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[7] Yuxiao Lin, Yuxian Meng, Xiaofei Sun, Qinghong Han, Kun Kuang, Jiwei Li, and Fei Wu. BertGCN: Transductive text classification by combining GNN

and BERT. In Findings of the Association for Computational Linguistics: ACL-IJCNLP 2021, pp. 1456-1462, Online, August 2021. Association for
Computational Linguistics.
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MR  20NG R8 R52 OHS
#Train 6,398 10,183 4,937 5,879 3,022
#Valid 710 1,131 548 653 335
#Test 3,554  7.532 2,189 2568 4,043
#(Class 2 20 8 52 23
Avg. #Instances/Class | 5,331 942 959 175 321
Std. #Instances/Class 0 94 1,309 613 305
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Model | MR 20NG RS R52  OHS
RoBERTaGCN 0.880 0.861 0.925 0.756 0.605 %@Eﬁ.ﬁﬁ .
Baseline (RoBERTa) | 0.881  0.825 0.943 0836 0.594
Proposed w/ cmn 0.860 0.845 0947 0841 0.610 Proposed w/cmn (&

Proposed w/o emn | 0.866 0.845 0.955 0.851 0.637 IS5 RNZEHHIRT S
Fﬂ”l’.‘f‘t] 7 b - Z\‘i %—)%: L/ f: %‘;ﬁ

Model | MR 20NG R8  R52 OHS Proposed w / cmn &
RoBERTaGCN 0.880 0.894 0.979 0.944 0.736 IS5 NZEHHIRT S
Baseline (RoBERTa) | 0.881 0.831 0.977 0962 0.690 JL— Z“ -1.& ‘ﬁ'u Iz% L7- _:f'_;ﬁ

Proposed w/ cmn 0.860 0.850 0.978 0.967 0.704
Proposed w/ocmn | 0.866 0.851 0.979 0.969 0.711
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