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Abstract
Host immune responses against infectious pathogens exert strong selective pressures favouring the emergence of escape
mutations that prevent immune recognition. Escape mutations within or flanking functionally conserved epitopes can occur
at a significant cost to the pathogen in terms of its ability to replicate effectively. Such mutations come under selective
pressure to revert to the wild type in hosts that do not mount an immune response against the epitope. Amino acid
positions exhibiting this pattern of escape and reversion are of interest because they tend to coincide with immune
responses that control pathogen replication effectively. We have used a probabilistic model of protein coding sequence
evolution to detect sites in HIV-1 exhibiting a pattern of rapid escape and reversion. Our model is designed to detect sites
that toggle between a wild type amino acid, which is susceptible to a specific immune response, and amino acids with
lower replicative fitness that evade immune recognition. Through simulation, we show that this model has significantly
greater power to detect selection involving immune escape and reversion than standard models of diversifying selection,
which are sensitive to an overall increased rate of non-synonymous substitution. Applied to alignments of HIV-1 protein
coding sequences, the model of immune escape and reversion detects a significantly greater number of adaptively evolving
sites in env and nef. In all genes tested, the model provides a significantly better description of adaptively evolving sites than
standard models of diversifying selection. Several of the sites detected are corroborated by association between Human
Leukocyte Antigen (HLA) and viral sequence polymorphisms. Overall, there is evidence for a large number of sites in HIV-1
evolving under strong selective pressure, but exhibiting low sequence diversity. A phylogenetic model designed to detect
rapid toggling between wild type and escape amino acids identifies a larger number of adaptively evolving sites in HIV-1,
and can in some cases correctly identify the amino acid that is susceptible to the immune response.
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identifying escape mutations which either prevent MHC binding
or recognition by CTLs [1,2,9,19,21,22].
The effect of within-host HIV-1 evolution and immune escape
on viral genetic variation at the host population level is highly
topical. Early research indicating a strong association between
HLA type and viral polymorphisms across individuals [23] was
criticized for not adequately addressing population founder effects
[4,24]. Nonetheless, more recent studies, which account for
spurious association of HLA alleles with viral polymorphisms
resulting from shared ancestry, confirm widespread association
between HLA alleles and polymorphisms in the viral amino acid
sequence, illustrating the extent to which the virus adapts to the
host-specific CTL response [4,24–26].
Escape mutations from specific HLA-mediated immune responses that incur a cost to the virus in terms of replication fitness
are thought to come under selective pressure to revert to wild-type
upon transmission to a host lacking the immune response
[2,21,25,27–31]. Whether and how rapidly reversion occurs
depend on both the fitness cost of the escape mutation [30,32–
35], and the occurrence of compensatory mutations that offset this
cost [15,22]. Escape from a host-immune response that occurs at a
substantial fitness cost to the virus and thus reverts rapidly, can

Introduction
Intra-host HIV evolution is characterized by very rapid escape
from immune responses [1–5]. Such host immune selection
pressures are typically mediated by neutralizing antibodies [6],
T-helper cells [7] or Cytotoxic T Lymphocytes (CTLs) [1,8,9].
Escape mutations associated with neutralizing antibodies [10,11]
tend not to have a significant effect on the fitness of the virus [10],
or rate of disease progression [12]. Many examples of CTL escape
mutants are known, however, that affect both viral replication
ability, and thus viral load [13–16], and rate of disease progression
[17–20]. CTLs recognize viral epitopes bound by human
leukocyte antigens (HLAs) at the surface of infected cells, causing
cell death. The cellular processes by which CTL epitopes are
cleaved and presented at the cell surface provide numerous
opportunities for escape from the immune response. Escape can
occur through viral mutations that affect proteosome processing,
affinity for transport antigen processing (TAP) proteins, translocation of peptides to the endoplasmic reticulum, antigen
processing prior to presentation, binding of MHC class I molecules
and finally recognition by cytotoxic T cells [1]. Much of the work
on immune escape from CTL responses in HIV-1 has focused on
PLoS Pathogens | www.plospathogens.org
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relationship between the sites detected and sites that are putatively
involved in adaptation to the host HLA type. We also used model
comparison techniques to compare the fit of the toggling selection
model to the fit of standard selection models in order to determine
which model provided a better explanation of the HIV-1 data.

Author Summary
Viruses, such as HIV, are able to evade host immune
responses through escape mutations, yet sometimes they
do so at a cost. This cost is the reduction in the ability of
the virus to replicate, and thus selective pressure exists for
a virus to revert to its original state in the absence of the
host immune response that caused the initial escape
mutation. This pattern of escape and reversion typically
occurs when viruses are transmitted between individuals
with different immune responses. We develop a phylogenetic model of immune escape and reversion and provide
evidence that it outperforms existing models for the
detection of selective pressure associated with host
immune responses. Finally, we demonstrate that amino
acid toggling is a pervasive process in HIV-1 evolution,
such that many of the positions in the virus that evolve
rapidly, under the influence of positive Darwinian selection, nonetheless display quite low sequence diversity. This
highlights the limitations of HIV-1 evolution, and sites such
as these are potentially good targets for HIV-1 vaccines.

Methods
The Model
Probabilistic models of codon sequence evolution [41,42] use a
continuous-time Markov process, described by a rate matrix, Q,
with element qij denoting the instantaneous substitution rate from
codon i to codon j. Here we introduce a novel variant of the codon
model, designed to describe host-mediated immune escape from
and reversion to a wild type amino acid W. The instantaneous rate
matrix describing this model is
8
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result in a pattern of switching or toggling [30,31] between the
amino acid which is most fit in the absence of the immune
response (we refer to this as the wild type state) and amino acids
that prevent CTL recognition (the escape state).
Models of coding sequence evolution have frequently been
applied to HIV-1 sequences with the aim of identifying adaptively
evolving sites [9,36–40]. These models are designed to detect an
elevation in the rate of non-synonymous substitution (dN) over the
rate of synonymous substitution (dS), the latter being assumed to
occur at the neutral rate of evolution. This is referred to as
diversifying selection and it occurs when, on average, nonsynonymous mutations result in an increase in fitness and thus
have a higher fixation probability and a shorter fixation time than
neutral mutations. In the idealized scenario, assumed by models of
diversifying selection, all non-synonymous substitutions benefit
from this increased rate, resulting in rapid diversification from the
ancestral amino acid. Amino acid toggling, driven by positive
selection to escape from immune responses and to revert to wild
type in their absence is not specifically envisaged by these models.
We propose a model of positive selection associated with
immune escape and reversion, which we call the toggling selection
model. Our motivation is twofold. Firstly, the toggling model is
significantly more realistic than the diversifying selection model in
the context of selection associated with immune escape and
reversion and, consequently, it is likely to have more power to
detect positive selection associated with this process than a model
of diversifying selection. Since immune escape and reversion are
likely to be a common source of adaptive evolution in viral
sequences, we hypothesized that the toggling model may have
greater power, overall, to detect adaptively evolving sites. Second,
although many previous studies have identified adaptively evolving
sites in HIV-1 [9,36–40], most have not been concerned with the
patterns of sequence changes found at these sites, and none has
attempted to distinguish systematically between adaptively evolving sites consistent with immune escape and reversion and sites
evolving under diversifying selection.
Using simulation as well as publicly available HIV-1 data we
compared the power of the toggling model and standard models of
adaptive evolution to detect adaptively evolving sites. Because the
real sequences were obtained from individuals with known HLA in
which associations between HLA alleles and sequence polymorphisms had been established [4], we could investigate the
PLoS Pathogens | www.plospathogens.org
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where k is the transition-transversion rate ratio, v is the nonsynonymous substitution rate relative to the rate of synonymous
substitution (dN/dS) for substitutions not involving the wild type
amino acid W, and r is the relative substitution rate for nonsynonymous substitutions involving wild type amino acid W.
For a given wild type state the 61 sense codons are divided into
classes, c, depending on whether they encode the wild type amino
acid (c = x; Figure 1), are separated from the wild type amino acid
by a single nucleotide substitution (c = y; Figure 1), or are separated
from the wild type by multiple substitutions (c = z; Figure 1). These
codon classes are introduced to allow us to model the case in
which immune escape and reversion involves repeated mutation
from the wild type to an escape state, accessible to the wild type by
a single nucleotide substitution, and back again. We introduce
parameters, tc, to model the proportion of time the site spends in
each class. The equilibrium frequency of a specific codon,
belonging to class c, is then
tc
pj
pcj ~ P
pm

