
	
S1	File.	Gene	Expression	Sources		

ID#	 Cell/Tissue	Type	 Database	ID	 Age	Range	 Sample	Size	 Platform	 Transcript	
Prioritization	

Stat.	
Method	

p-value	
Cutoff		

1	
Fibroblasts:	
Senescence/	
Proliferation	[1]	

GSE60340	
Immortalized	
Fibroblasts	
/Senescence	

3/3	Cell	Lines	 Illumina	HiSeq	2000	 5x	Fold	 C	 <1.05E-06	

2	
Fibroblasts:	
Senescence/	
Quiescence	I	[1]	

GSE60340	
Immortalized	
Fibroblasts	
/Senescence	

3/3	Cell	Lines	 Illumina	HiSeq	2000	 5x	Fold	 C	 <1.05E-06	

3	
Fibroblasts:	
Senescence/	
Quiescence	II	[2]	

GSE15829	 22-33/66	sen	 5/1	Cell	Lines	 Codelink	Human	Whole	Genome	 4.5x	Fold	 C	 <0.05	

4	 Fibroblasts:		
ERiQ	[3]	 GSE67981	 22/Exp.	 Exp.	on	Cell	Line	

vs	Control	 Illumina	HumanHT-12	V4.0	 4x	Fold	 C	 <0.05	

5	 Fibroblasts	
Cross-Section	[2]	 GSE15829	 22-33/49-92	 5/9	Cell	Lines	 Codelink	Human	Whole	Genome	 2.5x	Fold	 C	 <0.05	

6	 Progeria	I	[4]	 PMID15268757	 8-16	 7	Cell	Lines	 Affymetrix	HG-U133A/B	 4.1x	Fold	 D	 NP	

7	 Progeria	II	[5]	 GSE10123	 hMSC	 Exp.	On	Cell	Line	
vs	Control	 Codelink	Human	Whole	Genome	 2.6x	Fold	 C	 <0.05	

8	 Adipose	(Subcut.)	[6]	 E-TABM-1140	 20-70	 94	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <2.20E-05	
9	 Artery	(Tibia)	[6]	 E-TABM-1140	 20-70	 112	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <9.65E-08	
10	 Heart	(L.	Ventricle)	[6]	 E-TABM-1140	 20-70	 83	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <3.46E-05	
11	 Lung	[6}	 E-TABM-1140	 20-70	 119	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <2.85E-05	
12	 Muscle	(Skeletal)	[6]	 E-TABM-1140	 20-70	 138	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <6.55E-06	
13	 Nerve	(Tibia)	[6]	 E-TABM-1140	 20-70	 88	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <3.63E-05	
14	 Skin	I	(Lower	Leg)	[6]	 E-TABM-1140	 20-70	 96	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <5.28E-04	

15	 Skin	II-a		
(M,	Upper	Arm)	[7]	 PMID23226273	 25.8+/-5,	

76+/-3.8	 6/7	Tissues	 Illumina	BeadStation	500	 1.5x	Fold	 C	 <0.008	

16	 Skin	II-b		
(F,	Upper	Arm)	[7]	 PMID23226273	 26.7+/-	4,	

70.7	+/-3.3	 7/4	Tissues	 Illumina	BeadStation	500	 1.5x	Fold	 C	 <0.004	

17	 Thyroid	[6]	 E-TABM-1140	 20-70	 105	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <1.04E-03	
18	 Blood	[6]	 E-TABM-1140	 20-70	 156	Tissues	 Combined	Platforms,	see	Reference	6	 Age	Coeff.	 A	 <1.76E-06	

19	 Brain		
(Frontal	Cortex)	[8]	 PMID15190254	 26-106	 30	Tissues	 Affymetrix	HG-U95Av2	 1.9x	Fold	 B	 <0.005	

20	 Brain		
(Hippocampus)	[9]	 GSE46706	 16-102	 134	Tissues	 Affymetrix	Human	Exon	1.0	ST	 p-value	 B	 <0.01	

21	 Kidney	[10]	 PMID15562319	 19-41/72-77	 5/7	Tissues	 Affymetrix	HG-U133A/B	 Age	Coeff.	 B	 <3.72E-06	
22	 Liver	[11]	 GSE61260	 19-41/72-77	 5/7	Tissues	 Affymetrix	Human	Gene	1.1	ST	Array	 3.5x	Fold	 C	 <0.005	

23	 Ischemia:	Heart,		
L.	Ventricle		[12]	 GSE57345	 >	18	 Ischemia	Heart/	

NF	231	
Illumina	HiSeq	2000	/	Affymetrix	Human	Exon	

ST1.1	 1.3x	Fold	 C	 <0.0025	

24	 Parkinson’s	(M)[13]	 PMID20111594	 68-89	 6	cont.	/	7	PD	 Affymetrix	HG-U133A/B	 p-value	 D	 <0.05	
25	 Parkinson’s	(F)	[13]	 PMID20111594	 68-89	 3	cont.	/	3		PD	 Affymetrix	HG-U133A/B	 p-value	 D	 <0.05	



Supplemental	Table	1:	Human	Cell	and	Tissue	Datasets.	The	table	lists	all	human	tissue	and	disease	datasets	used	to	evaluate	gene	expression	through	aging.	
References	below	describe	sample	collection	and	original	data	analysis	per	tissue.	Not	all	data	was	available	via	Gene	Expression	Omnibus,	but	the	Database	ID	
references	where	all	raw	data	may	be	obtained	(data	not	in	a	deposit	is	referenced	by	PubMed	PMID	number).	Age	range	represents	the	minimum	and	maximum	
ages	of	samples	used	to	compare	(NP	–	not	provided)	and	the	sample	size	describes	the	number	of	patients	used	in	the	original	study.	Specific	platform	was	also	
noted	per	tissue	study	to	be	aware	of	any	slight	differences	in	the	expression	analysis.	Our	own	analysis	focused	on	the	further	prioritization	of	the	published	data	
by	either	a	provided	age	coefficient,	p-value	(<0.05)	or	fold.	Fold	values	provided	here	represent	the	least	amount	of	fold	change	considered.	For	the	studies	
included,	age-related	gene	expression	patterns	had	been	identified	using	different	statistical	methods	(A-D).	For	method	A,	a	linear	regression	model	between	older	
and	younger	samples	was	performed	with	Benjamini	Hochberg	(BH)	adjustment,	whereas	method	B	did	not	include	such	adjustment.	Method	C	employed	a	two-
sample	comparison	t-test	between	young	and	old	samples	and	Method	D	used	a	Significance	Analysis	of	Microarrays	(SAM)	as	a	method	of	analysis	for	fold	and	FDR	
according	to	platform.	Folds/p-value	cutoffs	reflect	the	more	stringent	criteria	applied	here.		
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