on anonymity, use of data,
voluntary nature of participation)

(b) Missing data on all relevant variables (i.e.,
participants provided only a participant code but no
further information)

(c) Participants under the minimum required age of 16
years

(d) Test users (i.e., data generated by members of our
research group)

(e) Duplicates (i.e., participants who created multiple
accounts)

Regarding criterion (a), only a single response option
was provided, namely “I agree to the conditions of
participation”. Thus, those who did not tick this box
automatically refused to grant their informed consent
and could not proceed with the survey. Regarding
criterion (e), we identified duplicates based on both email
addresses and participant codes. Whenever participants
created multiple accounts simultaneously (i.e., in parallel
study waves or within the same study wave) and used

more than one account in the ESM phase, all accounts
were deleted. If they used only a single account in the
ESM phase, this account was retained, while the rest
was excluded. Whenever participants created multiple
accounts consecutively (i.e., creating a second account
after completing the ESM phase with the first account),
we retained the first or only account that was employed
in the ESM phase.

Finally, we applied up to three additional data
exclusion criteria uniquely to each state data set: (f)
expired (i.e., incomplete) state surveys, (g) state surveys
completed too close to each other (i.e., less than 40 min
after the previous survey), and (h) technical error specific
to SIW1, which lead to state surveys being sent out
during the night on January 14, 2020.

Exclusion criteria were applied in the aforementioned
order. Table 2 shows the number of participants excluded
per data exclusion criterion in the trait data set of every
EMOTIONS wave as well as the number of participants
and state reports (i.e., completed state surveys) excluded
per data exclusion criterion in the state data set of every
EMOTIONS wave.

2.4.3 Descriptive Statistics on ESM Survey
Completion

Over the course of a study wave’s total duration, the
number of ESM reports (i.e.,, completed ESM surveys)
varied within participants. In Study 1, most ESM data was
collected between January 14, 2020, and March 1, 2020°
(STW1), as well as between March 17, 2020, and April
2, 2020 (S1W?2). In Study 2, we acquired most ESM data
between March 19, 2020, and April 14, 2020 (S2W1), as
well as between May 14, 2020, and June 4, 2020 (S2W2).
Figures 2 to 5 portray the longitudinal trajectories of the
daily number of ESM reports and corresponding daily
number of participants per study wave. Moreover, Table 3
shows study-wave-specific means, medians, standard
deviations, and ranges for the number of ESM reports as
well as completed ESM days per participant.

2.4.4 Data Merging
As a result of reinviting participants from each study’s first
wave to participate in the second wave, Wave 1 and 2
(of Study 1 and 2, respectively) yielded relatively similar
samples (for study-wave-specific details, see Table 5 in
Section 2.4.5). To exploit this feature and create most
comprehensive data sets, we merged the trait data sets
(and state data sets, respectively) from both waves per
EMOTIONS study. Participant accounts were merged based
on identical emails and/or identical participant codes.” To
increase the number of participants in the merged data
sets, we included participants who completed either the
first or second wave of the respective study only (e.g.,
either SIW1 or STW2 from Study 1).2

Table 4 summarizes the number of observations
(i.e., participants and—if applicable—state reports)
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Figure 2 Longitudinal Trajectories of Daily Numbers of ESM Reports and Participants in STW1.

Note: This figure shows how many ESM surveys (blue line) were completed by how many participants (yellow line) per day during the
ESM phase of SIW1 (Study 1 Wave 1), that is, from January 14, 2020, until April 17, 2020. ESM report = completed ESM survey. Date
format: DD/MM/YYYY. Statistics are based on the respective study wave’s state data set.
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Figure 3 Longitudinal Trajectories of Daily Numbers of ESM Reports and Participants in STW2.

Note: This figure shows how many ESM surveys (blue line) were completed by how many participants (yellow line) per day during the
ESM phase of SIW?2 (Study 1 Wave 2), that is, from March 17, 2020, until April 18, 2020. ESM report = completed ESM survey. Date
format: DD/MM/YYYY. Statistics are based on the respective study wave’s state data set.
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Figure 4 Longitudinal Trajectories of Daily Numbers of ESM Reports and Participants in S2W1.

Note: This figure shows how many ESM surveys (blue line) were completed by how many participants (yellow line) per day during the
ESM phase of S2W1 (Study 2 Wave 1), that is, from March 19, 2020, until April 25, 2020. ESM report = completed ESM survey. Date
format: DD/MM/YYYY. Statistics are based on the respective study wave’s state data set.
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Figure 5 Longitudinal Trajectories of Daily Numbers of ESM Reports and Participants in S2W2.

Note: This figure shows how many ESM surveys (blue line) were completed by how many participants (yellow line) per day during
the ESM phase of S2W?2 (Study 2 Wave 2), that is, from May 14, 2020, until June 14, 2020. ESM report = completed ESM survey.
Date format: DD/MM/YYYY. Statistics are based on the respective study wave’s state data set. Please note that no state data was
generated beyond June 14, 2020, but that the last possible day to complete the final trait survey was June 16, 2020 (cf. Figure 1 in

Section 2.1).
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NUMBER OF NUMBER OF ESM REPORTS PER PARTICIPANT / ESM DAYS PER
PARTICIPANTS STATE REPORTS PARTICIPANT
M MDN SD RANGE
S1w1 313 17,464 55.8/12.1 65/ 14 25.2/4.0 1-97/1-16
SIW2 193 12,048 62.4112.9 71114 23.2/35 1-88/1-16
S2wW1 1,645 40,994 249178 15/7 24.3/53 1-88/1-15
S2W2 914 23,816 26.1/8.4 19/9 23.0/5.0 1-84/1-14

Table 3 Descriptive Statistics on ESM Reports and ESM Days per Participant and Study Wave.

Note: This table presents means, medians, standard deviations, and ranges pertaining to the number of ESM reports (i.e., completed
ESM surveys) and the number of completed ESM days per participant and study wave. STW1 = Study 1 Wave 1 (all other waves are
abbreviated analogously), Mdn = median. Statistics are based on the respective study wave’s state data set.

Trait data set

Participants from both study
waves incl. Wave 1 and 2 only

State data set

Participants from both study
waves incl. Wave 1 and 2 only

State reports from both study
waves incl. Wave 1 and 2 only

STUDY 1 STUDY 2
Nigia =370 N,y = 3,565

Ny = 186 Ny = 304

Nt ony = 167 Noowi onty = 2,211

Neiwa onty = 1 Ny oy = 1,050
Npomdponts total — 327 Npamcipoms total 2,272
NPGVUC‘DGWS both =179 Npomciponts both =287
Npomcipunts stwionly 134 Npomcipunts Wi only 1,358
NPomc‘wponts STW2 only =14 Nparticipoms S2W2 only =627
Nstute reports total 29,512 Nstate reports total 64,810
Nstate reports both 22,903 Nstute reports both 22,284
Nitﬂte reports STW1 only 5,749 Nstute reports S2W1 only 27,931
N =860 N = 14,595

state reports SIW2 only -

state reports S2W2 only

Table 4 Number of Observations in Merged EMOTIONS Data Sets.
Note: This table shows the number of participants and—for the state data sets—state reports included in every merged data set.

Data sets were merged based on identical emails and/or identical participant codes.

encompassed by every merged data set, decomposed
into observations from both study waves, the first study
wave only, or the second study wave only.

2.4.5 Socio-Demographic Information on the Final
Samples

Table 5 presents socio-demographic sample information
based on the final trait data set per study wave (with
the exception of S1W2, where no socio-demographic
variables were assessed). We chose to present socio-
demographic information on the trait data sets in the
main text because they subsume more participants
than the state data sets (see Table 2). The same socio-
demographic sample information on each study wave’s
state data set (again except for SIW2) can be found
in Table S1 in the Supplemental Material. Moreover,
frequency distributions of age and household size
are presented in Figures S1 to S4 in the Supplemental
Material.

2.4.6 Drop-out-Related Interindividual Differences
Toinvestigate whether or not—and if so, how—individuals
who participated in the ESM phase of data collection

differed from those who did not, we compared their mean
conscientiousness and agreeableness, respectively, using
two-sample unpaired t-tests.” In both waves of Study 1,
where the IAL (Jacobs & Scholl, 2005) was administered
instead of the BFI-2-S (Rammstedt et al., 2020; for
details, see Section 2.5), the LM (warm-agreeable) scale
was used as proxy for Agreeableness. Conscientiousness
could not be approximated using the IAL. In addition, we
explored the associations between the aforementioned
personality traits and the number of completed state
surveys using bivariate Pearson correlations.!® Every
analysis was performed per study wave (e.g., SIW1).
Therefore, we aggregated the appropriate trait scores
(i.e., LM in Study 1, Conscientiousness and Agreeableness
in Study 2) across the time points at which they were
assessed (i.e.,, T1 and T2 in SIW1 as well as S2W1, T3 and
T4 in S2W2, no aggregation but employment of single LM
scores at T4 in STW2).1

Results from Study 1 showed that on average, ESM
participants were neither significantly’? more nor less
warm-agreeable than those who did not participate in
the ESM phase, M, = 4.13, SD.,,=0.50 vs M__ ., = 3.94,
) =0.62, t(333%) =-1.69, p=.092, d = 0.34 (STW1).

no ESM
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SOCIO-DEMOGRAPHIC VARIABLE STUDY WAVE
S1wil S2wi1 S2w2
Gender (% female) 78.2 75.9 80.6

Age in years (M, Mdn, SD, range)

23.0, 21, 6.8,16-67

33.2,30,12.6,16-99

41.0, 40, 12.4,16-75

Educational status (% general qualification for university 80,18 35,47 28,48
entrance, % higher education degree) ©

Occupational status (% at university, % currently employed) ° 92,7 34,51 11,69

Current enrollment in higher education (% currently enrolled) ¢ 95 37 13
Part-time job (% yes) ¢ 64 66

Household size (M, Mdn, SD, range) ¢ 2.7,2,2.7,1-99 2.5,2,2.7,1-90
Relationship status (% single) 33 28

Table 5 Socio-Demographic Sample Information Based on the Trait Data Set per EMOTIONS Study Wave.

