MAPPING THE PANDEMICS:
A GEOSPATIAL AGENT-
BASED APPROACH
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Qo RESULTS

5.1 NO MUTATIONS

The graphics depict simulation results of a non-mutating pathogen. Key
metrics such as infection rates, recovery rates, and overall pandemic
progression are visualized. The results illustrate the spread and containment

dynamics within a population, providing insights into the pandemic's

development.
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V4 Future Simulation
Enhancements

Future simulations will better
reflect real-1life scenarios by
aligning their timelines with real-
world timeframes and optimizing step
sizes to capture significant
interactions.

Model Testing and Quarantine: The
current model includes testing and
quarantine functions, but they need
thorough validation to ensure
effectiveness in simulating disease
spread.

Next Steps: Viral Epitopes and Immune

Evasion: The model will next
introduce diverse viral epitopes and
immune repertoires, enabling the
simulation of immune evasion
strategies and interactions between
viral strains and immune defenses in

a population.

0o Conclusion

Our study demonstrates that integrating

geospatial data with agent-based modeling

effectively simulates pandemic dynamics.

This approach enhances understanding of

disease spread and provides valuable

insights for better pandemic management.

0o.2 WITH MUTATIONS

the pandemic's development.

The graphics depict simulation results of a mutating pathogen. Key metrics such
as infection rates, recovery rates, and overall pandemic progression are
visualized. The results illustrate the evolving spread and containment dynamics
within a population, providing insights into the impact of pathogen mutations on
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