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ABSTRACT
The aim of this study is to examine the variables that influence the learners’ intention 
of using online learning platforms and usage behavior continuity to evaluate 
relationships between variables with a model proposal and to determine the predictive 
power of the model. Accordingly, a sustained technology acceptance model (STAM) 
was developed to identify the factors that influence learners’ intention and usage 
behavior of online learning. The sample of this study consisted of learners registered 
in the Anadolu University Open Education System. As a result of the factor analyses, 
a 42-item measurement tool consisting of eleven factors was developed. Structural 
equation modeling revealed that the eleven-structured model explained 49.8% of 
perceived usefulness, 30.3% of perceived ease of use, 39.4% of usage intention, and 
52.4% of usage behavior continuity, and all 12 proposed hypotheses were supported. 
The analysis to determine the predictive power of the model revealed that it has a 
strong predictive power. The developed model is believed to be efficient in determining 
learners’ expectations, supporting their adaptation to the online learning environment, 
and ensuring their continued usage.

*Author affiliations can be found in the back matter of this article

mailto:abdulvahapsonmez@gmail.com
mailto:abdulvahapsonmez@gmail.com
https://doi.org/10.55982/openpraxis.16.2.570
https://doi.org/10.55982/openpraxis.16.2.570
https://orcid.org/0000-0003-4524-8790
https://orcid.org/0000-0002-0634-5734


196Sönmez and Özdamar  
Open Praxis  
DOI: 10.55982/
openpraxis.16.2.570

INTRODUCTION
Advancements in technology have always gone hand in hand with learning and teaching 
activities, providing technical possibilities to humankind. The advancements in technology 
affect information technologies and consequently, information systems. Just as letter 
correspondence-initiated distance education, some information technologies can open the 
doors to changing the education paradigm upon which the system is based (Attard et al., 2010, 
p.10). On the other hand, the accumulation of knowledge in information systems can enable 
the creation of necessary technologies.

With the proliferation of computer technologies and the increase in individual computers, 
the time and space constraints in learning and teaching have largely disappeared with the 
invention of the internet. The rapid changes in information technologies have shifted from 
teacher-centered education to learner-centered learning paradigms that focus on the freedom 
and needs of the individual. In this new paradigm, online learning forms, such as Massive Open 
Online Courses (MOOCs), which adopt an online learning method, require only self-direction, 
internet access, and a digital device for the learner’s needs (Littlejohn & Hood, 2018, p.3-
48). For instance, a learner can enroll in a MOOC, gain the desired knowledge and skills, and 
obtain a certificate for fee. With the cheapening and widespread use of smart mobile devices 
and storage devices, access to content, sharing, and intervention in sharing can be achieved 
simultaneously all over the world.

Online learning methods, which can be the only method that meets all learning needs of 
learners (synchronous and asynchronous learning), can also be supplemented by in face-to-
face learning-teaching processes as a method that supports blended learning (Cheng, 2012, 
p.362). Regardless of the role of online learning in this process, it can be considered successful 
if it is adopted and continued to be used by learners (Martins & Kellermanns, 2004).

An example of an online learning platform in Turkey is the Anadolum E-Campus System 
provided by Anadolu University, a pioneer in open education in Turkey. However, introducing 
an innovation such as online learning methods to individuals and society is not an easy task. 
To predict the possible reactions and outcomes of an innovation as an idea or a product in 
society, the Technology Acceptance Model (TAM) is frequently used especially in studies of 
usage intention and usage continuance in information systems and information technologies 
(Cheng, 2022, p. 363).

This study examines the factors that influence the intention of Anadolu University Open 
Education System learners to use the Anadolum E-Campus platform and subsequently continue 
to use it via a sustained TAM (STAM).

LITERATURE REVIEW
ANADOLU UNIVERSITY OPEN EDUCATION SYSTEM ANADOLUM E-CAMPUS

The e-Campus platform, offered by Anadolu University Open Education Faculty, Economics 
Faculty, and Business Administration Faculty, is a virtual platform available to learners. The 
Anadolum e-Campus System, which was started to be used in the spring semester of 2016, 
was designed to include planning for content, management, evaluation, and communication 
dimensions to benefit all stakeholders in the best way possible (Sönmez, 2018).

The Anadolum e-Campus System, which is used as a virtual learning environment, enables 
learners to take an active role in their learning process through its learning management 
system (Koçdar et al., 2017). It provides learners with the opportunity to connect to online 
classes from anywhere they want, and it prevents them from falling behind by allowing them 
to watch the missed classes at any time.

In summary, Anadolum e-Campus System is an original learning environment that aims 
to maximize interaction and increase learner motivation by focusing on learning and 
communication technologies. The Anadolum e-Campus is an online learning platform that 
aims to reduce both physical and transactional distance with its features.
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ONLINE LEARNING 

Online learning is the general term for learning that is provided with various digital tools 
(Farmer, 2019) in order to meet individual learning needs or to achieve the performance needs 
of an institution for specific purposes (Clark & Mayer, 2008, p.7). Although online learning is 
generally associated with computers and is based on the teaching machine of behavioral 
psychiatrist Burrhus Frederic Skinner (Clark & Mayer, 2008, p.11), today’s technology also 
benefits from various devices such as smartphones, e-book readers, DVDs, podcasts, and USB 
storage devices. Sometimes, the device used, such as in mobile learning (m-learning), can also 
be the name of the online learning type. Sometimes, as in accessible learning, the feature of 
completely freeing learning from time and place rather than the device that enables learning 
can be the name of the learning type.

Online learning, which holds an important place in our lives, is parallel to the quality of 
planning, designing, presenting, and the pedagogy used during presentation. Offering learning 
content to learners with new technological possibilities alone cannot guarantee learning. The 
characteristics of the learners and the way the learning content is organized and presented are 
decisive in this process. Therefore, as long as the educational methods remain the same, the 
result will not change regardless of the tool used (Clark & Mayer, 2008, pp.8–14).

The success of online learning systems depends on learners’ participation and continued use 
of the system (Zhang et al., 2012). Ensuring learners are involved in the system and using it 
requires some foresight work and overcoming barriers. Scientific studies have revealed many 
factors that affect learners’ participation in online learning environments (Chen, 2007; Cheng 
et al., 2011). Considering these factors will prevent possible exit from the system and increase 
system success.