ð2Þ

m[c

where pj is the alignment-wide frequency of codon j, estimated
using the F3x4 model [41]. This formulation allows us to retain
terms accounting for general codon usage bias, assumed to be
shared across all sites in the model.
The model is fitted to the data one codon site at a time. Given a
phylogenetic tree, the likelihood of the data at a site can be
calculated using Felsenstein’s pruning algorithm [43]. Because the
identity of the wild type amino acid is unknown, we sum over all
twenty amino acids such that
2
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Figure 1. Codon model of amino acid toggling. The immune escape and reversion model has three classes of codons: codons encoding the
wild type amino acid (class x); codons separated from the wild type by a single nucleotide substitution (y); and codons separated from the wild type
by more than one substitution (z). In the example shown, phenylalanine (F) is the wild type amino acid. Rates of substitution between F and each of
the six amino acids within one nucleotide substitution of F or from these amino acids back to F are affected by the parameter r, the amino acid
toggling rate. All other non-synonymous substitutions have a multiplier v instead of r. Rates of all substitutions depend on the frequency parameters
pcj , where c represents the codon class. The pcj parameters take account of the codon bias estimated across the entire alignment and free parameters
tc which describe the proportion of time spent by the site in each of the three codon classes.
doi:10.1371/journal.ppat.1000242.g001

1
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LðDÞ~ P
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nucleotide model using the entire alignment, but scaled with a
nucleotide to codon scaling parameter, R, which was estimated
separately for each site thus allowing site-wise variation in
synonymous rates. To prevent spurious signals of selection
resulting from recombination [48–50] we identified recombination
breakpoints using GARD [51], and estimated phylogenies
independently for each partition defined by these breakpoints.

ð3Þ

where L(D|MW) is the likelihood of the data given that W is the
wild type. As an alternative to summing over the uncertainty in the
wild type state we can assume that the most common amino acid
at a given site is the wild type. We tested both of these approaches
and refer to them as the toggling and consensus toggling models,
respectively.
Our test of positive selection comprises the comparison of log
likelihoods between a null model, in which both the rate of amino
acid toggling (r), and non-synonymous to synonymous substitution
rate (v) are constrained to be less than one, to an alternate model
in which the constraint on the rate of amino acid toggling is
removed. An alternative test involves the removal of both
constraints (on r and v), which we designate the unconstrained
toggling model. The performance of the toggling models for
detecting positive selection was evaluated and compared to
existing approaches. In the latter, a site-specific diversifying
selection model is defined in which the test of positive selection
involves the comparison of log-likelihoods between a null model,
for which v is constrained to be less than one, to an alternate
model in which the constraint is removed [44]. Null and alternate
models are compared in all cases with a site-wise likelihood ratio
test.
The above models require phylogenetic trees as input. In all
cases the trees were estimated using phyml [45] under a general
time-reversible model [46] with substitution rates modeled as a 4category gamma distribution [47]. Branch lengths were fixed to
maximum likelihood estimates obtained from the optimization of a
PLoS Pathogens | www.plospathogens.org

Simulation Strategy
We used simulations to evaluate the performance of the toggling
model compared to the diversifying selection model to detect both
diversifying selection and toggling selection. A phylogenetic tree
inferred from a randomly selected subset of 100 taxa from a
previously published nef gene alignment [4] was estimated as
above. We simulated amino acid toggling and diversifying
selection (200 codons each) for each of five parameter sets
(Table 1), using custom scripts written in the HyPhy [52] batch
language. Amino acid toggling (Figure 1) was simulated with
variable values of r (Table 1), v = 0.05 for substitutions not
involving the wild type state W, tx = 0.5, ty = 0.475,
tz = 12(tx+ty) = 0.025, such that most time was spent either in the
wild type (codon class x) or codons separated from the wild type by a
single nucleotide substitution (codon class y) (Figure 1). Diversifying selection was simulated across a range of different values of v
(Table 1).
We determined the effect of both tree length and tree shape on
the detection of positive selection and toggling using simulations.
We increased the size of the simulated data set to 200 randomly
drawn taxa from a previously published nef alignment [4],
effectively doubling the total tree length (Table 2). Trees inferred
from HIV-1 sequences tend to have longer terminal branches. To
3
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reduce running times. Sequences with stop codons within genes
were pruned from the alignments. We used both a site-wise
diversifying selection model and toggling selection model to
identify adaptively evolving sites. For each gene we compared the
fit of a toggling model versus diversifying selection model at each
site using AIC [54]. Alignments used are available from the
authors on request.

Table 1. Power (%) to detect selection with alternative
models.