Note: This table presents socio-demographic sample information based on the trait data set per EMOTIONS wave. STW1 = Study
1 Wave 1 (all other waves are abbreviated analogously), Mdn = median. Number of participants who provided data on all socio-

demographic variables per study wave: n, . = 353, n,,,,

=2,515,n

S2W2

=1,354. For each socio-demographic sample information,

reported statistics are specified in parentheses. Empty cells indicate that the variable in question was not administered in the
respective study wave. Note that no socio-demographic information were assessed in SIW2. For full response formats, see our
comprehensive codebooks on OSF (osf.io/6kzx3/); and for details on outlier inspection, see Section 2.6.

@ General quadlification for university entrance subsumed two response options: 6 (general qualification for university entrance with
no additional vocational training), 7 (general qualification for university entrance plus vocational training). Higher education degree
subsumed three response options: 8 (university of applied sciences degree), 9 (university degree), 10 (university degree and PhD).
® Currently employed subsumed three response options: 5 (full-time employment), 6 (part-time employment), 7 (self-employed).

¢ Currently enrolled subsumed two response options: 1 (yes, at a university), 2 (yes, at a university of applied sciences).

4 Part-time job was assessed from T1 of S2W1 onwards. Moreover, it was displayed only if a participant reported being enrolled in
higher education (i.e., at a university or a university of applied sciences), resulting in n,,,, = 916, n,,,, = 178 on this variable.

e Household size was assessed from T1 of S2W1 onwards.

fRelationship status was assessed from T2 of S2W1 onwards, resulting in n
1,351 participants provided data on their relationship status in S2W2.

wa = 945 on this variable. Moreover, due to drop-out,

Moreover, being more or less warm-agreeable was not
significantly related to the number of completed state
surveys, r(311) =.01, p=.860 (S1W1) and r(168)=.12,
p=.107 (SIW2).

Results from Study 2 demonstrated that on average,
ESM participants were significantly more agreeable than
individuals who did not complete any state surveys,
Mgy =3.87, SDg, =0.55 vs M__ . =3.80, SD_ ., =0.54,
t(2356) =-2.75, p=.006,d = 0.12 (S2W1).** However, no
significant group differences in Conscientiousness were
revealed, M, =3.70, SD,, = 0.64 vs M_ ., =3.67, SD__
eon = 0.66, £(2356) =-0.93, p = .354,d = 0.04 (S2W1).%* In
contrast, whereas participants’ Agreeableness was not
significantly associated with the number of completed
state surveys, r(1643)=.02, p=.398 (S2W1) and
r(912) =.01,p = .850(S2W2),scoresonConscientiousness
were—in S2W1—significantly positively linked to the
number of state reports, r(1643) =.07, p = .004.1° These
findings are discussed in Section 4.

2.5 MATERIALS

Tables 6 and 7 present all established trait measures
employed in the trait surveys of Study 1 and Study 2,
respectively. Per measure, each table shows the number

of included items, response format, source, as well as
mean, standard deviation, reliability (McDonald’s omega),
and number of participants who provided data on all
items per (sub-) scale. For the sake of consistency with
the socio-demographic sample information presented in
Section 2.4.5, all statistics reported in Tables 6 and 7 are
based on the respective study wave’s trait data set. The
same statistics are provided for each study wave’s state
data set in Tables S2 and S3 (for Study 1 and Study 2,
respectively) in the Supplemental Material.

Table 8 depicts the additional item sets comprising
all  self-generated, COVID-19-related trait items
administered in the trait surveys of the EMOTIONS
project. These item sets reflect one possible clustering
of items only. Thus, depending on the research question,
items from different item sets can be freely combined.
Per item set, Table 8 comprises the number of items, a
brief summary of what was measured, and the response
format. Moreover, it indicates which item sets were
assessed per study wave.

Table 9 shows all state items administered in the
state surveys of the EMOTIONS project alongside their
response formats. The items are organized into self-
construed item sets that reflect one possible clustering


http://osf.io/6kzx3/

12

Ryvkina et al. Journal of Open Psychology Data DOI: 10.5334/jopd.83

/EXZ49/0I'§SO

WJ0J) PaAdLIIaJ g UDD PUD (SIDWIOS 9suodsal pup ‘sbuipiom Wwiall ‘suoidniisul 1o jaul) aADM SNOTLOWT A4ana Jo 1diidsuni] 102160jouoIyd pUD Pa)inlap 1SOW 3Y1 SI91J0 00gapod YdDT 'SH00qap0od
J1j199ds-aADM-ApN1s a3 Jo/pup 1s1) 93Uaialal sJadod syl 03 Jajal 9spa)d ‘QUBLUSSISSD JO JOPJO BY] PUD S32INOS |\N4 404 8101 SIY} WoJ) paiulo s julod awil siyl ‘Snyl "ZATS JO €1 1D PassassSD aIam
S2JNSDAW 11D} PAYSgDISa ON "7 dADM T APNIS = ZMTS ‘T 9ADM T APNIS = TAATS ‘@]02s (-gns) Jad swiail 1o uo pipp papincid oym syundidiind Jo Jaquuinu = U ‘DH3WO S,pIDUOIIN = ® "}3S DIDP DI S,SADM
Apnis anI32adsal 9U3 JO SISDg 9Y3 U0 Pa3nIn21nd bulag s213s1303s 9A1RdLISIP 10 yiim 193(oid SNOILOWT @Y1 40 T ApNnisS Jo sanpm y3oqg ul paAojduls ainspauwl 1IDJ3 paysiignisa AIans Smoys 9)gpi Siy] 930N

(5395 DIDQ }DJL UO PIsSDY SIIISIADIS YUM) T APNIS SNOILOWI Ul S2INSDajy 4L Paysjgpisy 9 @1qoL

(596T) blaquasoy :uoisian ysijbug .
(£007) BJ2gzZ4aH 3 1UD]JOD) UOA :UOISISA UDUUISY)

€ 01 0 WoJj sabupJ 30y} 9102s asuodsai |puIbLIO WOJ) UOIDIADQ ©
(92460 Ajbu0.3S) 4 {(981DY) € ‘(224bDSIQ) T ‘(994bDSIp A1bUOAIS) T «
Swiayl 0T «

89T 76" (95°0) 90°€ 997 ‘68" (25'0) €0°€  T€€ ‘68 (25°0) L6'T (S3SY) 91025 W3Is3-419S braquasoy
(£661T) 49942 3 UIPUSH :uOISIaA ysiibug «
(£107) "D 312 JIO| :UOISIDA UDWIIDD) «
(92460 AjbU043S ‘@NJ3 JO D13S14212DIDYD AIA) G £(D13SIDI1IDIDYD) 4 £(JDJINBU) € {(213S1I932DIDYIUN)
7 {(®31bpsip Ajbuouzs ‘anujun 4o 213s112320.04dun AIaA) T SI IDY) ‘4DULIO) 9suodsal |puIbLIo U0y UonpIASQ ©
(A1219)dWwiod sanddy) g (sanddp Jayiny) + {(jp41naN) € ‘(Ajddp j0u saop Jayny) 7 ‘(jip 10 Ajddp J0U S80Q) T «
Sway 0T -
89LTE (97°0)¥8'C  S9T 95 (¢5°0)S8'T  8ZE ‘6% ‘(6%°0) ¥8'C (SNSH) 81035 WISISSIDIDN SnisussiadAH
(£107) P 32 32Dg :UOISIDA YSI|BUT PUD UDWIDD) «
(020t
“|D 32 UD|SIY) JULJO} Ul IDWII0) dsUodsal XLDW By} JO SjudWalinbas ayy 14)n} 03 pajjago) aiam suoido asuodsai
110 929(01d SNOTLOW3 243 Ul SDaIaym ‘A)\DgJan pajjagp) 240 $310d aW43xa ay} AJUO ‘UOISIaA |puIbLIO By U] ©
— o . o . Aj9319)dWod 9216 HEEY)) ‘(22460 42yIDY) 4 (9246D J0U JBYIDY) € ‘(994DD 10O {(jjp 30 2246D 10 .
OLLL8 (UL 90T 99758 (4L °0) 0T ZEE Y8 (v1°0) 1T (6) Kaony el 79 eelby) S 1) (BP0 10U IS0 € (G ION) D 12 210 AoN) L
0.1 ‘68 (€8°0) ¥T'€ 997 ‘18 (08°0) ¥1'€  TEE ‘S8 (8L°0) 1€ () uonpAIWPY (DYVN) 241DUUOISINY AJDARY PUD UOIDIIWPY JNISISSIIDN
04188 (09°0) €££C L9768 (29°0) 8L'C GEE 68 (29°0) 26'C (91) wisPROINSN
0.1 ‘28 (5°0) 68°€ £97 %8 “(85°0)88°€  GEE ‘I8 ‘(¥5°0) ¥8'€ (8) ON
041 ‘6L (06°0) GT'% L9718 (0S°0) Iy GEE T8 (€S°0) IT'Y (8) W1
0LT L1 (85°0) €T’ € [9T €L '(%S°0) TTE  GEE‘TL '(%S0) 0T € (8)Mr
0/1°€8(£L°0)89°C [9C 78 (SL°0) L9T  SEE18 (L0 TLT (8)IH  (6007) "Ip 312 ¥20g AQ UOI3I3)3S D 0} IDYIWIS (766T) JIOPUSISO AQ 1SI] D WO} PIIID]DS DJ9M SWSY PAID|DI-WSIDIFOINSN »
(a0 (e . ‘a0 (v - . o Can- . (886T) "I 19 suIbbip :uoIsiaA ysibu «
04198 (€L°0) vT'C L9798 (2£°0) 9T GEE T8 (99°0) TET (8) o4 (G007) 10UPS '3 SGOIDT LOISIAA UDLIDD) »
04178 (15°0) ¢S'T £9T°9L (8%'0)99°T  SEE ‘8L (0S°0) 09T (8)3a (2304220 AjpWBIIX3) 8 ~ (9304N22DUJ A]DLIBIIX3) T S| IDY} IDWI0 9SUOdS3I |DUIBLIO WOL) UOADIASQ ©
o : o : oo ; (92460 AjbU01IS) G (92460 JaYIDY) + {(J01INSN) € (9240DSIP JaYIDY) 7 ‘(9246DSIp AIbUOAS) T »
0LT ‘6L (99°0) 0%'C L9787 (99°0) 0%'C  9€E ‘6L (£9°0) 7' (8) 09 W3 PAIDJRI-WISDI0INGU 9T + VI 343 Ul SWal 49 »
0.1 ‘€8 (69°0) 0€°€ L1978 (£9°0) 1€°€  GEE T8 (€9°0) €T’€ (8) vd SWD}| PRIDRJ-WISPII0INAU + (5 TVI) SIS 2A1RI[PY [pUOSIDdISIU]
Y1 (4% L (3719v2I1ddv
41 ‘37v2s4ns ¥3d
CMTS IMIS  swai1 40 ¥3awnN)
u‘oas)w 37vIsans (HSIT9N3 ‘NVIWY¥3ID) SIDINOS ‘LYIWIO04 ISNOdSIY ‘SWILI 40 ¥IGWNN TVLOL ‘JINSVINW