TECHNOLOGY ACCEPTANCE MODEL (TAM)

Saade and Bahli (2005) stated that very few learners who encountered a new technology were 
able to integrate into the intended system. Therefore, it is necessary to predict, determine, 
and control learners’ adaptation to new technologies. There are models that predict learners’ 
adaptation to new technologies by considering the factors that affect their attitudes, thoughts, 
and adaptability (Venkatesh & Morris, 2000). These are the Diffusion of Innovations Theory, 
Theory of Reasoned Action, Planned Behavior Theory, and Technology Acceptance Model.

The Technology Acceptance Model was initially seen as a theoretical extension of the Theory 
of Reasoned Action, but it was later realized that it was a more competent model in explaining 
user technology acceptance (Lee, 2010). The Technology Acceptance Model states that user 
acceptance behavior is primarily influenced by perceived usefulness and perceived ease of use 
(Venkatesh & Morris, 2000). Perceived ease of use indicates an individual’s beliefs about how 
physically and mentally effortless it is to use a system, while perceived usefulness refers to an 
individual’s beliefs about how using a system enhances their job performance (Davis, 1989).

Because the validity of the TAM has been established, it has been previously used in online 
learning studies, and it has been recommended, the TAM is the model upon which the 
hypotheses in this study are based.

FOCUS OF THE STUDY

By considering this study, online learning and material providers can enhance their products 
to understand what factors affect learners’ acceptance and ongoing use of their systems. This 
can lead to the development of more effective, efficient, and appealing learning experiences. 
Additionally, studies in the literature have shown that the factors affecting online learning can 
differ slightly in different cultures (Salloum et al., 2018; Baraz et al., 2021; Tawafak et al., 2021). 
Therefore, identifying the factors that affect the intention to use and usage behavior continuity 
of learners in online learning in each culture (Chen, 2007; Cheng et al., 2011) can lead to more 
accurate results.

When the literature is examined, it is seen that there are TAM-based scientific studies on the 
intention to use and usage continuity of online learning both in Turkey and abroad (Oliver, 
1980; Venkatesh & Davis, 2000; Ong & Lai, 2006; Lee et al., 2009; Liu et al., 2010; Lee et al., 
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2011; Sukendro et al., 2020; Baraz et al., 2021) No study was found that brings together usage 
intention and usage behavior in a model and examines the effect of usage intention on usage 
behavior with other factors. Since it is thought that usage intention will determine the fate of 
usage behavior, it is considered important to establish such a relationship.

In this study, social norms that directly influence the intention of Anadolu University Open 
Education System learners to use the e-Campus platform, and cognitive participation and 
content richness that indirectly influence usage behavior continuity were determined through 
a literature review. For usage behavior continuity, habit, satisfaction, self-efficacy, and 
endorsement were determined. The following questions are sought to be answered with the 
help of the determined factors:

•	 What are the factors that affect the intention to use and usage behavior continuity of 
Anadolu University Open Education System learners for the e-Campus platform?

•	 Is the model developed according to the technology acceptance approach using the 
determined factors significant?

•	 Are the hypotheses (established regarding the intention to use and usage behavior 
continuity of Anadolu University Open Education System learners for the e-Campus 
platform) supported?

•	 What is the predictive power of the theoretical model developed to determine learners’ 
intention to use online learning and their continuity of usage behavior?

METHODS
The correlational research, which aims to explain the relationship between two or more variables 
and, if any, the direction of the relationship (Creswell, 2012), shapes this study. Correlational 
(associational) research is a quantitative research design that attempts to statistically 
determine the direction and degree of the relationship between two or more variables without 
interfering with the relationship between the variables (Aksu et al., 2017, p.72).

PARTICIPANTS

The development of the measurement tool to be used in the research, the construction of 
the research model, and the data collection for the main application were conducted with 
the learners of the Anadolu University Open Education System in the fall semester of 2021–
2022. An application was made to the Scientific Research and Publication Ethics Committee 
of Anadolu University for the administration of the prepared scale. Following the approval of 
the Committee with protocol number 46176 on March 30, 2021, the research activities began. 
In this application, which was open to any learner who wished to participate through Google 
Forms, simple sampling method was used, which is one of the non-probabilistic sampling 
methods. Simple sampling is a method in which anyone who wishes to participate is included 
and waited until a certain number is reached, providing time and economic savings (Ural, 2011, 
p.43). In the first application, the scale created on Google Forms reached 1300 learners. Among 
the participants, 1001 individuals contributed to the processable data by answering the two 
control questions placed in the scale as desired. For the confirmatory factor analysis, the scale 
created on Google Forms reached 1460 learners. Among the participants, 1001 individuals 
contributed to the processable data by answering the two control questions placed in the scale 
as desired. In the final application, it was observed that 1314 responses out of 1600 were 
acceptable after the eliminations made based on the control questions.

CONSTRUCTION OF ITEM POOL AND SCOPE VALIDATION STUDY

Validity holds particular importance in the preparation stage of a measuring tool (Brains et al., 
2011, p.76). Validity refers to the degree to which the scale is aligned with the characteristic 
being measured. Scope validity refers to the preparation of scale items that cover all aspects 
of the characteristic being measured. Each scale item in scope validity should be related to 
the characteristic being measured (Ayre & Scally, 2014, p.81). For a scope validation study, the 
opinions of an adequate number (5–40) of experts are required, and based on these opinions, 
modifications and additions/deletions must be made (Lawshe, 1975; Brinkman, 2009).
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One technique for attempting to establish scope validity based on expert opinions is Lawshe’s 
technique (1975). It is a widely used technique due to its ease of use (Wilson et al., 2012). This 
technique, initially proposed by Lawshe, was subsequently revised by Wilson et al. (2012) and 
Ayre and Scally (2014). The scope validity criteria determined after revision were used in this 
study.

An expert group consisting of eight university lecturers specializing in Distance Learning and 
Open Education was formed. The 66-item scale was presented to them. An online form prepared 
using Lawshe’s technique, which categorized items as appropriate, in need of development, or 
in need of deletion, was shared with the experts. The options they selected with their reasons 
were later visualized. Then, Lawshe’s formula, KGO = Nu/(N∕2)-1, was used to calculate the 
scope validity ratio (KGO), and the KGO means were obtained. The scope validity index (KGI) 
was then calculated after 22 items with a KGO value of negative, zero, or close to zero were 
removed, leaving 44 items. Since the scale was multidimensional, KGI was calculated separately 
for each factor and compared to the 0.750 criterion determined by the eight experts. It was 
determined that the scale with 44 items had statistically established scope validity, as KGI > 
KGO was achieved for each factor (Lawshe, 1975). The obtained items were recoded according 
to their perceived factors and sequence.

