Estimating the costs of cognitive control:
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Cognitive Control and Its Cost Theoretical Validation and Potential Pitfalls

T 1 Recovering the Cost of Cognitive Control Under Correct Assumptions

Cognitive control: Ability to override habitual Expected Value of Control Theory (EVC) by Shenhav, Botvinick & Cohen (2013)
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(c) the outcome probability function has a strictly positive derivative, and

(d) each participant is observed to expend a positive amount of effort in every However, independent behavioral assessments of other motivational
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