http://osf.io/6kzx3/

13

Ryvkina et al. Journal of Open Psychology Data DOI: 10.5334/jopd.83

(pIuo))

€29 (2070 699

6£2°1507) 099

1€6(¥8'1) €6'9

LTET(L8T) €89

(596T) biaquasoy :uoisian ysijbug «
(£007) B49gzZ4aH | 1UD]0) UOA :UOISIIA UDULIDD) «
(92460 AjbU04IS)
€ - (994bDsIp A1bU043S) O SI 1Y} ‘YDULIOS dSsU0dsal 1pUIBLIO WoJy UoIDIASQ ©
(934bD Ajbu013S) OT - (984bDSIp A1bU0IIS) O *
(SISY DY WIOI)) WY WISI-}|as 31buIS

€79°€9°(6L°0)96'T

6L7°T %9 (28°0) 60'C

1€6 29 ‘(%8°0) 20T

LTET %9 (180) 01T

(8102) 1P
19 3193297 :(UOISIAA YsI|bug puD UDWLIDD 33 JO) APNIS UOIIDPIDA U3 IO
(£707) "Ip 32 Y204 :UOISIaA YsI|BUT puD UDWIISL) «
(020t
“|D 39 UD|SJYy) JUUIO} Ul IDWLIOY 9SUOASaI XLIDWI 3y} JO SIuswalinbal 8y} 4Ny
01 paj|agp] a1am suoido asuodsas {jo ‘198(04d SNOTLOWI 943 Ul Sbalaym
‘A110glan payjago] 240 sajod awalIxa ay3 Ajuo ‘Uoisian [puiblio ayy Ul ©
(A19191dwWo 221bY) 9 {(2246Y/)

€29 ‘18 (70'T) 6EC

6L2°T°8L ‘(HO'T) LS'T

1€6 ‘08 (SO'T) %S'C

LT€T8L (€0'T) G9°C

(€) Koty G {(924bD JoyIDY) + (2246D 10U J2YIDY) € (99460 JON) T ‘()jp 10 99460 J0N) T »
) SWBN g «
(¢) uonpawpy (S-OY¥VYN) 2035 10YS 34IDUUOIISINY AJIDAY PUD UOIIDIIWIPY JI3SISSIDIDN

919 ‘09" (95°0) 8L°€

122165 ‘(7G0) L€

026 ‘79" (85°0) wL°€

(6007) 997 '3 UOIYSY :UOISIIA YsI|buT puD UDWIIDD)

(924bD Ajbu0.3s) g (9846D) 4 {(jpianau) € {(981bDsIP) 7 (924bDSIp A1bU0IIS) T »
Swall 0T «

(09-0DVX3IH Y3 Wol} 3)pasgns) Ajiwuny-A1sauoH

L7908 (99°0) 29°€

66C°T ‘8" (59°0) 09°€

L€6 08 (£9°0) 69°€

8SETLL (S9°0)0L€E

(9) SS2USNOIIUBIISUO)

L7919 ‘(¥S°0) 98°€

667°T ‘69" (95°0) 6L°€

L€6TL (LS0) L8€E

85€7 L9 (55°0) 68'€E

(9) ssauajqoaaiby (£102) UYyor s 030S :UOISISA ysbug «

LT9°LL(8L°0) TLE

66C°T ‘6L (2L0) €9°€

L€6°9L (€L°0) 89'E

8S€C ‘7L (69°0) €9°€

(0207) "D 19 1P2ISUILIDY :UOISIIA UDULIDD) «

(9) ssaupapuIn-uado (Aibuoazs 22.1bY) § ‘(Aibuoiis

L7971 '(59°0) TT°E 66C°T L (L9°0) LT'E L€6 7L '(99°0) 1T'€ 8GET WL (99°0) TEE (9) uoISIaNDIIX] 9aiby) + :(uojuido ou ‘Ip1InaN) € ‘(133 0 931bDsIq) ¢ “(A1buons 82160sI0) T «
SWia)l O¢ -
L7998 (08°0) 2L'T 662°T ‘78 (9£°0) 6L°C L€6°€8°(LL°0) L9°T 8SET I8 ‘(L 0)vL'T  (9) Ampuonow3 snipbaN (S-z-149) S-z-A101uanu] a4 big
71 €1 41 Tl
IMZS IMZS (3718V2117ddY 41
‘31v2S4NS ¥3d SWILI (HSIT9N3 ‘NVIWY3D)
u‘e@s)w 40 ¥3GWNN) 31vIsans $32¥NOS ‘LVYIWI04 ISNOdSIY ‘SWILI 40 ¥IFWNN TVLOL ‘TINSVIW




14

Ryvkina et al. Journal of Open Psychology Data DOI: 10.5334/jopd.83

"/€XZ9/01JSO WIOJJ PAA3IIIRI 9Q UDD PUD (S30ULI0} dsuodsal pup ‘sbuipiom Wayl ‘SUoianisul

11D "12U1) dADM SNOILOW3 A1an8 Jo 1d1dsuDIY |p2160j0UOIYD PUD PaJIDISP ISOW BY3 SIB440 }00GIPOI UYdDT "SH00GapP0d d1410ads-aADM-APNIS aY3 J0/puD 3sI) 9dUaId4aJ S adod siyy 01 Jajai aspajd QUaWISSISSD
JO J3PJO 3Y3 puUD $32JNOS N4 J04 (UO[IDIUBLIO |DI1}0d ‘WS WDISa-419s 31buIs “'1) SaINSDaul Wa}l-a1buls Joj paindulod aq Jou pinod pbawo s,pipuodd|y “uiod awi paipubisap ay3 1D passassD J0U SDM
2JNspawl ay3 30Y3 $23p21pUl 1192 A3dws Uy *Z 9ADA Z APNIS = ZMZS ‘T 9ADAA Z APNIS = TANZS 91035 (-gns) Jad suuayl 110 uo p3op papiroid oym syupdidiund Jo Jaquunu = U ‘DBaWO S,pIPUOQIN = ® 39S DIDP 1DJ}
S, 9ADM Apn3s an13dadsal ay3 Jo SISbq ay3 Uuo paipindipd bulag sonsinis anldudsap o yim 9oafoid SNOILOWT @43 JO 7 ApNIS JO saADM U10q Ul pakojdwua 2inspaud 1IDJ} paysiignisa AIana smoys 2)qp} siy| :930N

(5185 D10 DAL UO PasDg SANSIOIS YIM) Z APNIS SNOTLOW3 Ul S2INSDI 1I0JL Paysiigpis3 £ 31qoyL

029 ‘L8 (€1°7) 99 SwZ'T L8 (8T v0'S

L7698 (01°7) 61°S

(€107) "] 19 JopnJg :UoISIaA Ysi|bu3 puD UDULIDD) «
(uIpia2) %O0T *(A1oX1 AloWaiIxa) %06 *(A1ax1
K121) %08 (A193111) %0 (A19X1) 3IDYMBLIOS) %09 (PapIdaPUN) %0S (Alasun
IDYMaWOS) %0 “(Ajx1un) %0¢ (Ajasiun L1an) %0z (Alasijun Alowaiixa)
%01 (30U AJUIDIIDI) %O S| IDY] IDULIO 9SUOdSas |puIbLIO UIOJ) UOIIDIADQ ©
(M1 Alpwaaix3) TT - (Ajsiun Alpwaixg) 1
SWBY G
(WD) aJibuuonsany Ajpiualy Aopadsuo)

029 ‘(6L'T) €€% ST (€6'T) 9y

LT6(18'T) €€

9]qD]IDAD UOISIBA Ysiibug oN «
(£007) YOIy :UOISIDA UDUIIDD) «
(ybra) TT - (o) T -

wa T .