TREORETICAL MODEL AND DEVELOPED HYPOTHESIS

A literature review was conducted to identify the factors that affect the acceptance and 
continuity of online learning, and the model used in this determination (see Figure 1). In the 
literature review, the study conducted by Panigrahi, Srivastava, and Sharma (2018), which 
comprehensively compiled certain factors that influence the intention to use and continue 
using online learning, was determinant in this study. In their study, the intention to use and 
the continuity of online learning were examined in the context of personal (internal) and 
environmental (external) factors.

EXPLORATORY AND CONFIRMATION FACTOR ANALYSES 

Factor analysis, based on Charles Spearman’s study on “mental tests consisting of multiple 
subtests,” refers to the examination and interpretation of numerous variables under a conceptual 
framework (Aksu et al., 2017, p. 2). Factor analysis is a type of analysis that groups many items 
under predetermined headings in the most related way possible and attempts to reduce the 
relationship between groups (Karagoz, 2016, p. 877). Factor analysis based on the correlation 
matrix is used both to reveal the structure of a measurement tool (exploratory factor analysis) 
and to verify the identified factors (confirmatory factor analysis). Confirmatory factor analysis 
refers to testing and verifying the factors and related items identified by exploratory factor 
analysis or literature review through data collection again. Confirmatory factor analysis is “a 
method that estimates and tests the structural relationships between observed variables and 
latent variables, between Variable-Factor, Factor-Factor, and Parameter-Parameter estimates 
through a model” (Özdamar, 2017, p. 229). The basic principle of both types of factor analysis is 

Figure 1 The model of 
hypotheses that affect the 
intention to use and the 
continuity of usage behavior 
of the Anadolum e-Campus 
platform.
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to determine unobservable structures through observable data (Karagoz, 2016, p. 877). Firstly, 
exploratory factor analysis (EFA) was conducted in this study. Then, the second data obtained 
was taken for processing in confirmatory factor analysis (See Table 1).

TESTING THE NORMAL DISTRIBUTION OF DATA 

When dealing with variables that cannot be directly measured, such as perception, cognition, 
or attitudes, and Likert-type scales in social sciences, the normal distribution of the data can 
be assessed using multiple tests. The SPSS software package allows the normality of data to 
be tested using various tests simultaneously. Some statisticians prefer to rely on the tests that 
assess kurtosis and skewness values for normality testing, rather than other tests (Mayers, 
2013, p.52). In this study, skewness and kurtosis values were initially assessed to test for 
normal distribution of the data. Tabachnick and Fidell (2013) state that deviations in kurtosis 
and skewness values are generally not significant when the sample size exceeds 200. However, 
George and Mallery indicate that data is normally distributed when the kurtosis and skewness 
values fall within the ±2 range (2010). Kline suggests that kurtosis and skewness values in 
Structural Equation Modeling can indicate how far the data deviates from normal distribution. 
According to Kline, kurtosis values smaller than ±3 and skewness values smaller than ±10 
indicate that the data is not deviating from normal distribution (Kline, 2016, pp.76–77).

In the analysis conducted using SPSS AMOS software package, it was observed that the final 
data did not meet the assumption of multivariate normality. Therefore, it was decided to use 
partial least squares-based structural equation modeling analysis instead of covariance-based 
structural equation modeling analysis.

FINDINGS 

The findings section is organized according to the research questions.

What are the factors that influence the intention to use and usage behavior continuity of the 
Anadolu University Open Education System learners’ e-campus platform?

A comprehensive and in-depth literature review was conducted to identify the factors that affect 
the acceptance and continuity of online learning. The current studies of Panigrahi, Srivastava, 
and Sharma (2018), who examined the acceptance and usage continuity of online learning 
in two groups as personal factors and environmental factors, were determinant in identifying 
the factors. Additionally, usage intention was added to the factors that affect usage behavior 
continuity to determine the direction and amount of the relationship between usage intention 
and usage behavior continuity. Therefore, self-efficacy, satisfaction, approval, habit, and usage 
intention were identified as the factors that affect usage behavior continuity as a result of the 
literature review. It was concluded that perceived usefulness is influenced by content richness 
and cognitive absorption, perceived ease of use is affected by cognitive absorption, and usage 
intention is influenced by subjective norms, perceived usefulness, and perceived ease of use. 
These factors were used in creating the model.

Is the model developed based on the identified factors significant according to the technology 
acceptance approach?

Convergent and discriminant validity were tested to evaluate the measurement model. In terms 
of convergent validity, reliability at the item level, Cronbach’s alpha (α), composite reliability 

COMPATIBILITY INDEX DESIRABLE COMPATIBILITY VALUE COMPATIBILITY VALUE

X2/sd 2≤CMIN/DF≤ 5 4,593

RMSEA 0≤CMIN/DF≤ 0 .10 0,06

IFI 0.90≤IFI≤1.00 0,953

CFI 0.90≤CFI≤1.00 0,953

SRMR 0≤SRMR≤ 0.10 0, 033

Table 1 Confirmatory factor 
analysis values.
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(CR), and average variance extracted (AVE) were examined. It was found that the item loadings 
ranged from 0.739 to 0.958.

Based on the examination of factor loadings, it has been determined that the item-level 
reliability has been achieved since the values are above 0.708 (Hair et al., 2010). Additionally, 
convergent validity has been achieved due to the AVE values being above 0.500 for all factors, 
and the Cronbach’s alpha and composite reliability (CR) values being above 0.700 (Hair et al., 
2017).

Discriminant validity was examined based on the Fornell-Lacker criterion (See Table 2) and the 
HTMT ratio (See Table 3). It has been concluded that the Fornell-Lacker criterion is met since the 
square root of the AVE value obtained by dividing the square of the factor loadings for each item 
by the number of items is higher than the correlation with other factors (Fornell and Lacker, 1981).

In addition, since the HTMT ratio obtained using the Smart-PLS software is lower than the value 
of 0.90, it has been concluded that discriminant validity is also achieved in terms of the HTMT 
ratio (Hair et al., 2017).

