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In this appendix, we present some additional results complementing those in the main text.

1 Model estimates

Figure A: Estimates of the reproduction number Rt,x. Posterior mean and 90% credible intervals.
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Figure B: Estimated numbers of infectious individuals It,x, in linear and log scales. Posterior mean and 90% credible
intervals.

Figure C: The expected number of hospitalizations per week Ew,x and the corresponding observed numbers observed
numbers Hw,x in linear and log scales. Posterior mean and 90% credible intervals, dots present the observed data.

Figure D: Estimated portion of Susceptibles in the population St,x/N0,x. Posterior mean and 90% credible intervals.
Note that y-axis does not include zero.

Figure E: Changes in the population size in countries due to mobility Nt,x/N0,x, relative to the starting population size.
Posterior mean and 90% credible intervals. Note that y-axis does not include zero.
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2 Primary effect estimations

Figure F: Estimates of the total number of new infections per day itotal newt,x local and the net mobility effect Qt,x, shown

at different linear scales. Posterior mean and 90% credible intervals. The upper row shows the itotal newt,x on a larger scale,
while the lower row zooms in to focus on Qt,x.

Figure G: Estimates of new non-local infection by source, divided by the total number of new infection:
Qlong term

t,x /itotal newt,x , Qnon-Nordic
t,x /itotal newt,x and Qcommuters

t,x /itotal newt,x . Posterior mean and 90% credible intervals. See

Section 3.1.1 for definitions. Note that Figure 4 in the main text shows the same quantities Qlong term, Qnon-Nordic
t,x and

Qcommuters in absolute scale
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Figure H: Estimates of the mobility effects, split into different contributing factors. Posterior mean and 90% credible
intervals.
Term B: infected from other Nordics arriving to country x.
Term C: departing from country x to other Nordic countries.
Term D: inflow to country x from outside of Nordics.
Term E: departing from country x to outside of Nordics.
Term G: reduction in local infections due to commuters leaving.
Term H: infections caused in country x by commuters arriving from other Nordics.
Term J: commuter from country x, infected in other countries and returning back.
See Section 3.1.1, in particular equations (11) and (13) for detailed definitions.

Figure I: Estimates of non-local infections by country per day, divided by the total number of new infection. Lines show
posterior mean and colored areas show 90% posterior intervals. Note that Figure 5 in the main text shows the same
quantities in absolute scale.
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3 Secondary effect estimations

Figure J: Alternative representation of the counterfactual analysis, where cross-country mobility is set to zero. Top row:
black line shows the mean number of infections E(It,x) in the baseline scenario. Colored lines presents the number of
infections in counterfactual scenarios Ec(It,x), during the 50 day interval starting with the implementation of restrictions.
Dots mark the start of the restriction. Mid row: same values, shown as a difference between counterfactual and baseline
scenario Ec(It,x) − E(It,x) . Bottom row: same values, divided by baseline scenario [Ec(It,x) − E(It,x)]/E(It,x). Note
that Figure 8 in the main text shows the same quantities E(It,x) and Ec(It,x) in log scale.
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Figure K: Alternative representation of the counterfactual analysis, where mobility returns to the pre-pandemic levels. Top
row: black line shows the mean number of infections E(It,x) in the baseline scenario. Colored lines presents the number of
infections in counterfactual scenarios Ec(It,x), during the 50 day interval starting with the implementation of restrictions.
Dots mark the start of the restriction. Mid row: same values, shown as a difference between counterfactual and baseline
scenario Ec(It,x) − E(It,x). Bottom row: same values, divided by baseline scenario [Ec(It,x) − E(It,x)]/E(It,x). Note
that Fig 9 in the main text shows the same quantities E(It,x) and Ec(It,x) in log scale.
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4 Posterior correlation of the parameters

Figure L: Posterior correlation between values ofRtx in each country. We see that for the majority of the values, sequential
values (time difference one week) are slightly positively correlated; values 2-5 weeks apart are slightly negatively correlated
and the rest are uncorrelated. Values at the beginning and end of the modelled period are more strongly correlated (both
positively and negatively).
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Figure M: Posterior correlation between selected values of Rt for all countries. We see that the values of Rtx are not
correlated between different countries.
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