UOI3DIUSIO |DII0d

(0861) D 312 19SSNY :UOISIDA ysibuT «
(9T072) "D 39 UUDWIYNT :UOISIDA UDULISE)
"9102s buiipi padnds Ajjpnba up apino.d
03 pappD sbm (Ua3J0) + uondo asuodsal ay] :(SADMID) % ‘(SaLUIIdWIOS)
€ {(Aj2apJ) 7 ‘(4onauy) T SI30Y} IpULIo) 9suodsal |pulbLIo Wioiy uoipiAeg ©
(sAbmyy) G {(UaYO) % (sawIaWOS) € ‘(A1210y) T ‘(onaN) T -
SWY 6 «

129 68 (79°0) LS'C 7971 ‘887 (59°0) €9°C 67618 (€9°0) LY'T 187 (€9°0) 5%'¢C (S7N) @IS ssaulauoT v1IN
71 €1 41 Tl
IMZS mzs (3718V2117ddY 41 .
31v2S9NS ¥3d SWALI (HSIT9N3 ‘NYWY3ID)
u‘o{gs)w 40 ¥IGWNN) 31v¥IS4NnS $32UNOS ‘LVIWYOL ISNOASIY ‘SWILI 40 ¥ITWNN TVLOL ‘TINSYIW



http://osf.io/6kzx3/

15

Ryvkina et al. Journal of Open Psychology Data DOI: 10.5334/jopd.83

(‘pyuod)

(uonnod yym buiyop sisylo “b°3) JuswuIDIUOD
S11 PUD SNUIADUOIOD 3y BuipipbaJ sioinbyaq s,21doad 13y1o JO UOIIDNIDAT

suoIIDN|OAD
|0JoIADYDG PID|RI-IBYI0

9S]2 2UOAIINS SD 100G SWIDS dY3 Ul, S| SUO JDY} PUD ]0J3UOD
Japun uoipnyis ay3 396 UDd A33120S SD aM,, 10U} S§2119G DY) JO JUBLUSSISSY

U0ISaY02 |DID0S Ul
J2119q pup adoy |puos.iad

(UonNDd Yim HuID Jjasauo “H'9) JUBWIUIDIUOD
S31 pUD SNJIADUOIOD 3y} Buipiobai sioinbyaq jpuosiad Jo uoiPN|oAJ

suoIIPN|OAD
10JOINDYSG PID]RI-}19S

DIPaW |DID0S U0 UO0ISSNIsIp 8y} pub ‘buipiodai sisiipulnof Oiund s@1doad
“Quawabpupw sisud pjuBWILISA0D Jo ssauaipudoiddp ayj Jo uoiPNIDAT

suoNDN|PAS
|DJ0IADY3( |0JDUID)

(A1219)dWiod
sanddy) 9 - (jjp 1o Ajddp
J0U S20(Q) T :9]02s buDy

SUOINDN|DAS |DIOIADYS]
P31D]34-SNJIADUOIO)

(pauiom/snoixup buiag siayjo “6-9) JuswiuIIU0d
S}1 PUD SNJIADUOIOD 33 0} 3Np S3LLIom s,2)doad JaY30 JO JUBISSISSY

SaLOM SIBYI0

(pauiomy/snoixun Buiaq jjasauo “H'9) JuUsWUIDIU0D
S}I PUD SNJIADUOIOD 3Y3 03 NP SBLIOM |DUOSIDd JO JUBWISSISSY

S911JOM |DUOSI=d

(A1939)dwos
sa)ddy) 9 - (jjo 3o Ajddop
J0U $90(]) T :3)P2s buipy

S1II0M P3ID]RI-SNIIADUOIO)

3411 1D4NIND PUD ‘941) BuIOM/AULIOU0ID ‘UOISDYOD
|DID0S ‘Wa1SAS 402U} DAY BY3 40} SNIIADUOIOD 3Y} JO 3SI PAIDUIIIST

SUOIIDWIAS
Sl pa3D]2.-A12100S

Sa1pNn1s ANSIaAIUN/41 BULIOM PUD ‘9)1) |DID0S ‘YD3Y (SPUSLY
350J0 “Jaund “3°1) ,SI9Y10 9S01D 104 SNIIADUOIOD dY3 JO YSII PIIDWIIST

SUOIIDWIS
Sl PaID]21-SI9410-950])

salpn1s AysianiuNn/ayl) bupiom pup ‘9411 |o1d0s ‘Yypay (sbuiqis
‘syuaipdpunib ‘syuaind “a°1) s A)ILUDS 1O} SNIIADUOIOD BY3 JO YS1 PaIDWIIST

SUOIIDWIS
S1 pajpiRI-AjIuUD4

saipnis Alisianiun
40M PUD ‘1) 101205 Y303y 10U0SIad 10} SNIIADUOIOD BY3 JO YSII PIIDWIIST

SUOIIDWINAS
Sl Pa3ID]2I-}19S

(ubry A7)

9 - (moj Aiap) T :9)p2s buiipy

SUOIIDUIISD
Sl PO1ID]2J-SNIIADUOIOD)

1

1VINYO4 ISNOdSTY

¢AINSVIW SYM LYHM

PANSVIN




16

Ryvkina et al. Journal of Open Psychology Data DOI: 10.5334/jopd.83

("pauod)
1odsupiy ongnd
(ppoJqgp BunjaARI} UO UDG ‘A13UN0d BY3 Ja1ud 0} bupieas ajdoad (22uUD3SIp-buo] pup |P20Y)
10} S2INS0)2 Japioq “BH3) supq |aADI} pUD (19ADJY JID |NDY-BUO) pUD -1I0ys SD J]aM SD 19ADJ} Bulpipbas
A A S A A A ‘921n9s 1odsunJy 21ignd |pd0o) “69) 1odsunJy 21ignd Jo UOIIPNUIUOISIP / sa1d1jod Jo uoiPNIPAT
(suostad g UDY] J0W YIm SIJUDAD sjuana buipiobas
A A A A A A 910ALd ‘S]UBAD 31025-861D) “6°3) SJUINS PAZIS-1UBIDYIP JO UOIID]SIUDD € saidljod Jo uorpNIDAT
(91qIsuas Ajpwiaiix3) 9 - (Jjp 10 SUOIIDN|DAD
2]gIsuas 10N) T :2]02s bunpy 33 buipipbai saidnod jo ssauaipiidoiddp ay3 jo uoipnIpAg £d110d paip|aI-SNJIADUOIOD)
ployssnoy Bunidsoo3s
2 2 2 2 * * Jabajug s,2u0 Ul Aj3ua.ind p3sod o seboyaod pup sjjol sadod 3191103 JO JaqUUINN 4 P31P]24-SNJIADUOIOD)
sabupyd
% % 2 % % 2 suipxa Joj buiyis ‘Aipaqn ay3 ul buiApnis ‘@woy 3o buikpnis/buriiopn 3 |DIOIADYSQG PAID|RI-YIOM
apisino buibbolyypm b Joj/o1pnis
ssauyly D 03 bujob ‘(spwaup ‘suunasnud “6°3) Sa1]1dD) 1DINFIND BuISIA
‘sa402/5qnP3YbIu 03 Bulob ‘Duwioy s,auo 03 ajdoad buniAul ‘suosiad QT UbY}
ssay/2iow ypm sbuiaawl a3pald buipuaiip ‘suosiad 0g upyy ssa)/10W sabupyd
A P A P P P yum sjuana ongnd buipuaiip ‘spuaiy yym dn bunaaul ‘Ajiuioy buisip €1 |pJOIADYDQ PaIDIBI-DINSIT]
sabupyp |pJoinpyaq
pa1D]aJ-uoiplodsupiy
2 2 s A A A odsupiy o1jgnd buisn ‘exiq s,2uo buipu ‘sduy pauupid uo buion I puD -19ADJ|
awoy 1p buiApis ‘(sio3uad buiddoys ‘syaxipw “6-8) saopid d11gnd Bunisia sabupyd |pJoinbyaq
yS S S 2 2 2 ‘syayapuliadns ul buiddoys A192016 ‘@)doad Jayio 03 9oup)sip buidasy 4 pa3p)a4-budUDISIP-|DIDOS
sabupyp |pJoinnyaq
A 2 S S’ S’ S’ WD S,2U0 4O 300.2 3y} 0jul buiybnod/buizesus ‘spupy buiyspp z pa1Dj2I-audIbAH
(ua3jo asow Ajupdijiubis) /
- (ua1jo Ajipnb3) 4 - (uazjo ssa; :buipnioul SI01IADYSG Ul SISLID SNUIADUOIOD sabupyd |pioIADYyaq
Apupoyiubis) 1 :2102s buiny 93 210429 UDY} UD1O 40w Jo ‘A|)pnba ‘ssa) buibpbus jo Juaussassy Pa1D]24-SNJIADUOIOYD)
1 €1 a Tl Yl €1
SW3lI 40
[4,1Y4Y TMZS IMTS 1VIWY04 ISNOdSIY ¢@UNSVIW SYM LVHM YIGWNN ANSVINW