Are the hypotheses established regarding the intention to use and continuous usage behavior of 
Anadolu University Open Education System learners on the e-campus platform supported?

The hypotheses regarding the usage intentions and behaviors of Anadolu University Open 
Education System learners with regards to the e-campus platform were tested using structural 
equation modeling (See Table 4). The path coefficient between usage intention and perceived 
benefit was found to be 0.092, and it was found to be statistically significant (β = 0.092; p = 0.038). 
The path coefficient between usage intention and perceived ease of use was found to be 0.380, 

AF AKK ALS BK KDD KN MMT ONY OYT OZN IZ

AF 0.896

AKK 0.598 0.894

ALS 0.413 0.364 0.914

BK 0.580 0.551 0.593 0.845

KDD 0.531 0.449 0.515 0.522 0.893

KN 0.443 0.523 0.560 0.588 0.615 0.933

MMT 0.576 0.575 0.569 0.673 0.643 0.671 0.929

ONY 0.538 0.514 0.473 0.604 0.612 0.537 0.729 0.937

OYT 0.472 0.547 0.302 0.303 0.444 0.398 0.491 0.506 0.893

OZN 0.370 0.264 0.528 0.478 0.406 0.468 0.421 0.409 0.189 0.930

IZ 0.613 0.601 0.490 0.563 0.497 0.527 0.554 0.635 0.497 0.403 0.845

Table 2 Discriminant validity 
(Fornell-Lacker).

AF AKK ALS BK KDD KN MMT ONY OYT OZN IZ

AF

AKK 0.651

ALS 0.446 0.394

BK 0.630 0.589 0.665

KDD 0.576 0.487 0.562 0.577

KN 0.480 0.567 0.602 0.648 0.667

MMT 0.617 0.618 0.604 0.721 0.688 0.717

ONY 0.575 0.550 0.501 0.643 0.653 0.571 0.768

OYT 0.527 0.611 0.331 0.330 0.491 0.442 0.538 0.554

OZN 0.396 0.284 0.561 0.523 0.437 0.498 0.442 0.428 0.205

IZ 0.681 0.670 0.545 0.635 0.552 0.585 0.607 0.696 0.566 0.444

Table 3 Discriminant validity 
(HTMT).
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and it was found to be statistically significant (β = 0.380; p = 0.000). The path coefficient between 
usage intention and subjective norm was found to be 0.334, and it was found to be statistically 
significant (β = 0.334; p = 0.000). It was found that perceived benefit, perceived ease of use, and 
subjective norm explained 39.4% of usage intention (R2 = 0.395; Adjusted R2 = 0.394).

The path coefficient between perceived benefit and perceived ease of use was found to be 
0.274, and it was found to be statistically significant (β = 0.274; p = 0.000). The path coefficient 
between perceived benefit and cognitive absorption was found to be 0.258, and it was found to 
be statistically significant (β = 0.258; p = 0.000). The path coefficient between perceived benefit 
and content richness was found to be 0.303, and it was found to be statistically significant (β 
= 0.303; p = 0.000). It was found that perceived ease of use, cognitive absorption, and content 
richness explained approximately 50% of perceived benefit (R2 = 0.499; Adjusted R2 = 0.498).

The path coefficient between usage behavior continuity and habit was found to be 0.130, 
and it was found to be statistically significant (β = 0.130; p = 0.000). The path coefficient 
between usage behavior continuity and usage intention was found to be 0.259, and it was 
found to be statistically significant (β = 0.259; p = 0.000). The path coefficient between usage 
behavior continuity and satisfaction was found to be 0.178, and it was found to be statistically 
significant (β = 0.178; p = 0.001). The path coefficient between usage behavior continuity and 
confirmation was found to be 0.232, and it was found to be statistically significant (β = 0.232; 
p = 0.000). The path coefficient between usage behavior continuity and self-efficacy was found 
to be 0.097, and it was found to be statistically significant (β = 0.097; p = 0.000). It was found 
that habit, usage intention, satisfaction, confirmation, and self-efficacy explained 52.4% of 
usage behavior continuity (R2 = 0.526; Adjusted R2 = 0.524).

What is the predictive power of the theoretical model developed to determine learners’ intention 
and usage behavior of online learning? 

The explanatory power of the model and its predictive power, which was tested through 
K-fold cross-validation, were evaluated (See Table 5). The results indicated that the model 
had sufficient predictive power (Shmueli et al., 2019). Therefore, it is believed that the model 
developed in this study has the ability to predict the usage intention and continuance of online 
learning for Anadolu University Open Education System learners. There is also a possibility that 
the model may produce similar results when used in other learning cultures.

COEFFICIENT STANDARD 
DEVIATION

t p f2 VIF R2 Radj
2

Perceived Benefit (AF) -> Intention to Use (KN) 0.092 0.044 2.077 0.038 0.008 1.684 0.395 0.394

Perceived Ease of Use (AKK)-> Intention to Use (KN) 0.380 0.038 9.884 0.000 0.152 1.562

Subjective Norm (OZN) -> Intention to Use KN) 0.334 0.025 13.423 0.000 0.158 1.162

Habit (ALS) -> Continuance Usage Behavior (KDD) 0.130 0.026 4.963 0.000 0.022 1.628 0.526 0.524

Intention to Use (KN) -> Continuance Usage Behavior (KDD) 0.259 0.036 7.167 0.000 0.070 2.016

Satisfaction (MMT) -> Continuance Usage Behavior (KDD) 0.178 0.053 3.398 0.001 0.022 2.989

Approval (ONY) -> Continuance Usage Behavior (KDD) 0.232 0.044 5.280 0.000 0.049 2.302

Self-Efficacy (OYT) -> Continuance Usage Behavior (KDD) 0.097 0.034 2.831 0.005 0.014 1.415

Perceived Ease of Use (AKK) -> Perceived Benefit (AF) 0.274 0.035 7.855 0.000 0.086 1.748 0.499 0.498

Cognitive Absorption (BK)-> Perceived Benefit (AF) 0.258 0.033 7.728 0.000 0.081 1.633

Content Richness (IZ)-> Perceived Benefit (AF) 0.303 0.036 8.523 0.000 0.103 1.781

Cognitive Absorption (BK) -> Perceived Ease of Use (AKK) 0.551 0.021 26.159 0.000 0.436 1.000 0.304 0.303

Table 4 Path analysis.