B. Simulate Diversifying
Selection

A. Simulate Toggling

r

T

T(u)

D

v

T

T(u)

D

2

14.5

6.5

8.5

1.1

1

3.5

7

Implementation

3

29

19

9.5

1.7

8.5

20

25

4

37.5

25

11

2.3

10.5

27

38.5

5

41

31

21.5

2.8

17

36.5

61.5

Both the model and simulation scripts have been implemented
in the HyPhy [52] batch language and are available from the
authors on request.

r, non-synonymous to synonymous rate ratio associated with mutations away
from or towards wild type amino acid; v, non-synonymous to synonymous rate
ratio for mutations not involving wild type; T, toggling model where r is
unconstrained in alternate; T(u), toggling model in which both r and v are
unconstrained; D, diversifying selection model.
doi:10.1371/journal.ppat.1000242.t001

Results
Simulation Results
We have developed a model (Figure 1), designed to detect
positive Darwinian selection associated with host-mediated
immune response and reversion acting on viral protein-coding
genes. Existing models of positive selection acting on coding
sequences are sensitive to an overall elevation in the rate of nonsynonymous to synonymous substitutions (we refer to this situation
as diversifying selection here). Such a situation occurs when, on
average, the effect on viral fitness of any amino acid-changing
mutation is positive. For a class of viral sites that mediate escape
from host immune responses at a cost to the virus in terms of
replicative fitness, we do not necessarily expect an overall elevation
in the rate of non-synonymous substitutions. Instead we expect to
see switching between a wild type amino acid associated with high
replicative fitness and susceptibility to the immune response, and
an escape state with lower fitness. This model is motivated by the
fact that, firstly the identification of sites that switch between wild
type and escape states is of interest, because at these sites escape
mutations are likely to be common, despite having a deleterious
impact on viral fitness. Secondly, some sites with a rate of
substitution between specific amino acids, which is higher than
expected under neutrality may not have an overall rate of nonsynonymous substitution greater than the neutral rate when we
average over all possible non-synonymous substitutions.
Our test of positive selection involves the use of model comparison
techniques to compare a null model in which the parameters r
(describing the rate of immune escape and reversion relative to the
synonymous substitution rate) and v (the relative rate of all other nonsynonymous substitutions) are constrained to be less than one, to an
alternate model where r is unconstrained. Simulations (Figure 2)
indicated improved power of the toggling model (T) over a standard
diversifying selection model (D) (Table 1A, Figure 3, Table S1) to
detect positive selection involving switching between a wild type state
and escape states, consistent with host-mediated immune response. A
diversifying selection model showed improved power to detect
positive selection when data were simulated under a diversifying

investigate the effect of tree shape on power to detect selection we
simulated data along a tree for which branch lengths were drawn
randomly from an exponential distribution with mean = 0.05,
using previously developed HyPhy code [44]. Power was
calculated as the number of sites at which positive selection was
correctly inferred as a proportion of all sites for which positive
selection (either diversifying selection or toggling) was simulated.
False positive rates, estimated as the number of sites at which
positive selection was incorrectly inferred as a proportion of all
sites not evolving under positive selection, was evaluated with
simulations of 800 neutral and purifying selection codons (75%
purifying, v = 0.05; 25% neutral, v = 1).

Application to Real Data
We obtained gag, nef and pol sequence alignments from
previously published studies [4,53], and an env alignment of
HIV-1 subtype C sequences from the Los Alamos HIV databases
(http://www.hiv.lanl.gov/content/index). Because we wished to
make comparisons between results obtained on different genes it
was important that the number of sequences in each alignment be
approximately the same. However, we note that power is
dependent on both the number of sequences and the amount of
variation in those sequences. Since it is not possible to control both
variables simultaneously in the real data we report the tree lengths
in order to facilitate the comparison of results from different genes.
We randomly sampled 100 sequences from each of the large env,
nef, and pol genes and took all of the 98 sequences in the gag
alignment [53]. The toggling selection model is more computationally intensive than the diversifying model, requiring 20
optimizations per codon site (one optimization for each wild type
amino acid), for both the null and the alternative models. Use of a
subset of the sequences in the larger alignments also helped to

Table 2. The effect of tree length and shape on the power to detect amino acid toggling.

HIV-1 Tree (n = 100, TL = 13.8)

HIV-1 Tree (n = 200, TL = 26.5)

Random Tree (n = 100, TL = 14.2)

T

D

T

D

T

D

2

14.5

8.5

29.5

6

26.5

1

5

41

21.5

69

30

73

6.5

r

r, non-synonymous to synonymous rate ratio for mutations away from or towards wild type amino acid; T, toggling model where r is unconstrained in alternate; D,
diversifying selection model.
doi:10.1371/journal.ppat.1000242.t002
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Figure 2. Simulation along HIV-1 nef phylogeny. Data was simulated under purifying selection, neutrality, diversifying selection, or toggling to
evaluate power and false positives rates. (A) Amino acid sequence logos [73] of ten randomly drawn codon sites for each category of simulated site.
(B) Simulated toggling site mapped to HIV-1 phylogeny showing the occurrence of escape (red arrows) and reversion (green arrows) mutations. (C)
Simulated diversifying selection site mapped to HIV-1 phylogeny.
doi:10.1371/journal.ppat.1000242.g002

selection model (Table 1B, Figure 3, Table S1). We accounted for
uncertainty in identifying the wild type state by averaging the
likelihoods over all possible wild type amino acids at each codon (see
Equation 3 in Methods). This would result in the loss of some power
over a model in which the wild type state is known a priori. Given this
loss in power associated with averaging over all potential wild type
states in the toggling model, a model in which the wild type state at a
site is assumed to be the same as the consensus amino acid at that site
might be expected to have greater power. However, simulations
indicated this model to have equivalent or less power (results not
shown), suggesting that the consensus is not always a good
approximation of the wild type state (the amino acid with highest
replicative fitness in the absence of a specific immune response).
Furthermore, a model in which the wild type state is taken from the
data runs the risk of bias in model comparisons, because the model is
defined using the data (wild type state taken to be the consensus in the
actual data) and evaluated on the same data. As an alternative to
averaging over all amino acids or drawing the wild type state from the
consensus, we weighted the likelihoods for each potential wild type
state by the observed alignment-wide amino acid frequency.
However, this approach resulted in no increase in power and
therefore we used equal weights on amino acids for the remainder of
the analyses.
PLoS Pathogens | www.plospathogens.org

We also compared power when both the non-synonymous to
synonymous rate ratio associated with the wild type state (r) and
that of other non-synonymous substitutions (v) are unconstrained
(Tu). Simulations confirmed that the model with both parameters
unconstrained has greater power to detect diversifying selection
(Table 1B) than the toggling model in which only r is
unconstrained, but less power than a standard diversifying
selection model (Table 1B). This loss of power against a
diversifying selection model is due to the extra degree of freedom
in the Tu model, compared to both the diversifying selection and
toggling models. For the same reason, the test in which both r and
v are unconstrained, has lower power to detect amino acid
toggling (Table 1A) than the model in which only r is
unconstrained. False positive rates at the 5% significance level
were low for all models evaluated on a dataset consisting of a
mixture of neutral and purifying selection sites (D = 0.88%;
T = 1.63%; Tu = 1.25%), and approximately equal to the expected
rate of false positives when only neutral sites (v = 1) were
simulated (D = 3.3%; T = 5.6%; Tu = 4.7%).
We found that the power to detect toggling increased
dramatically with larger data sets and with trees with exponentially
distributed branch lengths (Table 2, Figure S1A, Figure S2).
Typical phylogenetic trees inferred from HIV-1 sequences have
5
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Figure 3. Evaluation of power and false positives. ROC curves indicating power and false positive rates for the detection of diversifying selection
(left panel), diversifying selection and toggling (centre panel), and toggling (right panel) for each of the five parameter sets (Table 1) simulated.
doi:10.1371/journal.ppat.1000242.g003
PLoS Pathogens | www.plospathogens.org
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selection or (B) toggling, and (C) a previously identified HLA-associated
polymorphism in gag (TW10). Potential escape and reversion mutations
are mapped as red and green arrows, respectively. P, likelihood ratio test
statistic p-value; D, diversifying selection model; T, toggling model. Both
env and gag trees are rooted on HIV-1 subtype B.
doi:10.1371/journal.ppat.1000242.g004