17

Ryvkina et al. Journal of Open Psychology Data DOI: 10.5334/jopd.83

(‘pauod)
(ansod) paisay uaaq buiapby
pup ‘(duiupipnb AIDJUN|OA PUD PaqUISsaId UBMIBQ UOIIDIIUSIDHIP OU)
aunupionb ur buiaqg Ajiwpy s,auo up ajdoad jo Jaquunu AU 1L IMZS 92UIS 11
(9n1sod) pajsa) usaq buiAby  TMMZS YHm
pup ‘swiordwiAs buiiodai ‘eunupipnb (paquasaid 4o Aipjunion) ul buiag buioIs €
A A A S S S JEET) (sbunqis ‘syuaindpunib ‘syuaiod “a71) Ajiwipy s,auo ul jdoad jo JaquunN ‘TMIS UL G 2Insodxs paip)ai-Ajuun
gof swi-ppd/uonpdnado sauo ansind
03 9]gp buiaq Jo saa1b63p Juaiayip pup ‘dnoib 3su 03 buojag ployasnoy
S,.2U0 WoJ} 91doad ai0u 4o dU0 IDY3 buUIY] ‘SINSDAW BUDUDISIP DI20S
Buimo)joy Jo suuiay Ul 2Insodxa |pUosIad (T [MZS 22Uls Ajjpuonippy 11
(@n11s0d) paisal uaaq buiAby pup ‘9spasip TMZS YHIm
ay3 Jo swoydwiAs p21dA3 ppy buiaby/buiaby ‘@uiupipnb (paguasaid Jo bunubis g
A » » » » » (ON) T “(S3A) T :2U0 323195 AIpjunjon) ul bulag Jo SWLIS} Ul SNIIADUOIOD 3y} 0} 3INsodxa |pU0S.ISd ‘TMIS UG 2Insodxa paip|a.-19S
SNJIADUO0J0D 3y} 03 2Jnsodx3
Suol1dLISaU JO
(3s0J 003 ADM) £ - (AiMO]S uoIIpxp)aJ 8y} buipipbai
A A * * * * 007 ADM) T :9102s buIDy paads a3p1doiddp yiim paxp)ai buiaqg aip SUOIIDdLISAI JBYIBYM UOIIDN|DAT 1 sadNod jo uoiPN|PA3
spoob
|D1IIUaSSa Jo HBuluopbl puUD
suoipjnbai aununionb buipiobai
A A 2 A A A Spo0b-|pIIUSSSa-§0-24NZI3S/buUluoIDI PUD SuRUDIDND jo uoiIsodw - € saidljod o uoiPNIPAT
sappwioyd 110124 buipinbal
A A A A A A puD ‘s2103sbnJp ‘s3aspwIadNS Jo UoiIdadXa BY3 YIM S2103S |IDIDJ JO 1 sadlod jo uoiPN|PAT
S91}1)12D4 S}0ds Jo ‘swnasnw 941] |pAiN}INd buipIpbHaI
A A A A A A ‘s94D2/540Q ‘sqN3YbIU Bulpn)dUl SUOIINIASUL |DINJIND JO BINSO)D ™ € sadNod jo uonpNbAg
suonnisul
|puoipoNpa buipipbas
A A A A A A SUOIINYIASUl UoRPINPa Jaybiy pup sjooyds (AIasinu) o ainsopd € sadNod jo uonpN|bAg
Y1 €1 4} Il Y1 €1
SW3LI 40
IMTS TMTS IMTS LYWY04 ISNOdSTY ¢ARANSVIW SYM LVHM YIAWNN PANSVIN




18

Ryvkina et al. Journal of Open Psychology Data DOI: 10.5334/jopd.83

"/€XZ)9/01'JSO UI0J} PIASIIIS] 9 UDD PUD (SIDWIIO) asuodsal

puDp ‘sbuipiom Wwayl ‘sUoIIdNIISUL |10 “JaUl) SADM SNOLLOWT A1 Jo 1d1idsuni] 102160jouoIyYd puD Pa)iniap 1SOW dY] SI91J0 Y00gapod Yan3g "S$}00gapod didads-anbm-Apnis ayi 01 1ajal aspa)d qUaWISSaSSD Jo
19PJ0 3] PUD ‘SUONONIISU ‘UOHDWIOJUI JYydRdS-WaN 104 *(679) ¥€9 = ™ “Su ‘(¥16) ZET'T = U (z%6) 56 = “ ™ “U (5%9'T) £60'7 = "™ u (0£T) 021 = " ™" u (€6T) 10T = * “"*u :(sesay3uUaIDd UI UBNIB
195 DIDP 91D3S dAIIIAdSaI 9Y3 Ul SjupdidIIDd JO JaguUNnU) 195 DIDP D43 dY3 Ul Julod suli} pub 9ADM Apn3s Jad Sainspawl 3IDJ} Pa30IRI-6T-AIAQD ‘PRI0IaUSb-}19S 11D UO DIDP papirocid oym syupndidipind Jo JsquunN
'9]qD3 SIY} WOJ4 PATHWIO SI DADM SIY} ‘SNYL "TATS Ul PRI23SIUILUPD 249M SUIR} }IDJ} PaIDIRI-6T-AIAOD ‘PaIDISURD-§19s ON "Julod aull} paIpubisap ay) 30 PaSSISSD J0U SDM 325 LUDYI 8Y3 IDY] S2IDJIPUI (%) SSOID D
spaJaym ‘quiod s} paipbubisap ay3 3D PASSASSD SDM 19S5 LIS} DY) 1D} SSIDIIPUL () HIDW ¥I3YD D ‘UOIIPPD UT "}DWLIOS 9SUOdSaJ S} PUD ‘PaINSDAL J1 IDYM JO MIIAIBAO UD ‘SUINSANS }I SUISY (Pa3nIauab-4|as)
10 Jaquinu 8y Aq paiundwioddp S| 19s Wdl Yob7 "S19S Wl PaNJIsU0d-J19s ojul paziupbio 23foid SNOILOWT Y3 Ul pakojduus sainspawl 11041 paipjai-6T-dIAQD ‘PaInJauab-}1as 1o syuasaid a)qol siy| 910N

"123[0id SNOILOW3 8Y3 JO S3INSD3| DAL PIIDIRY-6T-AIAQD ‘PIDIBUSD-|3S g 91qDL

dnoub ysii 8} JO SIDGUIBU PUD ‘DJaURD Ul SIDYI0 ‘SPUDLIY/SISqUUIDU AjILUD)
(Aibuoazs 22.bY) g - (Ajbuoiis S,2U0 ‘4]9S3UO 104 UOI3I3JUI JO XS Y} 9dNPaJ 03 SJUIDJISUOD 3)1] Jo Ajjpnb suol}oI3sal jpuosiad
» 2 * * * * 22.b0s1q) T 9102 bunpyY Jouosiad 1da20D 03 bujiMm S| BUO YdIYMm 01 92469p dY3 JO JUBUISSISSY 4 P310]34-SNJIADU0IOD

(aniisod) paisal usaq buinby pup ‘(dunupionb
AID3UN|OA pUD PaqLsaId USMIDQ UOIIDIRUIBHIP OU) duiupionb Ul buiaq

JUSWIUOJIAUS |DIDOS J3pIM S,8u0 Ul 3)doad Jo Jaquuinu AJUQ T IMZS 92UIS 11
(aniisod) paisal usaq buiaby pup TMZS Yum ainsodxa
‘suoydwiAs buriodal ‘@unupipnb ul buiag (sadupjuipNbID JaY30 ‘SJUspNIS bunbis € Pa1D)24-3USLIUOIIAUD
A 2 2 2 2 2 19b2u]  AYSISAIUN MOYID) “9°1) JUSLULOIIAUS DIDOS JapIM s,auo Ul 91doad Jo JaquuinN TMIS UG -IDID0S-I9PIM

(an3isod) pa1sal usaq BuiAby pup “(dunupionb Ainjunjon pun
paquasald Usamiaqg UOIIDIUBIRHIP OU) SuiUDIDND Ul bulag JUsLIUOIIAUD

puosiad aso)2 s,auo ul ajdoad jo Jsquunu AlUQ 11 IMZS 92UIS Tl
(aniisod) paisay uaaq buiaby pup ‘suuoidwiAs TMZS Yim
Buniodal ‘@unupipnb (paquasaid Jo Aipjunion) ul buiaq (spuaij 3so)d bunbis € ainsodxa
S A A A A A JESE )] ‘Jaunnd “°1) JUBWIUOIIAUD |pUOsIad 95012 S, 2u0 Ul 9)doad Jo Jaquiny ‘TMIS ULG Pa1D)24-S19410-950])
Yl €l 45 T1 Y1 €l
SW3LI 40
IMTS TMTS IMTS 1VINYO04 ISNOdSTY ¢AIANSVIW SYM LYHM JdIGWNN NANSVIN



http://osf.io/6kzx3/

Ryvkina et al. Journal of Open Psychology Data DOI: 10.5334/jopd.83

19

MEASURE

INSTRUCTION AND ITEM

RESPONSE FORMAT

Interaction occurred?