RMSE MAE Q²

Perceived Usefulness 0.748 0.568 0.443

Perceived Ease of Use 0.837 0.674 0.302

Behavioral Continuance 0.721 0.537 0.482

Intention to Use 0.800 0.623 0.363

Table 5 Predictive power 
results.
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DISCUSSION 
The discussion section is organized according to the research questions.

What are the factors that affect the intention and usage behavior continuity of Anadolu University 
Open Education System learners in using the e-campus platform?

Based on the literature review, a theoretical model was developed using a TAM framework 
to determine the factors thought to affect learners’ online learning usage intentions and 
continuity. Internal and external factors used in the model were selected according to the 
framework classification identified by Panigrahi, Srivastava, and Sharma (2018). Following 
the identification of the factors, the scales and models developed in the field were examined. 
Taking into account the interaction, degree, and direction of the factors in these studies, the 
factors that are thought to affect Anadolu University Open Education System learners the most 
were determined.

The identified factors were found to support all twelve hypotheses determined according to 
the TAM-based theoretical model. Accordingly, content richness, cognitive absorption, and 
perceived ease of use factors positively influence perceived benefits. Perceived ease of use is 
positively influenced by cognitive absorption. Perceived benefits, perceived ease of use, and 
subjective norm factors positively affect usage intention. Usage behavior continuity is positively 
influenced by usage intention, habit, self-efficacy, approval, and satisfaction factors.

When the data obtained from Anadolu University Open Education System learners were 
examined, it was determined that cognitive absorption had the highest (0.551) and perceived 
benefit had the lowest (0.092) impact. Although the subjective norm factor had a relatively 
high explanatory power (0.334), the low value of the perceived benefit factor is thought to be 
influenced by factors such as the compulsory nature of the Anadolu E-Campus platform and 
the need for learners to use it in certain periods of the year, such as midterm and final exams, 
and online courses.

Is the model developed according to the technology acceptance approach using the determined 
factors significant?

The convergence and discriminant validities were statistically tested for the evaluation of the 
measurement model. For convergence validity, reliability at the item level, Cronbach’s alpha 
(α), composite reliability (CR), and AVE were examined. It was observed that the item loadings 
ranged from 0.739 to 0.958. When looking at the item loadings, it was determined that the 
item-level reliability was achieved because the values were above 0.708 (Hair et al., 2010). In 
addition, convergence validity was determined to be achieved due to AVE values being above 
0.500 and Cronbach’s alpha and composite reliability (CR) values being above 0.700 for all 
factors (Hair et al., 2017).

For discriminant validity, both the Fornell-Lacker criterion and the HTMT ratio were examined. 
It was concluded that the Fornell-Lacker criterion was satisfied because the square root of the 
AVE (Average Variance Extracted) value obtained by dividing the square of the item loadings 
for each factor by the number of items was higher than the correlation with the other factor 
(Fornell and Lacker, 1981). In addition, discriminant validity was achieved based on the HTMT 
ratio being less than 0.90 (Hair et al., 2017).

There are different opinions about the threshold values that should be present for the R2 values 
explaining the internal variables of the external variables in the proposed model. While Moksony 
(1999) stated that R2 cannot indicate the fit of a model, Falk and Miller (1992) stated that an 
R2 value of 0.10 or higher would be sufficient to explain the internal variable by the external 
variable. Chin (1998) stated that in structural equation modeling analysis based on partial least 
squares, the rates of explanation of the internal variable by the external variable are low for 
less than 19%, medium for 33%, and high for 67% and above. Hair et al. (2011) and Hair et 
al. (2013) stated that the R2 value would be low for 25%, medium for 50%, and high for 75% 
and above in modeling studies in the marketing field. Since this doctoral dissertation examines 
variability in human characteristics in the field of Social Sciences and uses partial least squares-
based structural equation modeling analysis, the value ranges provided by Chin (1998) were 
taken into account. The perceived ease of use of cognitive lock-in was found to explain at a rate 
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of 30.3%. This value indicates that the cognitive lock-in variable in the presented model has a 
feature of explaining the perceived ease of use variable in a range close to medium. The rate of 
explanation of usage intention by perceived usefulness, perceived ease of use, and subjective 
norms as external variables and usage intention as an internal variable was found to be 39.4%. 
It was seen that usage intention was explained by external variables in an average range. 
It was observed that the external structures of perceived usefulness, perceived ease of use, 
and content richness explained the internal perceived benefit structure with a good value of 
49.8%. Finally, it was determined that usage behavior continuity was explained by the external 
variables of habit, usage intention, satisfaction, approval, and self-efficacy with an internal 
variable rate of 52.4%. With this value obtained, it can be said that usage behavior continuity is 
explained in a high level by the latent variable.

It was observed that the identified factors exhibited a significant integrity in the theoretical 
model based on TAM. Therefore, it was concluded that the factors determined as a result 
of the literature review can explain the online learning usage intentions and usage behavior 
continuities of Anadolu University Open Education System learners in the statistical analyses 
performed and create a significant model.

Are the hypotheses established regarding the usage intentions and usage continuities of Anadolu 
University Open Education System learners about the e-campus platform supported?

It was observed that all the hypotheses determined during the model creation were supported.

What is the predictive power of the theoretical model created to determine learners’ intention to 
use and continuous usage behavior of online learning?

The explanatory power of the model and its predictive power through partial small squares-
validation were tested. The results indicated that the model had sufficient predictive power 
(Shmueli et al., 2019). Therefore, it is believed that the model created in this study has the 
ability to predict the usage intentions and continuance behaviors of Anadolu University Open 
Education System learners in online learning. There is a possibility that the model may produce 
similar results when used in other learning cultures.