long terminal branches and pose a challenging problem for the
toggling selection model. This is because escape and reversion
events that occur on the same branch are not observed. The power
of a diversifying selection model to detect positive selection
involving toggling was much lower when data were simulated
along a random tree and did not show much improvement with a
larger dataset (Table 2). We also evaluated the power of the
toggling selection model to recover the amino acid used as the wild
type in simulation, and the proportion of time spent in each of the
three codon classes. The amino acid which maximized the
likelihood of the toggling selection model, was inferred to be the
wild type. In simulations the wild type state was always identified
correctly (100% success rate) for both intermediate (r = 2) and
rapid (r = 5) rates of toggling, and the inferred time spent in each
state was also estimated accurately (tx: simulated 0.5; inferred
0.49460.128, ty: simulated 0.475; inferred 0.47160.128).

Real Data
We used the toggling model developed above to detect putative
escape-and-reversion sites in four HIV-1 datasets (see Methods;
tree lengths: nef = 10.8, gag = 9.1, env = 17.3, pol = 8.6). Amino acid
toggling is evident at sites at which multiple mutations away from
the wild type and reversions back to wild type are observed
(Figure 4). For all genes evaluated, the toggling selection model
provided a better fit than a diversifying selection model for the
majority of positively selected sites (Table 3). By contrast, when all
sites are considered, the toggling model provides a better fit for a
smaller proportion of sites (Table 3). The toggling model detected
significantly more positively selected sites in nef and env (Binomial
test, nef: P = 0.001374; env: P = 0.001028), than a standard
diversifying selection model (Table 3, Figure S3). Neither
diversifying selection sites nor toggling selection sites occurred
more frequently than expected by chance within optimal HLA
epitopes (Figure S4). Similarly there was no clear association
between CTL-reactive peptides identified in gag [16] and amino
acid toggling (P = 0.055; Figure S4).
Because the mapping of optimal CTL epitopes to positively
selected sites ignores population specific HLA frequencies and
selective pressures, we evaluated our results for nef against HLAassociated polymorphisms detected in the same patient cohort [4].
The HLA associations detected on the full dataset (n = 684), and in
this study, are shown in Table 4. Fifteen of the 84 codon sites for
which a significant association between HLA allele and polymorphism was previously detected [4], were detected with the toggling
selection method (using just 100 of the 684 sequences from which
the associations were inferred). We found significant enrichment
for HLA-associated polymorphisms among sites detected with the
toggling model (P = 0.001544), or with a diversifying selection
model (P = 0.008397). Since our model evaluates each of twenty
amino acids as the candidate wild type state we were able to infer
both the identity of the wild type amino acid at each site showing
evidence of positive selection, and the proportion of time spent in
the wild type versus escaped states (Table 4). More than half of the
sites detected as toggling spend the majority of time at codons that
either code for the wild type amino acid, or are a single nucleotide
substitution away from the wild type. Sites with multiple wild type
amino acids (e.g. sites 10 and 15) may be associated with multiple

Figure 4. Evidence of toggling and diversifying selection in real
data. Tree branches are coloured according to the codon category of the
node at the right end of the branch for sites detected to be (A) diversifying
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Table 3. Fit of the diversifying selection compared to the toggling model for HIV-1 sequences.

AIC(T).AIC(D)

Number of Positively Selected Sites Detected

Total Sites

D or T

All

D or T

D Only

T Only

pol

0.69

0.13

13

9

8

486

nef

0.84

0.46

25

11

21

177

gag

0.65

0.23

29

18

19

496

env

0.92

0.55

58

32

42

439

AIC, Akaike Information Criterion; T, toggling model where r is unconstrained in alternate; D, diversifying selection model.
doi:10.1371/journal.ppat.1000242.t003

shown [9,36–40] to play an important role in shaping HIV-1
genetic diversity. In particular, sites involved in escape from host
immune responses, either due to CTLs or neutralizing antibodies,
have frequently been reported to be under strong selection
pressure [1,6,10,21,56]. Because the host immune response is
highly polymorphic, viral sequences sampled from multiple hosts
reflect an ongoing history of adaptation to successive host immune
responses and to successive responses mounted by the adaptive
immune system within individual hosts. Some mutations that
facilitate escape from immune responses occur at sites that are
functionally constrained [2]. These typically incur a fitness cost to
the virus, and thus come under selection to revert to the wild type

overlapping immune responses or with multiple equally fit amino
acids. These sites were frequently also detected using a diversifying
selection model. Many of the inferred wild type amino acids (at
sites 33, 50, 54, 82, 83, 100, 101, 126, 178) were consistent with
previously identified escape and reversion mutations identified
from association with HLA alleles [4,24].

Discussion
HIV-1 evolves rapidly and under strong selective pressure.
Although purifying selection acting on coding regions is important
for preserving protein functions [55], positive selection has been

Table 4. HLA allele associated polymorphisms [4] at detected toggling sites.