Since the last survey, I (at least) had one social interaction that lasted
longer than 5 minutes.

Select one: 1 (Yes); 2 (No)

If interaction

Type of activity During what type of activity did the interaction take place? Select one: 1 (job-related task/
chore); 2 (private task/chore); 3
(leisure activity)

Mode of The interaction evaluated here took place as follows: Select one: 1 (directly/in person); 2

communication

(via phone/chat)

Number of interaction
partners

How many people other than you were involved in the interaction?
Please enter 5 if you interacted with more than 5 people. In this case,
please refer below to the five people with whom you interacted the
most.

Selectone: 1-5

Relationship to each
interaction partner

Now, for each of the involved interaction partners, please indicate
what role he/she had in relation to you. If you interacted with more
than 5 people, please report on the 5 most important people in the
interaction.

This interaction partner in the situation has the following relationship
to me:

Select one: 1 (Supervisor); 2
(My employee); 3 (Co-worker);
4 (Customer client patient); 5
(Friend/acquaintance);

6 (Partner); 7 (My child);

8 (Parent); 9 (Sibling);

10 (other relatives); 11 (other
persons)

Behavioral states

During the interaction, I exhibited the following behavior:

Rating scale: 1 (Does not apply at
all) - 6 (Applies completely)

I took the lead.

I criticized others.

I did not get involved.

I was self-assured.

I was unfriendly.

I was reserved.

I raised the topic of the coronavirus.t

I helped others.t

Perceptual states

During the interaction, I perceived the following:

Rating scale: 1 (Does not apply at
all) - 6 (Applies completely)

I was admired.

I was criticized.

[ was ignored.

I was respected.

Others tried to steal the show from me.

I was sidelined.

I was asked about the coronavirus.

I experienced understanding and a feeling of security from others.t

Emotional states

How did you feel immediately after the interaction?

Rating scale: 1 (Does not apply at
all) - 6 (Applies completely)

Proud

Successful

Superior

(Contd.)
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MEASURE

INSTRUCTION AND ITEM

RESPONSE FORMAT

Angry

Socially excluded’

Envious

Resentful

Ashamed

Insecure

Enthusiastic

Relaxed

Anxious

Sad

Lonelyt

Finally, please use the following sliders to indicate how dissatisfied vs

satisfied and calm vs activated you felt overall:

Select one using slider: 0 - 100

dissatisfied vs satisfied

calm vs activated

If no interaction (i.e., if
non-social activity)

Type of activity

What kind of activity was it?

Select one: 1 (job-related task/
chore); 2 (private task/chore); 3
(leisure activity)

Mode of activity

The activity evaluated here took place as follows:

Select one: 1 (on the computer/
laptop/tablet/cell phone); 2 (not
on the computer/laptop/tablet/cell
phone)

COVID-19-specific
activities

The activity related to:

Select one: 1 (Yes); 2 (No)

Researching the coronavirust

Reading news about the coronavirust

Perceptual states

During the activity, I perceived the following:

Rating scale: 1 (Does not apply at
all) - 6 (Applies completely)

I found the activity pleasant.

I had fun.

I did tasks that others assigned to me.

I was intellectually/mentally stimulated.

I was overwhelmed.

I was bored.

I was concentrated.

I was motivated.

I thought about the coronavirus.!

Emotional states

How did you feel immediately after the activity?

Rating scale: 1 (Does not apply at
all) - 6 (Applies completely)

Proud

(Contd.)
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MEASURE

INSTRUCTION AND ITEM

RESPONSE FORMAT

Successful

Superior

Angry

Socially excluded®

Envious

Resentful

Ashamed

Insecure

Enthusiastic

Relaxed

Anxious

Sad

Lonely*

Finally, please use the following sliders to indicate how dissatisfied vs
satisfied and calm vs activated you felt overall:

Select one using slider: 0 - 100

dissatisfied vs satisfied

calm vs activated

Interaction-independent,
coronavirus-related
momentary worries

Due to the coronavirus outbreak, I am worried about ...

Rating scale: 1 (Very little) - 6
(Very much)

Self-related worries

... my health.*

... my social life.*

... my university studies/my work.*

Society-related worries

... the healthcare system in Germany.*

... social cohesion in Germany.*

... the economy/working life in Germany.*

... cultural life in Germany.*

Other-related worries
(voluntary items: if an
item did not apply, it

could be skipped)
Parents-related ... my parents’ health.”
worries
Grandparents- ... my grandparents’ health.*

related worries

Siblings-related
worries

... my siblings’ health.*

Children-related
worries

... my children’s health.

Partner-related
worries

... my partner’s health.*

Close-friends-
related worries

... my close friends’ health.*

(Contd.)
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MEASURE INSTRUCTION AND ITEM

RESPONSE FORMAT

Wider-social-
environment-
related worries

students, other acquaintances).*

... the health of my wider social environment (fellow university

Table 9 State Measures of the EMOTIONS Project.

Note: This table presents all state items administered in the EMOTIONS project, organized into self-construed item sets and
accompanied by each item’s response format. Some items were adapted from the Interpersonal Adjective Scales (IAL; German
version by Jacobs & Scholl, 2005; English version by Wiggins et al., 1988), the Positive and Negative Affect Schedule (PANAS;
German versions by Krohne et al., 1996; Récke & Gruihn, 2003; English version by Watson et al., 1988), and the affect grid (Russell
et al,, 1989). Other items and all response formats were self-generated. Items marked with an asterisk (*) were administered from
S1W2 onwards, and items marked with a cross () were administered from S2W1 onwards. Number of participants who and state
reports that provided data on all state items (except for those items that assessed [a] the relationship to each interaction partner
due to their dependency on the number of interaction partners and [b] interaction-independent, coronavirus-related momentary

worries due to their mostly voluntary nature) per study wave (either post social interaction or non-social activity): n
= 17,464 (interaction = 10,548; activity = 6,916), n
= 12,048 (interaction = 7,486; activity = 4,562
= 40,994 (interaction = 25,210; activity = 15,784)
= 23,816 (interaction = 14,663; activity = 9,153). For full instructions and the order of assessment, please refer to the study-

313 (interaction = 238; activity = 75), n
= 146; activity = 47
493) n

7 " 'S2W1 ESM reports

STW1 ESM reports

)’ nSlWZ ESM reports

reports

’ nszwz participants

S1W1 participants =
S1W?2 participants = 193 (lnteroctlon

), Ny particpants = 1,645 (interaction = 1,152; activity =
=914 (interaction = 698; activity = 216)

’ nSZ\/\/Z ESM

wave-specific codebooks. Each codebook offers the most detailed and chronological transcript of every EMOTIONS wave (incl. all
instructions, item wordings, and response formats) and can be retrieved from: osf.io/6kzx3/.

@ Participants were interrogated on their relationships with—for instance—a third interaction partner only if they reported that three

or more people were involved in the preceding interaction.

of items only and are open to modification. Depending
on whether participants experienced a social interaction
or non-social activity prior to survey completion, they
responded to two partially different blocks of items.
Thus, Table 9 (just as the EMOTIONS codebooks; see osf.
io/6kzx3/) distinguishes between momentary states
assessed post social interaction vs post non-social
activity.

2.6 QUALITY CONTROL

In addition to the data exclusion procedures detailed
in Section 2.4.2, we conducted data quality checks
separately on the trait and state data sets per
EMOTIONS wave. Therein, we calculated various
data quality metrics first, pursuing a participant- and
a variable-oriented approach. Data quality metrics
pertaining to the participant-oriented approach (i.e.,
intraindividual response variability, longstring, survey
completion time) quantified conspicuous responding
within individual participants and across a set of
variables. The data quality metric pertaining to the
variable-oriented approach quantified conspicuous
responses on all metric variables with open answer
format (e.qg., age, household size). Next, per data quality
metric, participants with outlying values were flagged
on newly created dichotomous variables. Finally, both
approaches were integrated to identify participants with
at least one outlying value (for details on this procedure,
see below). Note that we did not delete any data during
the data quality checks. Instead, all data quality metrics
and variables indicating flagged participants were
added to the respective data set. Thereby, researchers
can filter the dataq, inspect the specific responses and/
or response patterns of flagged participants, and make

an informed decision upon further data exclusion (or
retention).

In the following, we introduce our criteria for
conspicuous responding on each (participant- and
variable-oriented) data quality metric. For a summary
of all data quality checks that were executed per study
wave and time point, please refer to Table S4 in the
Supplemental Material.

2.6.1 Participant-Oriented Quality Control

2.6.1.1 Trait Measures

We examined three metrics of careless responding to
inspect data quality per participant: (a) intraindividual
response variability (IRV), (b) longstring, and (c) survey
completion time. The first two metrics (i.e.,, IRV and
longstring) were calculated separately per established
measure (e.g., IAL), study wave (e.g., SIW1), and time
point (e.g., T1). The latter metric (i.e., completion time)
was calculated per trait survey (i.e., per study wave
and time point). Participants with an outlying IRV,
longstring, or completion time were flagged by creating
dichotomous variables, which took on a value of 1 for
potential'” outliers and O otherwise (e.qg., outlier irv_ial
t1 for outlying IRVs on the IAL at T1 of STW1).