CONCLUSION, IMPLICATIONS AND SUGGESTIONS
After analyzing the data obtained from Anadolu University Distance Education System learners, 
it was determined that cognitive overload explains 30.3% of perceived ease of use. Perceived 
usefulness, perceived ease of use, and subjective norm external variables explain 39.4% of 
usage intention internal variable. It was found that perceived ease of use, cognitive overload, 
and content richness external variables explain the internal perceived benefit structure with a 
value of 49.8%, which is considered good. Finally, usage behavior continuity internal variable 
was found to be explained by external variables such as habit, usage intention, satisfaction, 
approval, and self-efficacy with a rate of 52.4%. It was determined that usage intention 
and usage behavior continuity could be explained by the given external variables at a level 
above average. The fact that these values are at average levels is thought to be due to the 
variability of human behavior, the high number of participants, and the presence of outliers 
in the data set. Considering the intensive online learning and exposure to online learning 
imposed by the COVID-19 pandemic, which is assumed to have affected the participants’ 
responses, it is a reasonable explanation for the values not being high. In short, considering 
the given path coefficients, prediction values, percentage of explainability, significance values, 
and confirmation of hypotheses about the model, it can be said that the created model can 
successfully determine the factors of intended use of online learning and usage behavior 
continuity, provide similar results outside the sample, and perform well in prediction. It is 
believed that the created model can be effective in determining the expectations of learners 
from online learning, getting learners used to online learning, and ensuring the continuity of 
usage of online learning.

The findings of this study regarding the Anadolu E-Campus platform indicate that learners 
find the system content sufficient. However, for the system to be used more, it is thought that 
it should be compatible with the learners’ needs, there should be no doubt about the content, 
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the information should be suitable for the developments of the time, and it should be complete 
enough to meet the learners’ needs. In addition, the interface with which the learner constantly 
interacts should have features such as a related appearance to the real world, user control and 
freedom, consistency, error prevention, memory load reduction, aesthetics, simple design, and 
assistance (Nielsen, 2010). It is thought that a system that meets these requirements will pave 
the way for learners to carry out the necessary activities related to learning without getting bored.

In this study, the results obtained are specific to Anadolu University learners, but they are 
generally related to online learners with similar cultural and technological characteristics 
worldwide. Therefore, the results of this statistical study conducted in this research can be 
easily utilized in global studies.

DATA ACCESSIBILITY STATEMENT
The datasets used and/or analysed during the current study are available from the corresponding 
author on reasonable request.

ETHICS AND CONSENT
The decision of the Anadolu University Social and Human Sciences Research and Publication 
Ethics Committee was taken with protocol number 46176 on 30.03.2021.

COMPETING INTERESTS 
The authors have no competing interests to declare.

AUTHOR CONTRIBUTIONS (CRediT)
Abdulvahap Sonmez: Writing—original draft preparation, review and editing; Nilgün Ozdamar: 
Supervision, writing—review and editing. All authors have read and agreed to the published 
version of the manuscript. 

AUTHOR AFFILIATIONS
Abdulvahap Sönmez  orcid.org/0000-0003-4524-8790

Ministry of National Education, Turkey

Nilgün Özdamar  orcid.org/0000-0002-0634-5734

Anadolu University, Turkey

REFERENCES
Aksu, G., Eser, M. T., & Güzeller, C. O. (2017). Açımlayıcı ve Doğrulayıcı Faktör Analizi ile Yapısal Eşitlik 

Modeli Uygulamaları. Detay Yayıncılık.

Attard, A. (2010). Student Centered Learning: An Insight Into Theory And Practice. European Students 

Union. Education and Culture DG. Bucharest: Lifelong Learning Programme https://www.esu-online.

org/wp-content/uploads/2016/07/2010-T4SCL-Stakeholders-Forum-Leuven-An-Insight-Into-Theory-

And-Practice.pdf

Ayre, C., & Scally A. J. (2014). Critical values for Lawshe’s content validity ratio: revisiting the original 

methods of calculation. Measurement and Evaluation in Counseling and Development, 47(1), 79–86. 

DOI: https://doi.org/10.1177/0748175613513808

Baraz, A. B., Atik, E., & Atik, E. (2021). Öğrenme Yönetim Sistemi Kullanımının Teknoloji Kabul Modeli 

Kapsamında İncelenmesi: Anadolu Üniversitesi Örneği. Karadeniz Sosyal Bilimler Dergisi, 13 (24), 

503–522. DOI: https://doi.org/10.38155/ksbd.886333

Brains, C., Willnat, L., Manheim, J., & Rich, R. (2011). Empirical Political Analysis (8th edition). Longman. 

Brinkman. W.-P. (2009). Design of a questionnaire instrument. Handbook of mobile technology research 

methods. pp. 31–57. Nova Publisher. 

Chen, I. Y. (2007). The factors influencing members’ continuance intentions in professional virtual 

communities – a longitudinal study. Journal of Information Science, 33(4), 451–67. DOI: https://doi.

org/10.1177/0165551506075323

https://credit.niso.org/
https://orcid.org/0000-0003-4524-8790
https://orcid.org/0000-0003-4524-8790
https://orcid.org/0000-0002-0634-5734
https://orcid.org/0000-0002-0634-5734
https://www.esu-online.org/wp-content/uploads/2016/07/2010-T4SCL-Stakeholders-Forum-Leuven-An-Insight-Into-Theory-And-Practice.pdf
https://www.esu-online.org/wp-content/uploads/2016/07/2010-T4SCL-Stakeholders-Forum-Leuven-An-Insight-Into-Theory-And-Practice.pdf
https://www.esu-online.org/wp-content/uploads/2016/07/2010-T4SCL-Stakeholders-Forum-Leuven-An-Insight-Into-Theory-And-Practice.pdf
https://doi.org/10.1177/0748175613513808
https://doi.org/10.38155/ksbd.886333
https://doi.org/10.1177/0165551506075323
https://doi.org/10.1177/0165551506075323


206Sönmez and Özdamar  
Open Praxis  
DOI: 10.55982/
openpraxis.16.2.570

Chen, J. (2022). Applying TAM to the Adoption of E-learning Platform. In 2022 3rd International 

Conference on Mental Health, Education and Human Development (MHEHD 2022). Atlantis Press. DOI: 

https://doi.org/10.2991/assehr.k.220704.207

Cheng, B., Wang, M., Yang, S. J. H., Kinshuk & Peng, J. (2011). Acceptance of competency-based 

workplace e-learning systems: Effects of individual and peer learning support. Computers & 

Education, 57(1), 1317–33. DOI: https://doi.org/10.1016/j.compedu.2011.01.018

Cheng, Y. (2012). Effects of quality antecedents on e‐learning acceptance. Internet Research, 22(3), 361–

390. DOI: https://doi.org/10.1108/10662241211235699

Chin, W. W. (1998). The partial least squares approach to structural equation modelling. In G. A. 

