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- Basic Information Theory
e  Entropy, Cross-Entropy
e KL divergence, Mutual Information
- Basic Probability Theory
e  Probabilistic Model, MLE, MAP estimation
e  Bayesian Theory
- Probabilistic Interpretation of Discriminative Models
(Probabilistic) Linear Regression and Logistic Regression
- [&l&] (Probabilistic) Linear Regression / Logistic Regression 7

23]2} @ Generative Model?] 7Jd, Discriminative Model2}2] Z}o]H

- (Supervised) Generative Models
e  Naive Bayes Model, Gaussian Discriminators Analysis
- Discriminative Model vs Generative Model?
e  Logistic Regression vs Gaussian Discriminators Analysis
- (Unsupervised) Generative Models
e Gaussian Mixture Model (GMM), EM algorithm
- [A&] GMM / EM algorithm

33]3} & WEZA Deep Generative Model @ VAE (Variational Auto—Encoder)

- VAE (Variational Auto-Encoder)
- BHE 22 (Variational Inference)
- VAE 7 0|+ 2 CHd

- [M&] VAE 78 MG

435)z} ¢ Ut EF Deep Generative Model @ GAN (Generative Adversarial Network)

- GAN (Generative Adversarial Network)
- Game Theory / Adversarial Training

- GAN 78§ 0|4 & &t

- GAN vs VAE H|12

- [4&] GAN(DCGAN) 78 H&
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Improved GAN and VAE

- Improved GAN
° CGAN, SGAN, ACGAN, InfoGAN

- Improved GAN Objective and Training Stability
e LSGAN, WGAN (optional)

- Improved VAE and Applications
° CVAE, AAE

- Other GAN + VAE models

- [M&]InfoGAN / LSGAN 73

- [A&]CVAE / AAE 71

Deep Generative Models9] -3-&

- Application of GANs

e  Super-Resolution (EnhanceNet)

e  Simulation (SImGAN)

e  Domain Transfer (Pix2Pix, CycleGAN)

e  Anomaly detection with GAN (AnomalyGAN)
- [A&] Pix2Pix / CycleGAN 78 A&

Other Important Deep Generative Models

- Auto-Regressive Model (PixelRNN / Pixel CNN)

- Mixture Density Network (MDN)

- TBA (2|41 Ol &2l or 27)

- [A&] PixelCNN / MDN (Mixture Density Network) 71
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[ Teaching Experience ]

2014~2015 7|AI&+& (Machine Learning)
2017 ZAFE HI™ (Computer Vision) Itg Rl
2017 MEtiste g4 £
2017 MSCHEtL 42} ¢
2017 HAE MM A 242 El2{'d M|O|Lt CAMP 2,37] 21

2017 MESCH&tW YG|O|&f OFFIE 0] - BIG |08 MIR|L[0] by - Elof'd 0|8 22l X

2017 MEC0i&t Probabilistic Graphical Model 2t= 2w
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