Codon

Site Composition

WT

tx

ty

3#

A1 G86 N4 S4

S

0.021

0.978

E

R

HLA Alleles

6

S96

S

0.821

0.004

10*#

A4 C1 E1 F2 G8 I8 K1 L22 M12 R4 S4 T2
V20 W1

M,L,A,V,S,P,T,Y,H,Q,
K,E,C,W,R,G

0.086

0.413

14*

A7 D1 H2 L1 N1 P66 Q1 S13 T5

S,P,H

Y

0.076

0.212

B08

15*

A56 D1 G1 H1 I2 K7 N1 Q2 R4 S3 T14 V1

A,S,T,H,N,K,D,E,R,G

D,T

A

0.034

0.005

A31, B51, B57

24

A3 D2 E81 G2 M1 P1 Q3 R3 T1

T,L,M,V,K,G

-

E

0.007

0.465

B54, C02, C06

26#

A94 Q2 R3

P,R

0.002

0.841

33

A51 S3 V46

A,V

0.609

0.273

40*

A1 G5 H74 K1 R6 Y8

H,Q

R

0.021

0.024

B37

49

A75 N9 P6 S1 T3

T,D,H,K

R

0.001

0.998

B57

50

A80 E2 H1 I3 N6 S2 T4

D,L,P,T,Y

G,D,E

T,A

0.001

0.085

B14, B35, B53, B57, B58

54

A30 D65 E1 N1 T2

A,D

A

D

0.316

0.036

B14, C08

82

A1 G2 K80 Q1 R4 Y2

A,L,P,T

R

R,K

0.021

0.145

A03, B14, B15

83*

A29 E1 G49 K2

G,A

A,G

A,G

0.927

0.073

A03, A11, B15, B40, B44, B55,
C03, C07

100

I4 L86 M6 Y1

M,I

M

I,L

0.213

0.075

A03, B40, C03

101*

H1 I74 P2 S1 T1 V16 Y2

L,I,T,A

I,V

V

0.004

0.830

B14, B40, C01, C08

103#

H1 K1 Q3 S91

S,I,T,R

0.995

0.002

126

C1 G2 N90

S,Y,R,G

S,C

N

0.001

0.999

170#

A1 C4 H1 L1 N10 Q1 S74

L

0.470

0.410

178*

E2 G14 K53 R25

R,K

R

K

0.240

0.760

B40

182

E12 I2 K5 L2 M19 Q22 V34 W3

L,M

Q,K

I,E,V

0.011

0.741

A68, A69, B18, B27, B37, C03,
C06

A

A,V

A11, A68

A26, B51, C14

#

sites without HLA associated polymorphisms.
sites detected with diversifying selection model (D); WT, wild type states are amino acids for which there is a significant difference between null and alternate models in
a likelihood ratio test (boldface indicates state with largest log likelihood); E, escape; R, reversion; tc, proportion of time spent in class c (Figure 1) for wild type state with
the largest likelihood.
doi:10.1371/journal.ppat.1000242.t004
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Figure 5. Amino acid diversity at positively selected sites. Amino acid sequence logos [73] of positively selected sites, diversifying selection
(D), toggling (T), or both (D&T), indexed by HXB2 position in nef are shown.
doi:10.1371/journal.ppat.1000242.g005

amino acid upon transmission to a host without the immune
response [32–35,57]. Escape mutations that occur at sites that are
functionally unconstrained, or for which compensatory mutations
[22] fully offset the fitness cost, will not experience selection for
reversion. In this case the escape state may persist over time, and
become fixed [58], in the absence of further immune responses
targeting the same site.
In general, escape mutations in a viral epitope could be
classified according to whether they prevent recognition of the
epitope by a specific clonal population of immune cells or whether
they interfere with the processing or presentation of the epitope.
The latter can cause permanent escape from immune responses
targeted against a specific epitope within an individual, while the
former may be targeted again by a future immune response in the
same individual. Successive escape mutations, particularly when
they occur at no great cost to the virus in terms of fitness are likely
to result in a pattern of diversifying selection, where all of the
possible non-synonymous substitutions at a site are affected by
positive selection. By contrast, mutations that prevent epitope
presentation and which revert in the absence of the immune
response would be likely to fit a pattern of amino acid toggling.
Much of the adaptive evolution in viral coding sequences is likely
to be a consequence of the adaptive immune response, but a priori
there is no way to know whether this primarily involves immune
escape and reversion at functionally constrained sites or diversifying selection at less constrained sites.
We introduce a model of toggling selection that seeks to model
the process of immune escape and reversion at constrained sites.
Our model differs from standard codon models in the manner in
which equilibrium codon frequencies are included. Typically,
codon frequencies are estimated from the alignment and the
relative rates of substitution between codons are a product of these
alignment-wide codon frequencies and exchangeability parameters
that depend on the nature of the mutation. Advances in
phylogenetic modeling have allowed frequency parameters to
vary between sites [59]. Our model of immune escape and
reversion similarly allows sites to have independent codon
frequency parameters; however, we do this through the introduction of just two frequency parameters (rather than the 19 or 60 free
parameters required per site if the frequency of each amino acid or
codon was free to vary independently at each site).
Using simulation we find, unsurprisingly, that this model is
more efficient at detecting toggling than a model of diversifying
selection, while the opposite is the case for sites evolving under
diversifying selection. Interestingly, when we apply both models to
coding sequence data from HIV-1, the toggling model detects a
larger number of positively selected sites. Furthermore, positively
selected sites detected using either or both models more often
PLoS Pathogens | www.plospathogens.org

provide a better fit, using AIC [54], to the toggling selection model
than to the diversifying selection model (Table 3). Taken together,
these observations suggest that a large proportion of positive
selection in HIV-1 consists of escape and reversion at functionally
constrained sites, and that the toggling model is a better
description of adaptive evolution in HIV-1 than standard models
of diversifying selection. Because diversifying selection and
toggling selection are consistent with distinct biological scenarios,
models that attempt to fit the specific characteristics of each
scenario are of value. This is of particular relevance since the
toggling selection model displays significantly improved power to
detect escape and reversion, a process which is important because
it characterizes immune responses that are effective in controlling
viral replication. The significance of sites that display rapid
immune escape and reversion is evident from the fact that these
sites are often the targets of HLA alleles that confer improved
disease prognosis [13,18,35,60].
Some overlap occurs between sites detected with a diversifying
selection and toggling selection models (Figure 5, Figure S3, Figure
S4); however, in all genes, approximately as many or more sites
are detected using the toggling model than the diversifying
selection model (Figure S3). The fact that many sites detected
using the toggling selection model are not detected using the
diversifying selection model (and vice versa) suggests that the
models are not redundant and are sensitive to different trends in
the data. Both nef and env have significantly more sites detected
with a toggling model than with a diversifying selection model.
Amino acid diversity at positively selected sites (detected with
either the diversifying or toggling selection models) is generally
lower (for example nef, Figure 5) than one would expect for
diversifying selection. The toggling model detects positive selection
at a greater proportion of these low amino acid diversity sites,
although some sites with low diversity are detected with the
diversifying selection model and not the toggling model, for
example nef site 16. At this site toggling selection is not detected
when averaging over all potential wild-type amino acids (Equation
3), but there is significant evidence for selection with one wild type
amino acid (valine, P,0.001), exemplifying the loss in power
associated with summing over the uncertainty of the wild-type
amino acid.
Interestingly, some sites at which no non-synonymous substitutions are observed (6, 103; Figure 3) show significant evidence of
toggling. Serine is encoded by islands of codons (TCN and AGY).
At both site 6 and 103 serine is encoded by TCN and AGY
codons, implying the occurrence of non-synonymous substitutions
from serine to another amino acid and back to serine, despite the
fact that no other amino acids are observed at this site. This is
consistent with immune escape and reversion, in which escape
9
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occurs from serine to another amino acid followed by reversion to
an alternative encoding of serine, at a remove of two substitutions
from the original codon. However, it is also possible that mutations
between these sets of serine codons could occur as a single event
through doublet mutations [61], which are not considered in our
model and are a potential source of false positive results with most
models of positive selection.
The toggling selection that we observed in nef is consistent with
previous studies demonstrating a high density of HLA-associated
polymorphisms [4,25], and a high level of immunogenicity and
density of epitopes [62] in this gene. Several of the sites identified
as toggling (Table 4) map to within HLA epitopes for which there
was a significant association between the presence of a viral
polymorphism and presence or absence of an HLA allele,
consistent with immune escape and reversion [4]. For example,
site 83 has significant association with several HLA alleles (Table 4;
[4]). We find evidence for toggling with either of the two
previously identified reversion mutations as wild type, and overall
a general pattern of escape and reversion across the phylogenetic
tree (Figure S5). Furthermore, the inferred times spent in the wild
type and single step escape states are consistent with toggling, and
indicate either the strength of selection or frequency of the host
immune response. Several sites spend a high proportion of time in
the wild type state (Table 4), consistent with a low frequency of the
immune response in the population, or strong selection to revert
upon transmission to a new host. Sites at which time is equally
distributed between the wild type and escape states (Table 4)
suggest either an intermediate frequency of the immune response,
or reduced selection pressure to revert. Finally, sites with little time
in either the wild type or escaped states are likely to indicate either
misidentification of the wild type state or that the evolution at the
site does not fit well with a model of escape and reversion from a
single immune response with a fixed wild type, or most fit state, in
the absence of the immune response. In Table 4, sites such as 83,
where the same amino acid occurs as an escape and a reversion,
can be explained as resulting from multiple overlapping epitopes,
such that an amino acid can be a wild type or an escape state,
depending on the HLA genotype of the host [4]. This is
particularly common in nef (Figure S4, [4]). Although our model,
and the simulations we conducted, assumes a single wild type
amino acid at each site, we still detect selective pressure at sites
that have multiple potential wild type states (Table 4).
In env, which is targeted by both cellular and humoral immune
responses [10] we detect significant evidence for toggling with
multiple potential wild type states (P = 0.02), at an N-linked
glycosylation site (N392A), but no evidence for diversifying
selection at this site (P = 0.92). N-linked glycosylation sites are
associated with binding of carbohydrates that may either be
recognized by specific antibodies [63] or assist in the evasion of
host antibodies through the formation of a glycan shield [6]. In
particular, asparagine (N392A) facilitates the binding of the
monoclonal antibody, 2G12, to gp120 [63,64], which suggests
asparagine (N) is a susceptible state, but only in the presence of
2G12. This site provides a good example of conflicting selective
pressure, since asparagine is susceptible in the presence of 2G12,
but may represent an escape state in its absence, by contributing to
evasion of antibody responses through the formation of a glycan
shield [6].
We find a smaller proportion of positively selected sites favoring
the toggling selection model for gag than for other coding regions.
This is somewhat surprising since broad gag CTL responses control
viremia [16,65], several known protective HLA alleles target gag
[13], and fitness costs of many of the escape mutations in gag are
substantial [15,33–35]. A recent study identified escape and
PLoS Pathogens | www.plospathogens.org