(a) IRV is quantified by the standard deviation of
a single participant’s responses on “a set of
consecutive items” (Dunn et al,, 2018, p. 108). It
can be computed across all or a (sufficiently long)
subset of items a participant responded to, as
long as these items share a common response
format. Since we administered measures with
different response formats in the EMOTIONS trait
surveys (for details, see Section 2.5), we calculated
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IRV separately for different measures. Therein, we
only considered measures that were at least 10
items long and established (i.e., psychometrically
validated).'® An outlying IRV was (i) unusually
low (i.e., below 25%-percentile - 3 x IQR; see
recommendation by Dunn et al., 2018) for
measures subsuming multiple constructs and/or
including reverse-coded items (i.e., IAL, BFI-2-S,
RSES, and Honesty-Humility?°) and (ii) unusually
high (above 75%-percentile + 3 x IQR; see
recommendation by Marjanovic et al., 2015) for
measures subsuming a single construct and/or not
including reverse-coded items (i.e., NARQ and HSNS).
(b) A longstring corresponds to the longest consecutive
string of identical responses (Dunn et al., 2018).
For instance, a longstring of 17 indicates that
the participant chose the same response on 17
consecutive items. The longstring metric was
calculated for established scales with 10 or more
items that measure multiple constructs and/or
include reverse-coded items only (i.e., IAL, RSES,
BFI-2-S, Honesty-Humility). In contrast, on scales
that measure a single construct or where all items
are coded in the same direction (i.e., NARQ, HSNS),
long longstrings can be appropriate representations
of participants’ self-reported trait expressions (e.g.,
a person who reports being very non-narcissistic
could hypothetically choose response option 1
across all items of the NARQ). Thus, we refrained
from inspecting the longstring metric on the NARQ
and HSNS. Longstring values greater than the
75%-percentile + 3 x IQR were considered outliers.
(c) Careless responding can also resonate in
conspicuously short survey completion times (Dunn
et al,, 2018; Meade & Craig, 2012). Specifically, if
a participant rushed through a survey, a careful
read of instructions and items was unlikely or even
impossible. We stipulated 2 s as the minimum
duration necessary to read and respond to an item
carefully. Thus, survey completion times?! that were
shorter than 2 s x number of completed items per
survey were identified as outliers on the completion
time metric and flagged using the aforementioned
procedure.

2.6.1.2 State Measures

In the state surveys, we employed the previously
described data quality metrics (i.e,, IRV, longstring,
completion time) toidentify conspicuous responding. First,
we inspected each data quality metric per measurement
occasion (i.e., state report). Then, per metric, we created
an overall dichotomous variable that marked participants
with at least one measurement-occasion-specific outlier.

(a) Although no full established scale was assessed
in the state surveys, per measurement occasion,
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we computed IRV across all social-interaction-
or activity-related state items with the same
response format. This is due to the inclusion
of items reflecting multiple constructs from
established scales like the TAL or PANAS, in which
case identical responding across an entire state
survey may reasonably be considered conspicuous.
Per measurement occasion, IRVs below the
25%-percentile - 3 x IQR were considered outliers.
(b) Analogously, the longstring metric was inspected
per measurement occasion across all social-
interaction- or activity-related state items with the
same response format. Longstring values greater
than the 75%-percentile + 3 x IQR were considered
outliers.
(c) State surveys that ended after less than 1
5?2 x number of completed, social-interaction- or
activity-related state items were considered outliers.

2.6.2 Variable-Oriented Quality Control

Besides inspecting data quality per participant, we
scrutinized variables with open answer format for
conspicuous answers. This check was performed on
trait measures only, because no variables with open
answer format were assessed in the state surveys. We
distinguished between metric and qualitative variables
with open answer format. Regarding the former (e.qg.,
age, household size, number of family members in
quarantine in S2W1), values above a threshold of
75%-percentile + 3 x IQR were identified as outliers and
flagged by assigning the value 1 to a newly created
dichotomous variable (e.g., outlier_household t1 forT1 of
S2W1). In contrast, no dichotomous variable was created
for qualitative variables with open answer format (e.g.,
field of university studies), since their outliers could not
be detected by algorithmic means. Instead, a descriptive
comment was made in the respective data preparation
R script.

2.6.3 Integrating Participant- and Variable-
Oriented Quality Controls

Finally, to facilitate the identification of participants
with some conspicuous responding (i.e., some outlying
data quality metric), we created an overall dichotomous
variable per EMOTIONS study wave (e.g., outlier_
participant_s1w1). Following the previously-outlined logic,
this variable was assigned the value 1 if a participant
was flagged on at least one of the aforementioned,
participant- or variable-oriented data quality metrics.

2.7 DATA ANONYMIZATION AND ETHICAL
ISSUES

The procedures of all EMOTIONS waves were approved by
the review board of the University of Munster, Germany.
To anonymize the data, four steps were taken. First, the
data were collected pseudonymized. That is, participants
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created a personal participant code by concatenating the
first letter of their mother’s first name (e.g., Karin = K), their
mother’s month of birth as a number (e.g., May = 05), the
last letter of their first name (e.g., Steve = E), their month
of birth as a number (e.g., February =02), and the last
letter of their surname (e.g., Smith = H) to create an order
of letters and numbers (here: KOSEO2H). The codes were
needed to (a) merge data across waves per study (for
more information on the merged data sets, see Section
2.4.4), (b) issue course credits for compensation after
data collection (in Study 1 only; see also Section 2.4.1.2),
and (c) enable the exclusion of data. Second, personal
and identifiable email addresses that were specified
to participate in each study wave’s ESM phase were
anonymized post data collection by assigning a random
number to each email address. Third, in the course of
data processing, every unique participant was assigned a
participant ID—anumber between 1 andN (i.e., the sample
size in the respective data set) that anonymized the data.
And fourth, from all data sets that were published on osf.
io/6kzx3/, we removed variables that could facilitate the
identification of participants, namely the participant code,
gender, gender specification (i.e.,, a variable with open
answer format enabling the specification of a non-binary
gender), age, semester of studies, and field of studies.?

2.8 EXISTING USE OF DATA

To date, there are two published papers that used
EMOTIONS data. The first paper by Kroencke et al. (2020)
investigated the association between neuroticism and
negative affect, considering the latter’s longitudinal
trajectory over the course of the 14-day ESM phase. The
authors used trait and state data from S2W1. The second
paper was an international collaboration by Zettler et
al. (2022) that explored the links between multiple
personality traits and COVID-19-related responses. The
researchers combined data from Denmark with trait data
from the first and second wave of Study 2. In addition,
there are further papers in preparation (e.g., Kroencke,
Humberg, et al., 2022; Kroencke, Kuper et al., 2022). On
the EMOTIONS project page at osf.io/6kzx3/, we provide
a complete and continuously updated list of all published
as well as forthcoming manuscripts.

3. DATA SET DESCRIPTION AND
ACCESS

Table 10 presents all details pertaining to the EMOTIONS
data sets that we share collectively on osf.io/6kzx3/.

4. REUSE POTENTIAL

We conducted two large-scale (Study 1: N
327 and N =29,512, Study 2: N,

ESM reports

ESM participants -

=2,272

ESM participants
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and Neg epons = 64,810), multi-wave ESM studies among
different samples (i.e., university students in Study 1
and members of the general population in Study 2).
Thereby, we contribute to the methodological variety of
psychological COVID-19 research, which—to date—has
been dominated by cross-sectional studies employing
global measures (Sterl et al,, 2022; for two illustrative
examples, see Lazarevi¢ et al., 2021; Peitz et al., 2021).

ESM enabled us to generate fine-grained and
complex, longitudinal data on the frequency, intensity,
and variability of psychological states as well as their
situational context (e.g., Larson & Csikszentmihalyi,
1983; Scollon et al., 2009). These data permit manifold
analyses on the within- and between-person level. On
the within-person level, researchers can explore the
intraindividual dynamics of momentary states (e.g.,
intraindividual variability, time trajectories, situation-
state contingencies; Beal, 2015; Funder, 2015; Scollon et
al.,, 2009). On the between-person level, investigators can
scrutinize interindividual differences in mean state levels
and intraindividual dynamics. And since we collected
data across multiple study waves, the stability of and
change in trait measures as well as (ESM-based) state
measures (i.e., mean state levels and intraindividual
dynamics, respectively) can be examined on the within-
person level.

ESM helped us to avoid some pitfalls associated with
decontextualized or retrospective self-reports, such as
memory biases or heuristic evaluations (e.g., Larson &
Csikszentmihalyi, 1983; Raphael, 1987). We achieved
this goal by keeping the time lag between prompt and
response short (45 min at the most) and explicitly asking
participants to recollect their last social interaction or
non-social activity.

Moreover, we acquired data on comparatively large
samples (especially in Study 2). This is a noteworthy
deviation from common practice in ESM research, where
relatively small samples were found to constitute
the norm (Wrzus & Mehl, 2015; cf. Xu et al, 2021).
Consequently, statistical analyses based on EMOTIONS
data can be equipped with greater precision and power,
whereby the latter may facilitate detecting effect sizes
of varying—and especially smaller—magnitude (Eid
et al.,, 2017). Notably, in the context of COVID-19, even
small effects can make a big difference (Funder & Ozer,
2019), if they imply that health-prevention behaviors
might be hampered on the societal level or that spread-
mitigating efforts could be undermined on the global
scale (Bierwiaczonek et al., 2022).

