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Phenotype to genotype connection can be envisioned as a fithess landscape — a surface in high-dimensional genotype space. The properties
of fitness landscapes are poorly explored. Here we investigate some of them for three proteins (RRM domain, Ubiquitination factor Ube4b,
WW domain) and two RNAs (snoRNA and arginine tRNA).
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In the simple model the fitness effect

of mutations is additive. The deviation

from this additivity is called epistasis.
There are several categories of

epistasis: negative,positive, sign and s . e o - e o O aeer e o —
reciprocal sign. For each of them we " "
found examples in our data.
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