reversion mutations through the mapping of polymorphisms
(observed longitudinally within acutely-infected individuals) to
epitopes in a pre-defined list of HLA-associated polymorphisms
[25]. Results indicate an early CTL response biased towards
protective HLA alleles (B*13, B*51, B*57, B*5801), and for which
mutations in gag were reverting most rapidly [25]. Similarly, the
detection of escape and reversion mutations through HLAassociated polymorphisms [26] also found strong evidence for
reverting mutations in gag.
To understand the lack of support for toggling selection in gag
we investigated a well-characterized gag epitope (TW10) which is
targeted by a protective HLA allele (B*57) [17,34]. We detected
only diversifying selection at the site of the common TW10 escape
mutation (T242N). To determine why this well-characterized site
of escape and reversion is detected by a diversifying selection
model and not by the toggling selection model we mapped the
occurrence of wild type, neighboring and multi-step codon states
for T242N to the phylogeny estimated from gag sequences
(Figure 4), taking threonine, which is known to be the susceptible
amino acid [17,34] as the wild type state. Escape mutations are
evident at terminal branches; however there is no example on the
tree of a case in which the wild type amino acid appears within a
clade of escape amino acids (which would point to reversion of an
escape mutant to wild type). The likely reason for this is that
escape and reversion happen sufficiently rapidly that the amino
acids observed in neighboring sequences on the tree are
uncorrelated. In such a case, we are unlikely to infer reversion
to wild type, particularly because a given HLA allele occurs in only
a small minority of individuals and most clades of sequences will be
dominated by sequences from individuals without the HLA allele.
Consequently multiple independent escapes will be a more
parsimonious explanation of the data than escape followed by
reversion.
This is consistent with the much lower power to detect high
rates of toggling simulated along typical HIV-1 trees with long
terminal branches compared to the power to detect the same rate
of toggling on trees with exponentially distributed branch lengths
(Table 2, Figure S1). Thus failure to detect toggling selection at site
242 of gag is likely the result of both rapid reversion at this site [25],
and long terminal branches. Sites that exhibit such rapid escape
and reversion are likely to be relatively easily detected through
association of HLA alleles with viral sequence polymorphisms
[4,24]. However, we note that we compare previously detected
HLA associations using a substantially larger dataset [4], to sites
detected as toggling in this analysis, in which only 100 sequences
were used. Association methods will perform well when the HLA
allele tested is common, but will lose power when multiple
conflicting rare HLA alleles exert conflicting selective pressures.
The use of a phylogenetic model to detect positive selection
associated with host-immune response allows for the identification
of sites at which multiple contrasting selective pressures are exerted
by immune responses of low to intermediate frequencies.
We found evidence of a large number of coding sites in HIV-1
where the amino acid diversity is limited, yet there is strong
positive selection pressure. Intuitively, it is easy to see why a model
that takes account of this should have more power to detect
selection than models of diversifying selection. With a diversifying
selection model a mutation away from the wild type amino acid
followed by a reversion to wild type is treated the same as any
other pair of non-synonymous substitutions. Whenever this pattern
is observed, the toggling model accumulates much more evidence
for positive selection pressure, because in the absence of selection
the second mutation should be far more likely to result in a
different amino acid than a reversion to the original (random point
10
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Figure S3 Number of sites under positive selection in real HIV-1
data. Number of positively selected sites detected using a standard
diversifying selection model (D) compared to a toggling model (T)
for each of four HIV-1 genes; (A) pol, (B) nef, (C) gag, (D) env.
Counts indicate numbers of positively selected sites identified with
each method, the number of shared sites, and the number of
selectively neutral sites.
Found at: doi:10.1371/journal.ppat.1000242.s003 (0.26 MB PDF)

mutations in a codon can result in any one of approximately eight
different amino acids, depending on the specific codon). Using the
synonymous substitution rate as a proxy for neutrality, we have set
up a model that can detect when this toggling occurs at a greater
rate than we would expect for a site that is neutral or evolving
under purifying selection. We expect this model to be applicable to
other host-pathogen systems in which escape from immune
responses can occur at a cost to the pathogen. There is some
evidence that this is likely to apply in the context of influenza A,
for example, which is targeted by both cellular [66] and humoral
[67,68] host immune responses, and appears to toggle between
alternate states at some sites [67]. Furthermore, mutations that
confer drug resistance to pathogens may do so at a cost to the
pathogen [69,70]. Samples derived from drug treated and
untreated individuals are likely to exhibit a pattern of toggling if
the drug resistant pathogen reverts to a stable most fit state, in the
absence of the drug. In the case of drug resistance mutations,
models that take account of the treatment status of the sequence
are likely to provide more power to detect the evolution of
resistance mutations [71].
Sites that experience strong selection but limited diversity point
to the limits of viral evolution. Despite coming under pressure to
change at these sites, the virus continuously returns to a single or
small number of fit states, which at many such sites appear to
remain relatively stable over the course of viral evolution.
Distinguishing sites at which there is strong positive selection to
revert to the wild type is relevant for vaccine design. Vaccines
targeting these sites may allow for better control of viremia by
reducing replicative fitness of the viral population resulting in
slower disease progression [5,72].