Three possible limitations to our data and data
collection process must be recognized. The first limitation
pertains to the ESM component of the EMOTIONS project
and concerns situation and participant (self-) selection.
Regarding situation selection, given that participants
could freely choose when (not) to complete a state survey,
responses in more unusual or extreme situations (e.g.,
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interpersonal conflicts; Schimmack, 2003) may be less
likely. This might limit the “degree to which a full range of
participants’ activities and situations are sampled” (Scollon
et al,, 2009, p. 17) and could diminish the ecological
validity of findings. Concerning participant self-selection,
individuals who initially chose and—in the course of data
collection—continued to complete the state surveys
may differ from others in systematic ways (e.g., greater
motivation, conscientiousness, agreeableness; Scollon et
al.,, 2009). Infact, in Study 2, ESM participants self-reported
being more agreeable than individuals who dropped out
prior to the ESM phase of data collection; and in S2W1,
higher levels of Conscientiousness were significantly
positively associated with the number of completed state
surveys (for details, see Section 2.4.6). However, effect
sizes were consistently small (with Pearson correlations
never exceeding .12 and Cohen’s d never surpassing an
absolute value of 0.34), and statistical significance was
likely induced by large sample sizes in Study 2% (Funder
& Ozer, 2019). Thus, the aforementioned insights ought
to be interpreted with caution, their inconclusive nature?
should be considered, and additional possible intergroup
differences (as well as similarities) have yet to be
uncovered.

The second limitation revolves around the exclusive
use of self-reports across trait and state measures. Self-
reports could be subject to—amongst other influences—
self-enhancement bias (i.e., social desirability), response
styles (e.qg., central tendency responding; but see Section
2.6 for details on our data quality control procedures),
and restrictions to introspection (e.g., Paulhus & Vazire,
2007; Schimmack et al., 2002). In addition, associations
between variables could be inflated by common method
variance. Future studies should integrate additional data
sources such as informant-reported traits and ESM-based
states (e.g., Breil et al., 2019) as well as smartphone
sensing (Harari et al., 2020).

The third limitation is that our samples are not
representative of the German population. In fact, as
detailed in Section 2.4.5, even the convenience samples
recruited in Study 2 displayed characteristics (e.g., mostly
female and highly educated) that might explain some
variance restrictions on more polarizing items and, overall,
the tendency toward more socially desirable reports on
self- and other-related behavioral evaluations (e.g., more
positive views of governmental crisis management) or
behavioral changes (e.g., compliance with preventive
measures). Possibly, given more diverse samples, we
could have observed more variance.

Despite these limitations, we believe that researchers,
practitioners, and lay people alike can benefit from the
EMOTIONS data and the implications of their analysis. In
particular, researchers might engage in (international)
collaborative efforts, combining the EMOTIONS data
with other (trait and state) data that have been collected
world-wide during the COVID-19 pandemic (see Zettler
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et al,, 2022, for an example). This constitutes a fruitful
avenue for novel investigations as well as systematic
reviews, meta- and mega-analyses.

These pooled insights can inform evidence-based
discussions and decision-making processes amongst
political and other societal stakeholders. In a similar vein,
a lay-person-friendly communication of findings based
on EMOTIONS data can educate all members of society
on the ways in which (relatively) stable traits and time-
varying contextual features may affect how people think,
feel, and behave in their daily lives.

We would like to close by focusing on the fact that ESM
requires a noteworthy amount of scientific commitment.
However, these efforts tend to pay off, producing data
with a high degree of detail and analytical potential. As
such, “ESM can be aboon to research” (Scollon et al., 2009,
p. 27).In this light, we hope that the EMOTIONS data can
enrich (psychological) research, socio-political decision-
making, and cultural knowledge on psychological
dynamics in times of societal crises (and beyond).

NOTES

1 Note that by using the term COVID-19 pandemic (or simply
pandemic), we refer to the virus (SARS-CoV-2), the infectious
disease it causes (COVID-19; WHO, 2022), as well as the
regulations and recommendations decreed for its mitigation.

2 We consider decontextualized measures (i.e., measures
that do not reference a specific timeframe) as retrospective.
For instance, when respondents are asked to indicate their
agreement to the statement “I avoid in-person contact with
others” (Bierwiaczonek et al., 2020), they ought to consider
(and summarize; Paulhus & Vazire, 2007) their past behavior. On
these grounds, the methodological limitations of retrospective
assessments apply to decontextualized measures too.

3 The terms state survey and ESM survey are used interchangeably
throughout this paper.

4 All other study waves are abbreviated analogously (i.e., Study 1
Wave 2 as SIW2, Study 2 Wave 1 as S2W1, and Study 2 Wave 2
as S2W2).

5 Two data sets were created per study wave because some
participants did not complete the ESM phase. Thus, less
participants were included in the state data set than in the trait
data set (see Table 2). This being said, researchers interested in
trait measures only could benefit from greater sample sizes in
the trait data sets.

6 Per study wave, the day before the daily number of ESM reports
consistently dropped below 100 was considered as cut-off.

7 Mostly, both emails and participant codes were identical. Yet
sometimes, two accounts were linked to the same email but
slightly different participant codes (that were likely due to
a typo; e.g., KO5EO2H and KO5EO3H). In this case, the two
accounts were merged based on email only. Analogously, if two
accounts shared the same participant code but were linked to
marginally different emails (that likely belonged to the same
person; e.g., honey.bunny@hotmail.com and honey.bunny@
gmail.com), they were merged based on participant codes only.

8 We added the variable wave to the merged trait data sets to
indicate whether a participant completed both waves or only
the first/second wave of the respective study. Furthermore, we
added the variable dataset to the merged state data sets to
signify in which study wave a certain row of data was generated.

9 All assumptions of unpaired t-tests (i.e., [a] independent
samples, [b] bivariate normal distribution, [c] homogeneous
variances in both samples; Schober & Vetter, 2019) were met.
For details, see the R script on descriptive analyses (to be
retrieved from osf.io/6kzx3/).
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10 All assumptions of Pearson correlations (i.e., [a] bivariate
normal distribution, [b] linear relationship between variables,
[c] absence of outliers that were defined as values below
25%-percentile - 3 x interquartile range [IQR] or above
75%-percentile + 3 x IQR, [d] independently measured value
pairs; Schober et al., 2018) were met. For details, see the
R script on descriptive analyses (to be retrieved from osf.
io/6kzx3/).

11 If a trait score existed at a single time point only (e.g., an LM
score existing at T1 of SIW1 only), this score substituted the
aggregate. Also, please note that since those individuals who
did not participate in the ESM phase of SIW2 could not provide
an LM score at T4, no t-test was computed with data from
STW2.

12 The significance level was set to .050.

13 Diminished degrees of freedom are due to missing values (in this
and further instances in the current section).

14 M, = 3.84, SD o, = 0.53 vs M_ ., =3.71,SD_ .. =0.58,
£(1297) = -4.01, p<.001, d = 0.24 (S2W2)
15 Mg, = 3.59, SD,, = 0.64 Vs M, ., = 3.64, SD 0.65,

ESM ESM no ESM noESM

t(1297) = 1.15, p = .249, d = -0.07 (S2W2)
16 No relationship was found in S2W2, r(912) = .04, p = .214.

17 Please note that for the sake of brevity, whenever we speak
of outliers in the context of the data quality checks, we mean
potential outliers only.

18 The latter decision was made because throughout our
self-generated items (e.g., coronavirus-related behavioral
evaluations, coronavirus exposure), we observed substantially
skewed distributions. These would have resulted in low IRVs but
should not be mistaken for careless responding.

19 Whenever subtracting 3 x IQR from the 25%-percentile yielded
a negative result, which is impossible given that standard
deviations are restricted to positive values, we treated IRVs
equal to 0 as outliers.

20 The latter two measures subsume a single construct each—
self-esteem or Honesty-Humility, respectively—but comprise
negatively coded items (Ashton & Lee, 2009; von Collani &
Herzberg, 2003).

21 One trait survey was completed per time point (i.e., initial trait

survey at T1/T3 and final trait survey at T2/T4).

Hence, a participant’s completion time was quantified

by the time difference between the creation time of the first
survey module and the ending time of the last survey
module.

22 By reducing the threshold completion time per item to 1 s, we
acknowledge that due to the repeated assessment of items
across state surveys, training effects that minimize the time
required to complete a single state item may have occurred.

2

w

Illustratively, among the university student samples of Study 1,
a male, 67-year-old participant studying psychology in his 6%
semester could be easily identified.

2

~

For illustrative purposes, compare the Pearson correlation
between scores on LM and the number of completed state
surveys in STW2, r(168) = .12, p =.107, with the Pearson
correlation between scores on Conscientiousness and the
number of completed state surveys in S2W1, r(1643) =.07, p =
.004.

25 E.g., in Study 1, ESM participants’ scores on the warm-agreeable
(LM) octant of the IAL (Jacobs & Scholl, 2005) were not
markedly different from the LM scores of those who left data
collection before the ESM phase.

ADDITIONAL FILES

The additional files for this article can be found as follows:

* Supplemental Material. The Supplemental Material
includes details on compensation (personalized
feedback on emotional well-being), socio-
demographic sample information based on the
state data set per EMOTIONS study wave (Table
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S1), frequency distributions of age and household
size based on the trait and state data set per study
wave (Figures S1 to S4), descriptive statistics on all
established trait measures in Study 1 (Table S2) and
Study 2 (Table S3) with statistics based on state data
sets, as well as details regarding the data quality
checks performed per study wave and time point
(Table S4).. DOL: https://doi.org/10.5334/jopd.83.51

* Supplemental data for this article can be found at osf.
io/6kzx3/.
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