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Representation
- Bag of words models vs. distributed representation
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Preprocessing framework

- Noise canceling — Tokenization(including pos) — Filtering — Term

weighting
TF-IDF
- TF-IDF= term weighting Bt & SILIQIL|CH AL} DHs52 OFHlL|CH
- TFIDFe| 2Xe Fe=eo| M2 folol Fgelg F0|7| AL

KoNLPy
- HHEA 2AM vs. EAIHH

- Out of vocabulary problem

n-gram



Day 2
=0l oY1=
- (LR
- A+ [ZAH/ o2+ ofO)/ ...

Tokenizere| QM

M3te TjAto| chofoly

= otz £ UASLILL

=AM et g=2s] THojE ZEekHof

HI

1

7 7|5 ol 35
Cohesion / Branching entropy / Accessor variety / Word piece model
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From logistic to feed forward network
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SVM
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k-NN classifier
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Word2Vec

- Softmax regression@ 2 A3 £~ QUEL|CE

Doc2Vec
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GloVe
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FastText (unsupervised)
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FastText (supervised)

- Task specific word embedding
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Locally Linear Embedding
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Vector visualization
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Neural word embedding as implicit matrix factorization (paper review)
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Latent Semantic Indexing (LSI)
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Named Entity Recognition (NER)
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k-means
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DBSCAN
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Clustering labeling
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Random Projection
- Randomly generated mapperE 0|8310 & Z7ZHX)O|A Q] HEIE E&ES}
= MAE HEHY)E s = ASUHCCH
Locality Sensitive Hashing (LSH)
- Random projection2 O|&3}0 k-nearest neighbors& W2 A Z&L|LCY.

- CHEe| HOJHOIM k-NNS Z

mjo

M #&gfLlCt

Inverted index
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Day 8
Graph

- Vector space®CHe 9013 0| Zto| BAZ BHE 4 UsLict

PageRank / HITS
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TextRank
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SimRank
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Ford algorithm (shortest path)
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PyTorch
- data / model / loss / optim

- nn.Sequential/ Zt layer H2 g+& 78/ forward & 13

Convolutional Neural Network

Convolution (filter, stride, padding)

Pooling : max-pooling

Activation function, activation map
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Word-level CNN
- Yoon KimQ| word-level CNN f=

- CNN filters& n-gram <igt

Character-level CNN
- X convolution layer= tokenizer?| gt

& H® convolution layer= n-gram &gt
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Recurrent Neural Network
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Self-attention models

- Feed-forward networkZ & sequenceE ZEZ & = QUEL|LCH

“Encoding meaning”