Marcoulides (Ed.), Modern Methods for Business Research. Lawrence Erlbaum Associates, Inc.

Clark, R. C., & Mayer, R. E. (2008). e-Learning and the Science of Instruction. Pfeiffer.

Creswell, J. W. (2012). Educational research: Planning, conducting, and evaluating quantitative and 

qualitative research. MA Pearson.

Davis, F. D. (1989). Perceived Usefulness, Perceived Ease of Use, and User Acceptance of Information 

Technology. MIS Quarterly, 13(3), 319–339. DOI: https://doi.org/10.2307/249008

Falk, R. F., & Miller, N. B. (1992). A primer for soft modeling. Akron Press.

Farmer, L. S. (2019). Globalization and Localization in Online Settings. In L. Kyei-Blankson, J. Blankson, & 

E. Ntuli (Eds.), Care and Culturally Responsive Pedagogy in Online Settings. IGI Global. DOI: https://doi.

org/10.4018/978-1-5225-7802-4

Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation models with unobservable 

variables and measurement error. Journal of marketing research, 18(1), 39–50. DOI: https://doi.

org/10.1177/002224378101800104

Hair, J. F., Black, W., Babin, B. J., & Anderson, R. E. (2010). Multivariate data analysis: A global perspective. 

Pearson.

Hair, J. F., Ringle, C. M., & Sarstedt, M. (2011). PLS-SEM: Indeed a silver bullet. Journal of Marketing Theory 

and Practice, 19(2), 139–151. DOI: https://doi.org/10.2753/MTP1069-6679190202

Hair, J. F., Ringle, C. M., & Sarstedt, M. (2013). Partial least squares structural equation modeling: 

Rigorous applications, better results and higher acceptance. Long Range Planning, 46(2), 1–12. DOI: 

https://doi.org/10.1016/j.lrp.2013.01.001

Hair, J. J. F., Hult, G. T. M., Ringle, C. M., & Sarstedt, M. (2017). A primer on partial least squares structural 

equation modeling (PLS-SEM). SAGE Publications.

Karagöz, Y. (2016). SPSS ve Amos 23 Uygulamalı İstatistiksel Analizler. Nobel.

Kline, R. B. (2016). Principle and Practice of Structural Equation Modeling. The Guilford Press.

Koçdar, S., Karadeniz, A., Bozkurt, A., & Büyük, K. (2017). Açık ve Uzaktan Öğrenmede Sorularla 

Zenginleştirilmiş Etkileşimli Video Kullanımı. Eskişehir Osmangazi Üniversitesi Sosyal Bilimler Dergisi, 

18(2), 93–113. DOI: https://doi.org/10.17494/ogusbd.371441

Lawshe, C. H. (1975). A quantitative approach to content validity. Personnel psychology, 28(4), 563–575. 

DOI: https://doi.org/10.1111/j.1744-6570.1975.tb01393.x

Lee, B. C., Yoon, J. O., & Lee, I. (2009). Learners’ acceptance of e-learning in South Korea: Theories and 

Results. Computers & Education, 53(4). DOI: https://doi.org/10.1016/j.compedu.2009.06.014

Lee, Ming-C. (2010). Explaining and predicting users’ continuance intention toward e-learning: An 

extension of the expectation–confirmation model. Computers & Education, 54(2), 506–516. DOI: 

https://doi.org/10.1016/j.compedu.2009.09.002

Lee, Y. H., Hsieh, Y. C., & Ma, C. Y. (2011). A model of organizational employees’ e-learning 

systems acceptance. Knowledge-Based Systems, 24(3), 355–66. DOI: https://doi.org/10.1016/j.

knosys.2010.09.005

Liu, I. F., Chen, M. C., Sun, Y. S., Wible, D., & Kuo, C.-H. (2010). Extending the TAM model to explore the 

factors that affect intention to use an online learning community. Computers & Education, 54(2), 

600–10. DOI: https://doi.org/10.1016/j.compedu.2009.09.009

Littlejohn, A., & Hood, N. (2018). Reconceptualising Learning in the Digital Age The [Un]democratising 

Potential of MOOCs. Springer. DOI: https://doi.org/10.1007/978-981-10-8893-3

Martins, L. L., & Kellermanns, F. W. (2004). A model of business school students’ acceptance of a web-

based course management system. Academy of Management Learning & Education, 3(1), 7–26. DOI: 

https://doi.org/10.5465/amle.2004.12436815

Mayers, A. (2013.) Introduction to Statistics and SPSS in Psychology. Pearson.

Moksony, F. (1999). Small is beautiful. The Use and Interpretation of R2 in Social Research. Szociologiai 

Szemle, Special İssue, 130–138.

Nielsen, J. (2010). Ten Usability Heuristics, https://www.nngroup.com/articles/ten-usability-heuristics/. 

Retrieved September 20, 2023.

Oliver, R. L. (1980). A cognitive model of the antecedents and consequences of satisfaction decisions. 

Journal of Marketing Research, 17(4), 460–9. DOI: https://doi.org/10.1177/002224378001700405

Ong, C. S., & Lai, J. Y. (2006). Gender differences in perceptions and relationships among dominants of 

e-learning acceptance. Computers in Human Behavior, 22(5), 816–29. DOI: https://doi.org/10.1016/j.

chb.2004.03.006

https://doi.org/10.2991/assehr.k.220704.207
https://doi.org/10.1016/j.compedu.2011.01.018
https://doi.org/10.1108/10662241211235699
https://doi.org/10.2307/249008
https://doi.org/10.4018/978-1-5225-7802-4
https://doi.org/10.4018/978-1-5225-7802-4
https://doi.org/10.1177/002224378101800104
https://doi.org/10.1177/002224378101800104
https://doi.org/10.2753/MTP1069-6679190202
https://doi.org/10.1016/j.lrp.2013.01.001
https://doi.org/10.17494/ogusbd.371441
https://doi.org/10.1111/j.1744-6570.1975.tb01393.x
https://doi.org/10.1016/j.compedu.2009.06.014
https://doi.org/10.1016/j.compedu.2009.09.002
https://doi.org/10.1016/j.knosys.2010.09.005
https://doi.org/10.1016/j.knosys.2010.09.005
https://doi.org/10.1016/j.compedu.2009.09.009
https://doi.org/10.1007/978-981-10-8893-3
https://doi.org/10.5465/amle.2004.12436815
https://www.nngroup.com/articles/ten-usability-heuristics/
https://doi.org/10.1177/002224378001700405
https://doi.org/10.1016/j.chb.2004.03.006
https://doi.org/10.1016/j.chb.2004.03.006