HLA epitope maps of sites under positive selection.
Positively selected sites identified using a standard diversifying
selection model (D) or the toggling model (T) in (A) nef, (B) env, (C)
gag, (D) pol. Sites unique to each model are shown as open circles,
whereas shared sites are indicated with triangles. Optimal CTL
epitopes (http://www.hiv.lanl.gov/content/index) are shown as
solid black lines. Positively selected sites mapping within epitopes
are shown in red. Overlapping peptides for which there is a
significant association between the recognition of a peptide and
expression of an HLA class I allele in the gag study [53] are shown
as red lines. Recombination breakpoints (bp), identified using
GARD [51], demarcate gene regions for which independent
phylogenetic trees were estimated.
Found at: doi:10.1371/journal.ppat.1000242.s004 (0.05 MB PDF)

Figure S4

Figure S5 Mapping of wild type and escape mutations to
phylogeny. Mapping of codon states to terminal branches for nef
site 83. Branches are colored according to codon category, c
(Figure 1), Taxon labels are accession_codon. Tree is rooted with
subtype B HIV-1 sequence.
Found at: doi:10.1371/journal.ppat.1000242.s005 (0.24 MB PDF)
Table S1 Comparison of the area under the ROC curves shown
in Figure 3.
Found at: doi:10.1371/journal.ppat.1000242.s006 (0.03 MB
DOC)

Supporting Information
Figure S1 Amino acid toggling and tree shape. Toggling was
simulated either (A) along a random tree in which branch lengths
were drawn from an exponential distribution (mean = 0.05), or (B)
along an HIV-1 tree estimated from published nef sequence data
[4].
Found at: doi:10.1371/journal.ppat.1000242.s001 (0.02 MB PDF)

Acknowledgments
We would like to thank Carolyn Williamson and anonymous reviewers for
insightful comments on the manuscript, Zabrina L. Brumme for providing
nef and pol alignments used, and the Meraka Institute (http://www.meraka.
org.za/) and Centre for High Performance Computing (http://www.chpc.
org.za/) for computational resources.

Figure S2 Effect of tree shape on power to detect positive
selection. Simulated data was used to construct ROC plots of the
effects of tree shape on performance of both models. (A)
Diversifying selection. (B) Positive selection (diversifying selection
and toggling). (C) Amino acid toggling only.
Found at: doi:10.1371/journal.ppat.1000242.s002 (0.24 MB PDF)

Author Contributions
Conceived and designed the experiments: KS CS. Performed the
experiments: WD. Analyzed the data: WD. Wrote the paper: WD KS CS.

References
8. Borrow P, Lewicki H, Wei X, Horwitz MS, Peffer N, et al. (1997) Antiviral
pressure exerted by HIV-1-specific cytotoxic T lymphocytes (CTLs) during
primary infection demonstrated by rapid selection of CTL escape virus. Nat
Med 3: 205–211.
9. Price DA, Goulder PJ, Klenerman P, Sewell AK, Easterbrook PJ, et al. (1997)
Positive selection of HIV-1 cytotoxic T lymphocyte escape variants during
primary infection. Proc Natl Acad Sci U S A 94: 1890–1895.
10. Frost SDW, Wrin T, Smith DM, Pond SLK, Liu Y, et al. (2005) Neutralizing
antibody responses drive the evolution of human immunodeficiency virus type 1
envelope during recent HIV infection. Proc Natl Acad Sci U S A 102:
18514–18519.
11. Richman DD, Wrin T, Little SJ, Petropoulos CJ (2003) Rapid evolution of the
neutralizing antibody response to HIV type 1 infection. Proc Natl Acad Sci U S A
100: 4144–4149.
12. Cecilia D, Kleeberger C, Munoz A, Giorgi JV, Zolla-Pazner S (1999) A
longitudinal study of neutralizing antibodies and disease progression in HIV-1
infected subjects. Journal of Infectious Diseases 179: 1365–1374.
13. Borghans JAM, Mølgaard A, de Boer RJ, Kesmir C (2007) HLA alleles
associated with slow progression to AIDS truly prefer to present HIV-1 p24.
PLoS ONE 2: e920. doi/10.1371/journal.pone.0000920.

1. Goulder PJR, Watkins DI (2004) HIV and SIV CTL escape: Implications for
vaccine design. Nature Reviews Immunology 4: 630–640.
2. Leslie AJ, Pfafferott KJ, Chetty P, Draenert R, Addo MM, et al. (2004) HIV
evolution: CTL escape mutation and reversion after transmission. Nat Med 10:
282–289.
3. Serwold T, Shastri N (1999) Specific proteolytic cleavages limit the diversity of
the pool of peptides available to MHC class I molecules in living cells. J Immunol
162: 4712–4719.
4. Brumme ZL, Brumme CJ, Heckerman D, Korber BT, Daniels M, et al. (2007)
Evidence of differential HLA class I-mediated viral evolution in functional and
accessory/regulatory genes of HIV-1. PLoS Pathogens 3: e94. doi:10.1371/
journal.ppat.0030094.
5. Brumme ZL, Tao I, Szeto S, Brumme CJ, Carlson JM, et al. (2008) Human
leukocyte antigen-specific polymorphisms in HIV-1 Gag and their association
with viral load in chronic untreated infection. Aids 22: 1277–1286.
6. Wei X, Decker JM, Wang S, Hui H, Kappes JC, et al. (2003) Antibody
neutralization and escape by HIV-1. Nature 422: 307–312.
7. Ross HA, Rodrigo AG (2002) Immune-mediated positive selection drives
Human Immunodeficiency Virus Type 1 molecular variation and predicts
disease duration. J Virol 76: 11715–11720.

