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The individual variables with a large proportion (>5%) of missing data comprised: depressive symptoms (25% in CRELES; 7% in NHANES); instrumental activities of daily living (IADL) limitations (14% in NHANES); self-reported mobility (14% in CRELES, 6% in NHANES); blood pressure (12% in ELSA, 11% in NHANES); BMI (8% in CRELES); physician-assessed health status (7% in SEBAS); assets (6% in SEBAS); waist circumference (6% in NHANES); waist-hip ratio (6% in CRELES); and blood-based markers (5-7% in ELSA). We used multiple imputation to create five imputed datasets. The prediction equations included all of the variables in this analysis plus two auxiliary variables that were correlated with non-response or with predictors that had extensive missing data: whether the respondent was interviewed by proxy (not applicable for ELSA or NHANES) and alcohol consumption.
"Then, we estimated the model for each imputed dataset and combined the five sets of estimates using Rubin’s rules [1].  All measures of fit and predictive ability were calculated for each dataset and then averaged following the same rules." (Glei et al., 2016, Supporting Information, S1 Appendix, p. 29)[2]
Despite the widespread use of multiple imputation for handling missing data, the method is based on several assumptions, most notable of which is the “missing at random” assumption.  This assumption means that, in the presence of controls for observed variables, the probability that a particular variable X has missing data does not depend on the value of X.  Although frequently violated, this assumption cannot be tested. See Allison [3] for further details regarding the assumptions underlying multiple imputation.
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