207Sönmez and Özdamar  
Open Praxis  
DOI: 10.55982/
openpraxis.16.2.570

TO CITE THIS ARTICLE:
Sönmez, A., & Özdamar, N. 
(2024). Examining the Factors 
Related to Learners’ Intention 
and Usage Continuity of 
Online Learning. Open Praxis, 
16(2), pp. 195–207. DOI: 
https://doi.org/10.55982/
openpraxis.16.2.570

Submitted: 23 June 2023 
Accepted: 20 November 2023 
Published: 03 April 2024

COPYRIGHT:
© 2024 The Author(s). This is an 
open-access article distributed 
under the terms of the Creative 
Commons Attribution 4.0 
International License (CC-BY 
4.0), which permits unrestricted 
use, distribution, and 
reproduction in any medium, 
provided the original author 
and source are credited. See 
http://creativecommons.org/
licenses/by/4.0/.

Open Praxis is a peer-reviewed 
open access journal published 
by International Council for 
Open and Distance Education.

Özdamar, K. (2017). Ölçek ve Test Geliştirme Yapısal Eşitlik Modellemesi IBM SPSS, IBM SPSS Amos ve 

Minitab Uygulamalı. Nisan Kitapevi.

Panigrahi, R., Srivastava, P. R., & Sharma, D. (2018). Online Learning: Adoption, Continuance, and 

Learning Outcome—A Review of Literature. International Journal of Information Management, 43, 

1–14. DOI: https://doi.org/10.1016/j.ijinfomgt.2018.05.005

Saade, R., & Bahli, B. (2005). The impact of cognitive absorption on perceived usefulness and perceived 

ease of use in on-line learning: An extension of the technology acceptance model. Information & 

Management, 42, 317–327. DOI: https://doi.org/10.1016/j.im.2003.12.013

Salloum, S. A., Al-Emran, M., Shaalan, K., & Tarhini, A. (2018). Factors affecting the E-learning 

acceptance: A case study from UAE. Education and Information Technologies. DOI: https://doi.

org/10.1007/s10639-018-9786-3

Shmueli, G., Sarstedt, M., Hair, J. F., Cheah, J. H., Ting, H., Vaithilingam, S., & Ringle, C. M. (2019). 

Predictive model assessment in PLS-SEM: Guidelines for using PLSpredict. European Journal of 

Marketing, 53(11), 2322. DOI: https://doi.org/10.1108/EJM-02-2019-0189

Sonmez, H. (2018). Anadolu Üniversitesi Açıköğretim Sistemindeki öğrencilerin ders çalışma 

alışkanlıklarının betimsel değerlendirilmesi. Açıköğretim Uygulamaları ve Araştırmaları Dergisi, 4(2), 

171–188. Retrieved from https://dergipark.org.tr/en/pub/auad/issue/36759/419621

Sukendro, S., Habibi, A., Khaeruddin, K., Indrayana, B., Syahruddin, S., Makadada, F. A. & Hakim, H. 
(2020) Using an extended Technology Acceptance Model to understand students’ use of e-learning 

during Covid-19: Indonesian sport science education context. Heliyon, 6(11). DOI: https://doi.

org/10.1016/j.heliyon.2020.e05410

Tabachnick, B. G., & Fidell, L. S. (2013). Using Multivariate Statistics. Pearson Education Inc.

Tawafak, R., Iqbal Malik, S., Mathew, R., Ashfaque, M., Jabbar, J., Al-Nuaimi, M., Eldow, A., & Alfarsi, 
G. (2021). A Combined Model for Continuous Intention to Use E-Learning System. International 

Journal of Interactive Mobile Technologies (iJIM). 15(3), 113–129. DOI: https://doi.org/10.3991/ijim.

v15i03.18953

Ural, A., & Kılıç, İ. (2011). Bilimsel Araştırma Süreci ve SPSS ile Veri Analizi. Detay Yayıncılık.

Venkatesh, V., & Davis, F. (2000). A Theoretical Extension of the Technology Acceptance Model: Four 

Longitudinal Field Studies. Management Science, 46(2), 186–204. DOI: https://doi.org/10.1287/

mnsc.46.2.186.11926

Venkatesh, V., & Morris, M. (2000). Why Don’t Men Ever Stop to Ask for Directions? Gender, Social 

Influence, and Their Role in Technology Acceptance and Usage Behavior. MIS Quarterly, 24(1), 115–

139. DOI: https://doi.org/10.2307/3250981

Wilson, F. R., Pan, W., & Schumsky, D. A. (2012). Recalculation of the critical values for Lawshe’s content 

validity ratio. Measurement and Evaluation in Counseling and Development, 45, 197–210. DOI: https://

doi.org/10.1177/0748175612440286

Zhang, Y., Fang, Y., Wei, K., & Wang, Z. (2012). Promoting the intention of students to continue their 

participation in e‐learning systems: The role of the communication environment. Information 

Technology & People, 25(4), 356–375. DOI: https://doi.org/10.1108/09593841211278776

https://doi.org/10.55982/openpraxis.16.2.570
https://doi.org/10.55982/openpraxis.16.2.570
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1016/j.ijinfomgt.2018.05.005
https://doi.org/10.1016/j.im.2003.12.013
https://doi.org/10.1007/s10639-018-9786-3
https://doi.org/10.1007/s10639-018-9786-3
https://doi.org/10.1108/EJM-02-2019-0189
https://dergipark.org.tr/en/pub/auad/issue/36759/419621
https://doi.org/10.1016/j.heliyon.2020.e05410
https://doi.org/10.1016/j.heliyon.2020.e05410
https://doi.org/10.3991/ijim.v15i03.18953
https://doi.org/10.3991/ijim.v15i03.18953
https://doi.org/10.1287/mnsc.46.2.186.11926
https://doi.org/10.1287/mnsc.46.2.186.11926
https://doi.org/10.2307/3250981
https://doi.org/10.1177/0748175612440286
https://doi.org/10.1177/0748175612440286
https://doi.org/10.1108/09593841211278776