PLoS Pathogens | www.plospathogens.org

11

December 2008 | Volume 4 | Issue 12 | e1000242

Amino Acid Toggling in HIV-1

14. Chopera DR, Woodman Z, Mlisana K, Mlotshwa M, Martin DP, et al. (2008)
Transmission of HIV-1 CTL escape variants provides HLA-mismatched
recipients with a survival advantage. PLoS Pathogens 4: e1000033.
doi:10.1371/journal.ppat.1000033.
15. Crawford H, Prado JG, Leslie A, Hue S, Honeyborne I, et al. (2007)
Compensatory mutation partially restores fitness and delays reversion of escape
mutation within the immunodominant HLA-B*5703-restricted Gag epitope in
chronic human immunodeficiency virus type 1 infection. J Virol 81: 8346–8351.
16. Kiepiela P, Ngumbela K, Thobakgale C, Ramduth D, Honeyborne I, et al.
(2007) CD8+ T-cell responses to different HIV proteins have discordant
associations with viral load. Nat Med 13: 46–53.
17. Altfeld M, Addo MM, Rosenberg ES, Hecht FM, Lee PK, et al. (2003) Influence
of HLA-B57 on clinical presentation and viral control during acute HIV-1
infection. Aids 17: 2581–2591.
18. Altfeld M, Kalife ET, Qi Y, Streeck H, Lichterfeld M, et al. (2006) HLA alleles
associated with delayed progression to AIDS contribute strongly to the initial
CD8(+) T cell response against HIV-1. PLoS Med 3: e403. doi:10.1371/
journal.pmed.0030403.
19. Carrington M, O’Brien SJ (2003) The influence of HLA genotype on AIDS.
Annu Rev Med 54: 535–551.
20. Streeck H, Lichterfeld M, Alter G, Meier A, Teigen N, et al. (2007) Recognition
of a defined region within p24 gag by CD8+ T cells during primary human
immunodeficiency virus type 1 infection in individuals expressing protective
HLA class I alleles. J Virol 81: 7725–7731.
21. Allen TM, Altfeld M, Geer SC, Kalife ET, Moore C, et al. (2005) Selective
escape from CD8+ T-Cell responses represents a major driving force of Human
Immunodeficiency Virus Type 1 (HIV-1) sequence diversity and reveals
constraints on HIV-1 evolution. J Virol 79: 13239–13249.
22. Kelleher AD, Long C, Holmes EC, Allen RL, Wilson J, et al. (2001) Clustered
mutations in HIV-1 gag are consistently required for escape from HLA-B27restricted cytotoxic T lymphocyte responses. J Exp Med 193: 375–386.
23. Moore CB, John M, James IR, Christiansen FT, Witt CS, et al. (2002) Evidence
of HIV-1 adaptation to HLA-restricted immune responses at a population level.
Science 296: 1439–1443.
24. Bhattacharya T, Daniels M, Heckerman D, Foley B, Frahm N, et al. (2007)
Founder effects in the assessment of HIV polymorphisms and HLA allele
associations. Science 315: 1583–1586.
25. Brumme ZL, Brumme CJ, Carlson J, Streeck H, John M, et al. (2008) Marked
epitope and allele-specific differences in rates of mutation in HIV-1 Gag, Pol and
Nef CTL epitopes in acute/early HIV-1 infection. J Virol 82: 9216–9227.
26. Matthews PC, Prendergast A, Leslie A, Crawford H, Payne R, et al. (2008)
Central role of reverting mutations in HLA associations with HIV viral setpoint.
J Virol 82: 8548–8559.
27. Allen TM, Altfeld M, Yu XG, O’Sullivan KM, Lichterfeld M, et al. (2004)
Selection, transmission, and reversion of an antigen-processing Cytotoxic TLymphocyte escape mutation in Human Immunodeficiency Virus Type 1
Infection. J Virol 78: 7069–7078.
28. Friedrich TC, Dodds EJ, Yant LJ, Vojnov L, Rudersdorf R, et al. (2004)
Reversion of CTL escape-variant immunodeficiency viruses in vivo. Nat Med
10: 275–281.
29. Li B, Gladden AD, Altfeld M, Kaldor JM, Cooper DA, et al. (2007) Rapid
reversion of sequence polymorphisms dominates early Human Immunodeficiency Virus Type 1 evolution. J Virol 81: 193–201.
30. Poon AF, Kosakovsky Pond SL, Bennett P, Richman DD, Leigh Brown AJ, et al.
(2007) Adaptation to human populations is revealed by within-host polymorphisms in HIV-1 and hepatitis C virus. PLoS Pathog 3: e45. doi:10.1371/
journal.ppat.0030045.
31. Iversen AK, Stewart-Jones G, Learn GH, Christie N, Sylvester-Hviid C, et al.
(2006) Conflicting selective forces affect T cell receptor contacts in an
immunodominant human immunodeficiency virus epitope. Nat Immunol 7:
179–189.
32. Fernandez CS, Stratov I, De Rose R, Walsh K, Dale CJ, et al. (2005) Rapid viral
escape at an immunodominant simian-human immunodeficiency virus cytotoxic
T-lymphocyte epitope exacts a dramatic fitness cost. J Virol 79: 5721–5731.
33. Brockman MA, Schneidewind A, Lahaie M, Schmidt A, Miura T, et al. (2007)
Escape and compensation from early HLA-B57-mediated cytotoxic Tlymphocyte pressure on human immunodeficiency virus type 1 Gag alter capsid
interactions with cyclophilin A. J Virol 81: 12608–12618.
34. Martinez-Picado J, Prado JG, Fry EE, Pfafferott K, Leslie A, et al. (2006) Fitness
cost of escape mutations in p24 Gag in association with control of human
immunodeficiency virus type 1. J Virol 80: 3617–3623.
35. Schneidewind A, Brockman MA, Yang R, Adam RI, Li B, et al. (2007) Escape
from the dominant HLA-B27-restricted cytotoxic T-lymphocyte response in Gag
is associated with a dramatic reduction in human immunodeficiency virus type 1
replication. J Virol 81: 12382–12393.
36. Bazykin GA, Dushoff J, Levin SA, Kondrashov AS (2006) Bursts of
nonsynonymous substitutions in HIV-1 evolution reveal instances of positive
selection at conservative protein sites. Proc Natl Acad Sci U S A 103:
19396–19401.
37. Chen L, Perlina A, Lee CJ (2004) Positive selection detection in 40,000 Human
Immunodeficiency Virus (HIV) Type 1 sequences automatically identifies drug
resistance and positive fitness mutations in HIV protease and reverse
transcriptase. J Virol 78: 3722–3732.

PLoS Pathogens | www.plospathogens.org

38. de Oliveira T, Salemi M, Gordon M, Vandamme A-M, van Rensburg EJ, et al.
(2004) Mapping sites of positive selection and amino acid diversification in the
HIV genome: An alternative approach to vaccine design? Genetics 167:
1047–1058.
39. Kosakovsky Pond SL, Frost S, Grossman Z, Gravenor M, Richman DD, et al.
(2006) Adaptation to different human populations by HIV-1 revealed by codonbased analysis. PloS Comput Biol 2 preprint: e62. eor. doi/10.1371/journal.
pcbi.0020062.
40. Zanotto PMdA, Kallas EG, de Souza RF, Holmes EC (1999) Genealogical
evidence for positive selection in the nef gene of HIV-1. Genetics 153:
1077–1089.
41. Goldman N, Yang Z (1994) A codon-based model of nucleotide substitution for
protein-coding DNA sequences. Molecular Biology and Evolution 11: 725–736.
42. Muse SV, Gaut BS (1994) A likelihood approach for comparing synonymous
and nonsynonymous nucleotide substitution rates, with application to the
chloroplast genome. Mol Biol Evol 11: 715–724.
43. Felsenstein J (1981) Evolutionary trees from DNA sequences: A maximum
likelihood approach. J Mol Evol 17: 368–376.
44. Kosakovsky Pond SL, Frost SDW (2005) Not so different after all: A comparison
of methods for detecting amino acid Sites under selection. Mol Biol Evol 22:
1208–1222.
45. Guindon S, Gascuel O (2003) A simple, fast and accurate algorithm to estimate
large phylogenies by maximum likelihood. Systematic Biology 52: 696–704.
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